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The global demand for development has driven rapid urbanization across the world. 
However, human infrastructure remains inherently bound to the natural climate 
system. To mitigate and pacify the climate alterations caused by rapid urban 
expansion, various counter-measures have been introduced. Among these, urban 
trees play a critical role, acting as both biological filters and natural fans that provide 
microclimate cooling and carbon dioxide sequestration.

Despite their benefits, urban trees are frequently planted without a sufficient 
understanding of the underlying subsurface system, specifically within the complex 
unsaturated zone. To address this critical knowledge gap, the authors utilize 
Electrical Resistivity Tomography (ERT) measurements alongside sap flow and soil 
water content (SWC) monitoring. This experimental setup allows them to evaluate 
subsurface dynamics during non precipitation periods and contribute valuable data to
the existing literature. Based on the information presented in the manuscript, the 
following points are brought forward for discussion:

4. The authors demonstrate a strong correlation between the measured SWC and the 
ERT-derived SWC at depths of 1.0 m and 2.0 m using Pearson’s r. However, the reported 
values call into question whether Pearson’s r is the most appropriate statistical measure 
for this data. Specifically, subplot d shows a severe deviation between the measured SWC
and ERT-derived SWC after June 13, yet it still yields a deceptively high Pearson’s r of 
0.74. In contrast, subplot c visually displays a much closer fit and better representation of 
the trend, but yields a lower Pearson’s r of 0.649. Because Pearson’s r evaluates linear 
trends rather than absolute differences, it may be masking systematic offsets or phase 
shifts in subplot d. The authors should consider reporting some other statistical metrics 
that capture absolute agreement.

5. In Figure 4, the data in subplots c and d are based on the SWC derived from ERT 
measurements and SWC recorded by the sensors. Although the exact derivation steps are
not explicitly shown, it is reasonable to expect the same downward trend over time across 
both methods. Discrepancies here would otherwise imply instrumental or methodological 
errors, given that the measurements originate from the same location. However, a critical 
point requires clarification: the ERT values represent an integrated depth interval of 0.75–
1.25 m, whereas the point-sensor SWC is measured strictly at 1.0 m. Should we expect 
these values to align perfectly, or is a higher degree of variance expected from the ERT 
data due to its volume-averaging nature over the 0.75–1.25 m interval compared to the 
discrete 1.0 m SWC sensor?

6. In section 3.1, the authors note that soil moisture was monitored at depths of 0.15 m, 
0.3 m, 0.5 m, 1m, and 2m. However, the subsequent data analysis, figures, and 
comparisons are strictly limited to the 1.0 m and 2.0 m, leaving the shallower details 
completely unaddressed or masked. The authors need to provide a clear justification for 
excluding these data points. Incorporating the shallow-depth profiles is highly critical, as it 
would provide a complete picture and help clarify the anomalous lag-time behaviors 
observed deeper in the soil profile.

7. As indicated in Lines 175–178, the instrumentation deployed varies by depth: an FDR 
Wet150 sensor was used at 1.0 m, while a TDT SMT100 sensor was used at 2.0 m. Mixing
entirely different measurement technologies (FDR vs. TDT) introduces distinct variations in



the operations. Therefore, the authors must address whether this discrepancy in sensor 
instrumentation influenced the monitored data outcomes, particularly the contrasting 
trends, sharp variations, and anomalous behaviors reported between the 1.0 m and 2.0 m 
depths.

8. Comparing subplot d with the precipitation data in Figure 3 (plot a) raises a critical 
question: what physical mechanism caused the soil moisture content at 2.0 m to suddenly 
spike to approximately 3.2 around 9:00 PM on June 13? This sudden increase contradicts 
expected drainage and drying behaviors. In fact, the moisture levels abruptly rebounded to
match the peak baseline seen on June 11. When cross-referenced with sap flow 
measurements, this spike seems to point toward an unaccounted-for hydrological impact 
or artifact.

Notably, this phenomenon occurs exclusively at the 2.0 m depth and is completely absent 
at the 1.0 m depth. Is it possible that this delayed spike was triggered by the precipitation 
event on June 10? That specific rain event appears to have been cleanly captured by the 
1.0 m sensor as a sharp spike on June 11, where moisture levels climbed well above their 
original baseline. Could preferential flow paths, perched water tables, or a delayed 
groundwater response explain why this wetting front bypassed or cleared the 1.0 m sensor
but heavily saturated the 2.0 m sensor three days later?
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