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Supplementary Figures:

Boxplot of Global Fractional Abundances
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Figure S1. Box plot of the distribution of fractional abundances on the global brGDGT database classified by type (lake,

peat, soil)

BoxPlot of Indexes on Global Dataset
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Figure S2. Boxplot of indexes utilized in paper on the global modern database
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Figure S3. Probability estimates of brGDGTs from the Padul record from this article compared to the BIGMaC

classification model of Martinez-Sosa et al. (2023). Lines are the probability estimates and the dots are the classification

from the BIGMaC. Colors are blue = lake, brown = soil, and green = peat. Black dots are samples that are not in agreement

between models.
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Figure S4. Probability estimates of brGDGTs from the Vanevan record from this article compared to the BIGMaC
classification model of Martinez-Sosa et al. (2023). Lines are the probability estimates and the dots are the classification
from the BIGMaC. Colors are blue = lake, brown = soil, and green = peat. Black dots are samples that are not in agreement

between models.



Padul Probabilities - Regular Dataset
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30 Figure S5. Probability estimates for the Padul record on models tested in the paper on the regular unsampled dataset
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Vanevan Probabilities - Regular Dataset
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Figure S6. Probability estimates for the Vanevan record on models tested in the paper on the regular unsampled datasets.



Padul Probabilities - SMOTE Dataset
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Figure S7. Probability estimates for the Padul record on models tested in the paper on the resampled datasets.



Vanevan Probabilities - SMOTE Dataset

_ SMOTE SVM Uncal o SMOTE SVM sigmoid © SMOTE SVM isotonic
§ 1.00 g S
2oz 2075 2075
B S o0 s
3 050 S 0s S 050
o025 w025 W o025
[e]
= 000 Q 000 Q 000
0 2500 5000 7500 10000 0 2500 5000 7500 10000 0 2500 5000 7500 10000
Cal. BP Cal. BP Cal. BP
SMOTE LR Uncal o SMOTE LR sigmoid o SMOTE LR isotonic
] S €
2 075 E 08 W o
> 06 2
% 050 L @ 050
u 2 5
5 o025 oo K o2s
Q 07 R .- 9]
@ 0.00 = 00 = 0.00
7] 7]
0 2500 5000 7500 10000 0 2500 5000 7500 10000 0 2500 5000 7500 10000
Cal. BP Cal. BP Cal. BP
_ SMOTE KNN Uncal ) SMOTE KNN sigmoid " SMOTE KNN isotonic
8 100 1 g S
{2 o
; 075 ® 075 o075
F Z 050 Z
< 050 g g os0
W25 A W 025 W 025
= 000 * Hk Qo R 2 000
@ 0 2500 5000 7500 10000 % 0 2500 5000 7500 10000 % 0 2500 5000 7500 10000
Cal. BP Cal. BP Cal. BP
= SMOTE CART Uncal © SMOTE CART sigmoid o SMOTE CART isotonic
2 1.00 g s
=} D075 Q075
£ 075 2 2
6 0.50 T 050 I 050
S S
Wo2s w 0.25 w 025
5 w - = y——
2 000 5 ) D 28 \poooecsesimile oo oo
2 0 2500 5000 7500 1000055 0 2500 5000 7500 1000055 0 2500 5000 7500 10000
Cal. BP Cal. BP Cal. BP
SMOTE RF Uncal ** . SMOTE RF sigmoid . SMOTE RF isotonic
§ 1.00 o 1.00 5 1.00
5075 D075 2075
& 050 & o050 E
: & o ff 050
'6 025 E 025 E 025
2 000 = 000 = 0.00
0 2500 5000 7500 10000 % 0 2500 5000 7500 10000 % 0 2500 5000 7500 10000
Cal. BP Cal. BP Cal. BP

Figure S8. Probability estimates for the Vanevan record on models tested in the paper on the resampled datasets.
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