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Abstract. Observations collected during the Multidisciplinary drifting Observatory for the Study of Arctic Climate
(MOSAIC) provide an annual cycle of the vertical thermodynamic and kinematic structure of the atmospheric
boundary layer (ABL) in the central Arctic. A self-organizing map (SOM) analysis conducted using radiosonde
observations shows a range in the Arctic ABL vertical structure from very shallow and stable, with a strong surface-
based virtual potential temperature (8v) inversion, to deep and near-neutral, capped by a weak elevated 6y inversion.
The patterns identified by the SOM allowed for the derivation of criteria to categorize stability within and just above
the ABL, which revealed that the Arctic ABL during MOSAIC was stable and near-neutral with similar frequencies,
and there was always a 0y inversion within the lowest 1 km, which usually had strong to moderate stability. In
conjunction with observations from additional measurement platforms, including a 10 m meteorological tower,
ceilometer, and microwave radiometer, the radiosonde observations and SOM analysis provide insight into the
relationships between atmospheric vertical structure and stability, and a variety of atmospheric thermodynamic and
kinematic features. A low-level jet was observed in 76% of the radiosondes, with stronger winds and LLJ core located
more closely to the ABL corresponding with weaker stability. Wind shear within the ABL was found to decrease, and
friction velocity was found to increase, with decreasing ABL stability. Clouds were observed within the 30 minutes
preceding radiosonde launch 64% of the time. These were typically low clouds, corresponding to weaker stability,

where high clouds or no clouds largely coincided with a stable ABL.
1 Introduction

The atmospheric boundary layer (ABL) is the turbulent lowest part of the atmosphere that is directly influenced by
the earth’s surface (Stull, 1988; Marsik et al., 1995). Its structure dictates the transfer of energy, moisture, and
momentum between the Earth’s surface and the overlying atmosphere (Brooks et al., 2017). Understanding the vertical
structure of the ABL is particularly important for the central Arctic, where the ABL serves as a shallow interface
between a thinning and retreating sea ice surface (Stroeve and Notz, 2018; Ding et al., 2017; Serreze and Barry, 2011),
and a rapidly warming atmosphere (Rantanen et al., 2022; Serreze and Francis, 2006). Shortcomings in numerical

prediction tools at high latitudes (Randriamampianina et al., 2021; Docquier and Koenigk, 2021) can be partly
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attributed to imperfect representation of the Arctic ABL, particularly its thermodynamic and kinematic structure (de
Boer et al., 2014; Wésslen et al., 2014; Birch et al., 2012; Tjernstrom et al., 2008). Thus, it is important to continue
building upon what is already known about the Arctic ABL structure with new datasets when available, so that Arctic

changes under continued anthropogenic warming, and effects on global climate, can better be predicted.

Previous studies have revealed that the Arctic atmosphere over sea ice is typically either stable or near-neutral
(Tjernstrom and Graversen, 2009; Persson et al., 2002; Esau and Sorokina, 2010), while instability is rare or confined
to the lowest few meters (Brooks et al. 2017; Tjernstrom et al., 2004; Persson et al., 2002). In the case of a near-neutral
ABL, there is almost always an elevated capping potential temperature (0) inversion (Kayser et al., 2017), typically
with base height around 200-300 m, extending up to 1-2 km (Tjernstrom and Graversen, 2009). Surface-based and
low-level 6 inversions have been shown to contribute to Arctic amplification (Serreze and Francis, 2006; Serreze and
Barry, 2011; Bintanja et al., 2011; Lesins et al., 2012; Gilson et al., 2018; Previdi et al., 2021) by dynamically
decoupling the surface from the free atmosphere, so that lower atmospheric warming related to increased surface to
air (or decreased air to surface) heat fluxes cannot easily spread through the troposphere, and warming is concentrated
near the surface (Lesins et al., 2012). These 6 inversions often correlate to a moisture inversion (increasing mixing
ratio with height) at the same height, with strength proportional to that of the 6 inversion (Naakka et al., 2018;
Devasthale et al., 2011; Nygard et al., 2014; Cohen et al., 2017). In the Arctic, the near-surface climate and meridional
transport support these moisture inversions (Devasthale et al., 2011), which are important for cloud formation and

maintenance (Naakka et al., 2018; Cohen et al., 2017).

Stable conditions are common in Arctic winter (Walden et al., 2017; Tjernstrom and Graversen, 2009) due to persistent
longwave cooling in the absence of solar radiation (Brooks et al., 2017; Kayser et al., 2017; Cohen et al., 2017) and
extended periods of clear skies or thin high clouds (Tjernstrom and Graversen, 2009), attributable to the lack of open
water evaporation. Shallow, stable ABL conditions in summer commonly occur due to the advection of warm moist
air into the central Arctic (Tjernstrom et al., 2019; Tjernstrom, 2005; Cheng-Ying et al., 2011), especially towards the

beginning of an advection event, or close to the ice edge (Sotiropoulou et al., 2016; Tjernstrom et al., 2019).

Near-neutral or weakly stable conditions can occur in the presence of stratiform clouds (Intrieri et al., 2002a;
Tjernstrom, 2007; Curry and Ebert, 1992; Liu and Key, 2016; Shupe et al., 2011; Tjernstrom, 2005, Tjernstrom et
al., 2012; Wang and Key, 2005; Zygmuntowska et al., 2012). Increased near-surface temperatures associated with
enhanced downwelling longwave radiation caused by cloud cover can erode the surface inversion (Tjernstrom et
al., 2019), which is sometimes supplemented by downward mixing from the cloud itself (forced by cloud-top radiative
cooling) (Morrison et al., 2012). This is common in Arctic summer (Walden et al., 2017) when ample moisture is
advected north either into the Arctic or from the broader ice-free areas across the pan-Arctic region. (Sotiropoulou et
al., 2016; Tjernstrom et al., 2019). Intermittent instances of low stratocumulus clouds in winter can also force a
shallow well-mixed ABL (Kayser et al., 2017; Morrison et al., 2012; Tjernstrdom and Graversen, 2009; Persson et al.,
2002). Such clouds are common during stormy conditions (Brooks et al., 2017; Persson et al., 2002) such as Arctic

cyclones, which have a greater impact on weakening ABL stability during winter than during other seasons (Kayser
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et al., 2017; Walden et al., 2017; Cohen et al., 2017). The ABL is often decoupled from the cloud layer by a shallow
stable layer, such that turbulence is not exchanged between the cloud and the surface (Curry, 1986; Sedlar and
Shupe, 2014; Sedlar et al., 2012; Shupe et al., 2013; Sotiropoulou et al., 2014). Clouds containing liquid water have a
warming influence on the surface most of the year when compared to clear-sky conditions (Brooks et al., 2017; Shupe
and Intrieri, 2004). Previous cloud observations in the central Arctic revealed an annual average occurrence of 85%
(dominated by low clouds), with the monthly highest and lowest occurrences in September and February respectively

(Intrieri et al., 2002b).

Another common feature of the Arctic atmosphere which contributes to weakening of ABL stability is a low-level jet
(LLJ), which is a local maximum in the wind speed profile below 1.5 km (Tuononen et al., 2015). Due to enhanced
wind shear and subsequent turbulent kinetic energy production, an LLJ can contribute to mechanically generated
turbulence below the jet core (Egerer et al., 2023; Banta, 2008; Mahrt, 2002; Mikiranta et al., 2011). Previous studies
in the central Arctic have reported a range in LLJ frequency. Jakobson et al., (2013) found an LLJ frequency of 46%
during spring and summer. Tian et al. (2020) and ReVelle and Nilsson (2008) found an annual LLJ frequency of 60-
80%, with a higher frequency of LLIJs over the pack ice (72%) versus in the marginal ice zone (66%). A study
conducted using some of the same measurements as this manuscript found LLIJs to be present more than 40% of the
time in the central Arctic (Lopez-Garcia et al., 2022). Model studies of central Arctic LLJs have documented a lower

frequency, of 20-25% (Tuononen et al., 2015).

While much has already been discovered about the central Arctic lower atmospheric structure, most field campaigns
have occurred during the summer (e.g., the Arctic Ocean Experiment 2001 (AOE-2001; Tjernstrom et al., 2005), the
Arctic Summer Cloud-Ocean Study (ASCOS; Tjernstrom et al., 2014), and the Arctic Clouds in Summer Experiment
(ACSE,; Tjernstrom et al., 2015)) or in coastal regions (e.g., the Profiling at Oliktok Point to Enhance Year of Polar
Prediction Experiments (POPEYE; de Boer et al., 2019) and the Summertime Aerosol across the North Slope of
Alaska Field Campaign (Pratt et al., 2018)). The only previous campaign to cover an entire year over Arctic sea ice
(the Surface Heat Budget of the Arctic Ocean (SHEBA) project; Uttal et al., 2002) occurred over 20 years ago, since
which there have been widespread changes in the Arctic climate system. Additionally, there in inconsistency in the
frequency of stable versus near-neutral conditions across previous literature. For example, Esau and Sorokina (2010)
claims that the central Arctic ABL is stable 70-90% of the time based on lower resolution observational and reanalysis
data, while Tjernstrom and Graversen (2009) found stable and near-neutral conditions to occur with similar
frequencies based on higher resolution observations from SHEBA in the Beaufort gyre. Thus, there is much to be
gained by analysis of more recent data, such as that from the Multidisciplinary drifting Observatory for the Study of
Arctic Climate (MOSAIC; Shupe et al. 2020), which observed the central Arctic following one ice floe for a full year
from September 2019 to October 2020. As such, this study utilizes observations from MOSAIC to analyze the lower
atmosphere, focusing on vertical structure and stability, and characteristics of wind and atmospheric moisture
corresponding with this varying vertical structure and stability, to provide a summary the aforementioned conditions
and relationships over a full annual cycle. A complementary paper (Jozef et al., 2023b) explores the role of kinematic

(e.g., wind characteristics forced by synoptic setting) and thermodynamic (e.g., surface radiation budget forced by
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clouds) processes that contribute to, and are modified by, vertical structure and stability conditions, so such details are

not heavily discussed in the current paper.

The questions guiding this study are as follows: what was the range of lower atmospheric thermodynamic vertical
structure and stability observed during MOSAIC, and how did this vary by season? How does thermodynamic vertical
structure and stability correspond with features related to wind and atmospheric moisture? How do the characteristics

of the ABL (depth, wind shear, and turbulence) vary with stability?

To determine thermodynamic and kinematic vertical structure and stability, we primarily use profile data from
radiosondes launched at least four times per day throughout the MOSAIC year, supplemented with continuous
observations of the near-surface meteorological state and atmospheric clouds and moisture from additional
measurement platforms. A self-organizing map (SOM) analysis (which objectively identifies a user-selected number
of patterns present in a training data set) was conducted with the radiosonde profiles to reveal the range of vertical
structures observed during MOSAIC (differentiated by stability within the ABL and the height and strength of a
capping inversion), their relative frequencies, and their correlation to wind and moisture features during the MOSAiC
year. The SOM results also were used to develop criteria to define stability regimes characterized by stability both
within and above the ABL, such that features related to stability can be analyzed both in the context of the SOM
patterns, as well as a more simplified grouping of observations by stability. Through the use of these new methods
(i.e., the SOM analysis and detailed stability regime classification), the results provide further constraints on the
vertical structure and features of the Arctic lower atmosphere that may be helpful to improve parameterizations of the

central Arctic in weather and climate models.

2 Methods

2.1 Observational data from MOSAIC

Data used in this study were collected during MOSAIC, a year-long icebreaker-based expedition lasting from
September 2019 through October 2020, in which the Research Vessel Polarstern (Alfred-Wegener-Institut Helmholtz-
Zentrum fiir Polar- und Meeresforschung, 2017) was frozen into the central Arctic Ocean sea ice pack, and was set to
drift passively across the central Arctic for the entire year. During the MOSAIC year, many measurements were taken
to observe the atmosphere (Shupe et al. 2022), sea ice (Nicolaus et al. 2022), and ocean (Rabe et al. 2022), resulting
in the most comprehensive set of observations of the central Arctic climate system to date. These measurements span
all seasons, as well as both far from and close to the sea ice edge, as the Polarstern essentially followed one ice floe

for its annual life cycle (only relocating to a new ice floe for the final two months of the expedition).

For this study, we primarily use profile data from the balloon-borne Vaisala RS41 radiosondes, which were launched
from the helicopter deck of the Polarstern (~12 m above sea level) at least four times per day (every 6 hours), typically
at 0500, 1100, 1700, and 2300 UTC (Maturilli et al., 2021). We use the level 2 radiosonde product (Maturilli et al.,

2021) for this analysis, as the level 2 Vaisala-processed product is found to be more reliable in the lower troposphere
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than the level 3 GRUAN-processed product (Maturilli et al., 2022). Figure 1 shows the location of each radiosonde
launch throughout the MOSAIC year. From the radiosondes, we utilize measurements of temperature, pressure,
relative humidity, and wind speed and direction. The radiosondes ascend at a rate of approximately 5 m s!, sampling
with a frequency of 1 Hz, which results in measurements about every 5 m throughout the ascent. Instrument
specifications and uncertainties for the radiosonde variables are provided in the manufacturer data sheet for the Vaisala
Radiosonde RS41-SGP (2017), and are summarized in Table 1. It is recognized that the true uncertainties in the wind
speed and direction are likely to be greater than those provided in the data sheet, however for the following reasons,
we find the original winds provided in Maturilli et al. (2021) to be sufficiently reliable for the current study. First, we
determined that our results changed minimally when additional vertical averaging was applied to the winds (beyond
the filtering already applied by Vaisala during their data processing), and thus noise in the observations does not bias
the results. Second, when comparing radiosonde wind speeds to those measured by the DataHawk?2 uncrewed aircraft
system which observed the atmosphere during MOSAIC between 5 m and 1 km, Hamilton et al. (2022) found a
difference of less than 1 m s! based on the 95% confidence intervals of observations from both platforms. Nonetheless,

caution should be taken with interpretation of radiosonde wind speeds in the lowest 100 m.
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Figure 1. Map of the central Arctic showing the location of each radiosonde launch, color coded by date. Circular
symbols indicate when the Polarstern was passively drifting, and star symbols indicate when the Polarstern was
travelling under its own power.

In addition to the profile data provided by the radiosondes, we utilize observations from a few other measurement
platforms which add to the overall description of the ABL at the time of each radiosonde launch. Atmospheric
observations of wind speed at 2 m above the surface, as well as friction velocity (a measure of the vertical fluxes of
zonal and meridional horizontal momentum, suggesting the magnitude of mechanically generated turbulence; ux)
measured at 10 m, come from a 10 m meteorological tower (hereafter called the met tower) located on the sea ice near
the Polarstern (Cox et al., 2023a,b). These measurements provide information about near-surface turbulence at the
time of each radiosonde launch. Derivation of u- through standard eddy-covariance methodology, and corresponding

uncertainties, follow Persson et al. (2002).

Information on cloud cover comes from a Vaisala CL31 ceilometer (ARM user facility, 2019a), which derives cloud
base height (CBH) from measured atmospheric backscatter, and allows us to determine the altitude and frequency of

clouds at and before radiosonde launch. CBH derivation and uncertainty is discussed in Morris (2016). Additionally,
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liquid water path (LWP) comes from the MWRRET Value-added Product (ARM user facility, 2019b) which derives
LWP from ARM 2-channel microwave radiometer measured brightness temperatures. LWP derivation and uncertainty
are discussed in Turner et al. (2017) and Cadeddu et al. (2013) respectively. Both the ceilometer and microwave
radiometer were located on the P-deck of the Polarstern (depicted in Fig. 3 of Shupe et al. 2022), which is
approximately 20 m above sea level, and could occasionally be above a layer of shallow fog. Table 1 lists the

instrument name and uncertainty for each of the observational variables used in this study.

Table 1: Instrument name and uncertainty for each variable used in this study, as provided by the manufacturer (real
uncertainties may differ from those listed).

Platform Variable Instrumentation Uncertainty
Radiosonde Pressure 1.0 hPa
Temperature 0.3°C
Relative humidity 4%
- Vaisala RS41-SGP
Wind speed 0.15ms!
Wind direction 2°
Met tower 2 m wind speed Metek uSonic-Cage MP sonic 0.3ms!
anemometer
Friction velocity (ux) Metek uSonic-Cage MP sonic 0.01 m s! (bias) and
anemometer 0.03 m s’! (standard deviation)
Ceilometer Cloud base height Vaisala CL31 S5m
Microwave Liquid water path ARM 2-channel microwave 15 g m?
radiometer radiometer

2.2 Deriving quantities from observational data

Before the radiosonde profiles were analyzed, measurements were corrected to account for the local “heat island”
resulting from the presence of the Polarstern. This local source of heat resulted in the frequent occurrence of elevated
temperatures near the launch point, resulting in inconsistencies in the observed temperatures in the lowermost part of
the atmosphere. This phenomenon can be recognized by an artificial temperature structure indicative of a convective
layer in the lowest radiosonde measurements, which we know is unlikely (Tjernstrom et al., 2004; Brooks et al., 2017).
Thus, if this “convective layer” was present, then the lowest radiosonde measurements were visually compared to
measurements from the met tower to confirm whether the radiosonde measurements were indeed incorrect (e.g., if the
lowest few radiosonde measurements were notably warmer then the tower measurement at 10 m). The first credible
value of the radiosonde measurements was then taken to be the point at which the tower measurements extrapolated
upward would line up with the observed radiosonde measurement, or in the case of a temperature offset between the
tower and radiosonde, would have approximately the same slope. All data at the altitudes below this first credible
value were removed. This helps in also removing faulty wind measurements that occur as a result of flow distortion

around the ship (Berry et al., 2001).
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An additional disruption of the radiosonde measurements sometimes occurred because of the passage of the balloon
through the ship’s exhaust plume. When it was unambiguous that the radiosonde passed through the ship’s plume
(evident by a sharp increase and subsequent decrease in temperature, typically by ~0.5-1°C over a vertical distance of
~10-30 m, identified visually), these values were replaced by values resulting from interpolation between the closest
credible values above and below the anomalous measurements, which were identified as the last point just before the
increase and the first point just after the decrease in temperature values, to acquire a continuous profile of reliable
temperatures. Lastly, we determined that 92% of profiles have credible measurements as low as 35 m AGL. To allow
for a consistent bottom height for our analysis, we only considered profiles in which there is a good measurement at
35 m, and did not consider any data below 35 m. This altitude is a compromise between removing too much low
altitude data or removing too many radiosonde profiles from analysis. After removing all profiles in which there is
not trustworthy data as low as 35 m, we retain 1377 MOSAIC radiosonde profiles for analysis. The 132 profiles which
were removed from analysis are dispersed throughout the year, but many of them were observations from early

October, mid-April (an intensive period when radiosondes were being launched every 3 hours), or mid-September.

ABL height from each radiosonde profile was determined using a bulk Richardson number (Riv) based approach in
which the top of the ABL was identified as the first altitude in which Ri» exceeds a critical value of 0.5 and remains
above the critical value for at least 20 consecutive meters (Jozef et al., 2022). Ri» profiles were created by calculating
Rib across 30 m intervals in steps of 5 m, rather than using the ground as the reference level, in order to isolate local
likelihood of turbulence rather than that over the full depth from the surface (Jozef et al., 2022). These criteria typically
identify the ABL height as the bottom of the elevated virtual potential temperature (8v) inversion (or the bottom of the
layer of enhanced 6+ inversion strength) for moderately stable to near-neutral conditions, and at the top of the most
stable layer for conditions with a strong surface-based 6y inversion. Further details on the methodology for calculating
the Rip profile used to identify ABL height, as well as justification for the use of 0.5 as a critical value (rather than the
more traditional value of 0.25) is described in Jozef et al. (2022).

LLJs were identified from each radiosonde, where there was a maximum in the wind speed that was at least 2 m s™!
greater than the wind speed minimum above (Stull, 1988). As described in Tuononen et al. (2015), only situations in
which both the wind speed maximum (the LLJ core) and the minimum above the core were both below 1.5 km were
identified as LLJs. When there were multiple maxima, we only considered the lowest one, and a maximum was only
considered an LLJ when it was at least 2 m s™! greater than the next local minimum above the LL]J or the value at 1.5
km (if no local minimum above the maximum), as in Tuononen et al. (2015). If an LLJ was found, we identified the
LLJ core altitude as the altitude of the maximum in the wind speed, and the LLJ core speed as the wind speed at that
altitude (Jakobson et al., 2013). Further details are presented in Jozef et al. (2023a). Vertical averaging was not applied
to the wind speed profiles before identification of LLJs in the current study, as there is no significant difference in
LLJ frequency at the 95% confidence level when applying a 30 m running mean, and thus vertical averaging was
deemed unnecessary for improvement of result accuracy. Our analysis differs from that by Lopez-Garcia et al. (2022)
as they only considered LLJs in which the jet core speed was at least 25% greater than the wind speed minimum above

the jet core, whereas we do not include this criterion, and thus our analysis also includes LLJs which occur in
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ubiquitously high wind speed environments (e.g., a wind speed maximum of 20 m s would be 2 m s™! faster, but not

25% faster, than a wind speed minimum of 17 m s! above).

Cloud and moisture characteristics associated with each radiosonde were identified using measurements within the 30
minutes preceding radiosonde launch. Thus, CBH and LWP were taken as the average within that 30 minute interval.
We use this 30 minute interval, as this is a long enough time for the presence of the cloud and atmospheric moisture
to impact atmospheric stability and structure close to the surface. Any other point measurements associated with each
radiosonde (2 m wind speed and u-) were calculated as the average over a period of 5 minutes before to 5 minutes

after radiosonde launch, as described in Jozef et al. (2023a).
2.3 Self-organizing map analysis

The SOM analysis uses an unsupervised neural network algorithm to objectively identify a user-specified number of
patterns in a training data set (Cassano et al., 2015; Kohonen, 2001). In doing so, this analysis projects high-
dimensional input data onto a low-dimensional space as a grid of SOM-identified patterns (Liu and Weisburg, 2011)
and provides a compact way to visualize the range of conditions present in the training data. The grid of SOM-
identified patterns is referred to as a SOM, or simply a map. Atmospheric applications of SOMs have previously been
used to determine ranges of synoptic patterns (Nygard et al., 2021; Cassano et al., 2015; Sheridan and Lee, 2011;
Skific et al., 2009; Cassano et al., 2006; Hewitson and Crane, 2002), identify large scale circulation anomalies
associated with extreme weather events (Cavazos, 2000), and classify cloud (Ambriose et al., 2000), climate zone
(Malmgren and Winter, 1999), precipitation (Crane and Hewitson, 2003), and ice core data (Reusch et al., 2005), to
name a few. Most similar to the current study, SOMs have previously been used to identify the range of ABL structures
in Antarctica from both tower (Nigro et al., 2017; Cassano et al., 2016) and radiosonde (Dice and Cassano, 2022) data.
Here, the SOM analysis is applied to radiosonde profiles of 6 gradient to identify vertical structure and stability in
the lowest 1 km of the atmosphere over the Arctic ice pack during MOSAIC.

A SOM is created by randomly initializing patterns from the input data space and comparing the training data to these
patterns. Each sample in the input data is presented to the SOM and compared to all patterns in the initial map. The
pattern to which the input data sample is most similar is known as the “winning” pattern, and this pattern, and adjacent
neighboring patterns, are modified to reduce the squared difference between it and the input data sample. This process
continues for all samples in the training data (Liu and Weisburg, 2011; Cassano et al., 2006) and is repeated thousands
of times for the entire training data set until the squared differences between the SOM identified patterns and the
training data have been minimized. Further details on how a SOM is trained are given in the papers cited above. Here
we use the SOM-PAK software (http://www.cis.hut.fi/research/som-research; Kohonen et al. 1996) to train the SOM

presented below.

A critical decision when using SOMs is the number of patterns to be identified by the SOM training, and this depends
on the intended application and size of the training data set (Cassano et al., 2006). A greater number of patterns will

produce a broader range of structures with more subtle differences between them, and fewer patterns will result in
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larger variability between and within the patterns. Regardless of the number of patterns identified in the SOM, the
SOM provides a smoothly varying, continuous depiction of the range of conditions present in the training data. The
output from the SOM training is a two-dimensional array of patterns which are representative of the range of
conditions present in the training data (Cassano et al., 2006). The SOM is organized such that the patterns being most
similar are located adjacently, and conversely the most different patterns are on opposite sides of the SOM (Dice and
Cassano, 2022; Cassano et al., 2016; Liu and Weisburg, 2011). Each sample in the training data is mapped to the
resulting SOM pattern with which it has the smallest squared difference resulting in a list of samples for each SOM-
identified pattern. This list of data samples can then be used to calculate the frequency of each SOM pattern and for

additional analyses (Dice and Cassano, 2022).

In this study, a 30 pattern SOM was used to describe the range of lower atmospheric stability profiles, defined by 6y
gradient (d0v/dz), present in the 1377 MOSAIC radiosonde profiles. Before settling on the 6x5 (30 pattern) SOM, we
tested SOMs with size and orientation of 5x4 (20 patterns) to 7x5 (35 patterns). When using 20 patterns, the range in
strength of near-surface stability and the varying depths of a weakly stable or near-neutral layer were not fully evident.
To fully understand the range of vertical structures in the Arctic, highlighting these differences is important, so the
inclusion of additional SOM patterns was necessary. However, with 35 patterns, we found that no additional details
were introduced beyond what was shown with 30 patterns. Thus, we determined that 30 patterns is the smallest number
to sufficiently describe the range lower atmospheric stability during MOSAIC, retaining fundamental features of
vertical structure (e.g., varying height and strength of the 0y inversion). We also tested the SOM trained with the 6
profiles rather than the gradient (in the form of the 0y difference with respect to that at 1 km, to remove seasonal
temperature dependence), but found that the range in height and strength of the 6y inversion, as well as the

differentiation between a weakly stable or near-neutral layer below a 0y inversion, were not as evident.

The profiles of dB./dz used to train the SOM were derived from radiosonde observations that were first interpolated
to a consistent vertical grid of 5 m spacing between 35 m and 1 km (temperature and relative humidity were linearly
interpolated and pressure was interpolated with the hypsometric equation). The maximum altitude of 1 km was chosen
because it includes the full depth of the ABL in every case and also allows for diagnosing stability immediately above
the ABL. Then, 6y was calculated at 5 m intervals using the interpolated measurements. Finally, profiles of d6./dz in
K (100 m)! were calculated as the change in 0, between adjacent datapoints, resulting in d0,/dz values at 37.5 m, 42.5
m, 47.5 m, and so on, with the last value being at 997.5 m. Training the SOM with d6./dz profiles resulted in an array
of patterns differentiated by the strength and height of the 0y inversion. As such, observations with similar strength 6y
inversions which occurred at different heights, and observations with similar heights of the 6, inversion but different

strengths, were separated into different SOM-identified patterns.

The 30 SOM patterns of d0v/dz, as well as the spread in observations mapping to a given SOM pattern are provided
in Supplementary Fig. S1. However, a more tangible demonstration of the range of vertical structures present during

MOSAIC is shown in Fig. 2 with the mean profiles of dfv/dz and 6y anomaly (where ‘anomaly’ refers to the value at

10
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a given altitude minus the value at 1 km) for all radiosondes mapped to a given pattern. The full range of vertical

structures revealed by the SOM was used to develop a set of criteria for classifying stability of any given observation

that distills the details of the SOM to the most critical factors of stability within and above the ABL, which will be

discussed in Sect. 2.4. Additional details included in Fig. 2 will be discussed later in the manuscript.
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Figure 2. Mean virtual potential temperature (6v) anomaly profile (orange line, bottom x-axis), mean virtual potential
temperature gradient profile (d6./dz; magenta line, top x-axis), and mean ABL height (horizontal red line) for all
radiosonde profiles mapped to each SOM pattern. Horizontal black lines at 50 and 125 m AGL, and vertical black
lines at 0.5, 1.75, and 5 K (100 m)™! used to classify stability regime are included. The bold number in the upper
lefthand corner of each subplot is the number of that SOM pattern (1 through 30), the number in the upper center of
each subplot is the number of radiosonde profiles which map to that pattern, and the letters in the upper righthand
corner of each subplot indicates that pattern’s stability regime (see “Subplot Key”). Stability regime is also indicated
by the color of the border for each subplot, following the colors given in the “Stability Regime Key”.
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2.4 Stability regime analysis

Twelve stability regimes have been defined based on stability within the ABL (hereafter referred to as “near-surface”
stability) as well as the strength of the capping 6y inversion located between the top of the ABL and 1 km (hereafter
referred to as stability “aloft”; Table 2). These stability regime definitions are based on the range of profiles seen in
the SOM (Fig. 2). The SOM made the development of these stability regime criteria possible, as it revealed a
manageable number of physically meaningful patterns representative of the entire training dataset, such that important
variations between profile 6y structures could be discerned. Based on these SOM results, stability regime criteria could
be developed that were applicable to any 6y profile, and thus were applied to each SOM pattern (using the average of
all radiosonde profiles mapped to a given SOM pattern) as well as to individual radiosonde profiles. The stability
regime definitions were developed alongside a similar SOM-based analysis of ABL profiles in Antarctica (Dice et al.,
2023). An iterative process was conducted by visually inspecting the MOSAiIC and Antarctic SOMs to identify
groupings within each SOM which appeared to be substantially different from other groupings in that SOM, based on
the near-surface and aloft stability. Then, thresholds (based on prior literature where possible) were determined to
differentiate each grouping that made sense for the MOSAIC SOM and all the Antarctic SOMs. This process was
completed considering both Arctic and Antarctic SOMs to support the robustness of these methods for classifying
stability in either polar region, and to reduce subjectiveness. Further details about the determination of thresholds are

provided below.

Before identifying stability regime, we must smooth some of the noise in the original d6v/dz profiles. Since the stability
criteria in part depend on stability within the ABL and some observations have an ABL height as low as 50 m, we
first include a measurement of dfv/dz at 42.5 m (this determines the near-surface stability), calculated across a 15 m
interval between 35 m (lowest point of the profile) and 50 m. For values at and above 50 m, d6v/dz is calculated across
30 m intervals in steps of 5 m and attributed to the center altitude of Az (i.e., 35-65 m, 40-70 m, 45-75 m and so on),

resulting in a d6/dz profile with values at 42.5 m, 50 m, 55 m, 60 m AGL, and so on.

Table 2 shows the thresholds associated with each stability regime, and how they are applied. The first step for stability
regime identification is to classify the near-surface stability using the d6+/dz value at 42.5 m, as this value is
representative of stability within the ABL. The possible near-surface regimes are strongly stable (SS), moderately
stable (MS), weakly stable (WS) and near-neutral (NN). To differentiate between stable cases (SS, MS, or WS) and
near-neutral cases (NN), we use a threshold of 0.5 K (100 m)™!, where if d0./dz below 50 m is less than the threshold,
it is considered NN, and if it is greater than or equal to the threshold, it is stable. This threshold was chosen, as it
equates to the threshold of 0.2 K over 40 m used to discern a stable versus neutral ABL in Jozef et al. (2022). Additional
thresholds were derived to differentiate SS, MS, and WS. While a range of thresholds were tested, the ones listed in
Table 2 were determined to best discern meaningful differences in near-surface 6v inversion strength for both the

MOSAIC data presented here as well as radiosonde profiles at the various sites in Antarctica (Dice et al., 2023).
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The second step for stability regime identification is only applied to cases with a near-surface regime of WS or NN
and is carried out to differentiate such mixed ABLs (where NN is well-mixed, and WS is almost well-mixed) that are
very shallow, from those that are deeper. We make this distinction because there are different processes that would
lead to a shallow versus deep mixed layer, which would be better highlighted by differentiating such categories. Thus,
if ABL height is less than 125 m, we consider this a very shallow mixed (VSM) case. This threshold of 125 m was
chosen, as there is a cluster of SOM patterns with near-surface regime of WS or NN that have ABL height less than
125 m, and a jump in height before the next cluster of SOM patterns with ABL height above 125 m.

Lastly, stability aloft is determined. This step is only applied to VSM, WS, and NN cases, as we only address stability
aloft if it is more stable than the near-surface stability regime. For SS and MS cases, the profile is at its most stable
near the surface, and transitions to the free atmosphere above the ABL, so stability aloft does not provide additional
information. Using the maximum in the d0./dz profile above the ABL, but below 1 km, the same thresholds as were
applied to identify the near-surface regime are also applied to identify stability aloft, where the options are strongly
stable aloft (-SSA), moderately stable aloft (-MSA), and weakly stable aloft (-WSA). All of the resulting options for
stability regime are listed in Table 2. For the regimes listed as WS and NN, this means that the stability aloft does not
fall into a category with greater stability than near the surface. These twelve regimes are color coded with the colors
that will be used to discern each regime for the remainder of the paper, which are also used for the subplot borders in

Fig. 2 to indicate stability regime of each SOM pattern.

Table 2: Thresholds used to differentiate between stability regime, where the various near-surface regimes are SS
(strongly stable), MS (moderately stable), VSM (very shallow mixed), WS (weakly stable) and NN (near-neutral),
and the various stabilities aloft are -SSA (strongly stable aloft), -MSA (moderately stable aloft), and -WSA (weakly
stable aloft).

do,/dz at . Max. d6,/dz - . o
42.5m AGL ABL Height above ABL Stability Regime Abbreviation
> 5K (100 m)! - - Strongly Stable SS
> -1
_<1 57 i(lil((i(()) (r)nr)nl) - - Moderately Stable MS
Very Shallow Mixed —
-1 -
=5 K (100 m) Strongly Stable Aloft MBI S22
> 1.75 K (100 m)! Very Shallow Mixed —
-1 -
< 175K (100 m) <125m < 5K (100 m)! Moderately Stable Aloft VSMEMSA
> 5K (100 m)" Weakly Stable — i
> 0.5 K (100 m)" Strongly Stable Aloft
<_1 '75 K (100 m)'! > 1.75 K (100 m)! Weakly Stable —
’ < 5K (100 m)'! Moderately Stable Aloft
<175K(@00om)! B
Near-Neutral —
> > -1
= 125m =5 K (100 m) Strongly Stable Aloft
> 1.75 K (100 m)! Near-Neutral —
< 0.5K (100 m)’! < 5K (100 m)'! Moderately Stable Aloft
> 0.5 K (100 m)!
< 1.75 K (100 m)!
< 0.5K (100 m)'!
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3 Results
3.1 Range of lower atmospheric vertical structure

The annual range of stability structures in the central Arctic observed during the MOSAIC year is demonstrated in
Fig. 2 through the average 6y anomaly and d6./dz profiles for observations mapped to each SOM pattern, labelled
with the corresponding stability regime based on the structure of these average profiles. VSM-WSA and WS are not
represented by a SOM pattern, but do occur rarely in individual profiles, and thus are still defined in Table 2 (see Sect.
3.4). While NN with no enhanced stability aloft (last row of Table 2) was never observed in an individual MOSAiC
profile (in the case of near-surface stability of NN, stability aloft was always weakly to strongly stable), we include

its definition in Table 2 to support the use of these criteria for observations from other campaigns.

The SOM shows the continuum of the lower atmospheric vertical structure with each pattern having a smooth
transition to those adjacent, such that similar structures are situated in the same section of the SOM. The patterns with
stronger stability are located on the right half of the SOM, with the 6+ inversion at or near the surface (SS and MS
cases) in the upper right of the SOM, and the 6y inversion becoming more elevated moving to the lower right of the
SOM (VSM cases). The weaker stability and near-neutral patterns are located on the left half of the SOM, with
decreasing stability and increasing depth of the mixed layer, moving from the bottom left (largely WS) to the top left
(largely NN) of the SOM. Thus, the ABL during MOSAIC revealed by the SOM spanned from very shallow and

stable, with a strong near-surface 0y inversion, to deep and near-neutral, capped by a weak elevated 6+ inversion.

While several stability regimes are represented by more than one SOM pattern, the strength and depth of the 6y
inversion differs between patterns of the same regime. For example, for the five SOM patterns classified as SS, d6./dz
at42.5 m spans from 5.4 to 12.5 K (100 m)!, and the ABL height spans from 51 to 83 m, with SOM pattern 5 showing
the strongest near-surface stability and shallowest ABL; for the ten SOM patterns with near-surface stability of NN,
d6./dz at 42.5 m spans from -0.1 to 0.4 K (100 m)™, and the ABL height spans from 137 to 284 m. The maximum
d6./dz above the ABL defining aloft stability spans from 5.4 to 11.7 K (100 m)! for -SSA (9 patterns), from 2.1 to
4.0 K (100 m)! for -MSA (10 patterns), and from 0.8 to 1.5 K (100 m)™! for -WSA (2 patterns).

The annual distribution of SOM pattern frequency is displayed in Fig. 3a. The SOM pattern with the highest frequency
(pattern 15, NN-WSA) accounts for 9.4% of MOSAIC observations. The pattern with the lowest frequency (pattern
11, SS) accounts for 1.1% of MOSAIC observations. The most common SS, MS, VSM, WS, and NN patterns were 5,
12, 29, 13, and 15 respectively. There are nine SOM patterns depicting strong or moderate near-surface stability.
Seven patterns are very shallow mixed. Four patterns have weak near-surface stability. Ten patterns depict near-neutral
near-surface stability. We note this, as a greater number of patterns of a given stability regime highlights greater

variation in vertical structure within that stability regime category.

The seasonal breakdown of SOM pattern frequency is displayed in Fig. 3b-3e (e.g., 27% of all radiosondes that map

to pattern 1 occurred in the fall). Observations in the fall most heavily contribute to the SOM patterns in the center
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and left of the grid (patterns 2, 8, 15, 20, and 22). These are largely patterns with a well-mixed near-surface layer, and
moderate to strong stability aloft. Observations in the winter most heavily contribute to the SOM patterns in the far
right and the bottom of the grid (patterns 5, 6, 12, 18, and 23 to 30). These are largely patterns with a near-surface 6y

inversion, or a shallow well-mixed layer capped by a strong 6v inversion.

Observations in the spring are more evenly distributed among all SOM patterns than any other season, as no SOM
pattern contains greater than 36% of the total observations. The least common SOM patterns for spring are in the
upper right of the grid (patterns 4, 6, and 18), which all have a near-surface 6y inversion. Lastly, observations in
summer most heavily contribute to two SOM patterns in the upper right of the grid (patterns 4 and 17), which are SS
and MS respectively. Pattern 4 is particularly interesting, as there is strong near-surface stability and an elevated region
of enhanced stability around 600 m AGL, which may be explained by unique processes occurring primarily in summer.
Reported visibility and ceilometer observations suggest a possible low fog layer, formed from low-level warm air
advection, and additional elevated cloud layer. Two patterns on the left side of the SOM (7 and 21, both NN-MSA)

are also common in summer.
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Figure 3. Grid plots following the same layout as the SOM indicating (a) the annual frequency of radiosonde profiles
mapping to each pattern, and of all the cases mapped to a given pattern, the percent which occurred during (b) fall, (c)
winter, (d) spring, and (¢) summer, with shading corresponding to the greyscale color bars. The bold number in the
upper lefthand corner of each subplot is the number of that pattern (1 through 30) and the letters in the upper righthand
corner of each subplot indicates that pattern’s stability regime. Stability regime is also indicated by the color of the
border for each subplot, following the colors given in the “Stability Regime Key”.
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3.2 Wind speed characteristics for the SOM patterns

To understand the potential relationship between mechanical mixing and the stability structures presented by the SOM,
we visualize average wind speed profiles for each SOM pattern; additionally, we analyze the LLJ characteristics for
each pattern, as the average across all individual cases in each pattern (Fig. 4). It is to be noted that, as LLJ core height
and speed varies across the cases in each pattern, the LLJ is often smoothed out in the average wind speed profile. The
LLJ frequency for all SOM patterns is similar, showing that an LLJ was present for 67% — 84% of all observations
mapped to any given pattern, with a median LLJ frequency of 76%. Interestingly, the average LLJ height was found
to be similar across all SOM patterns (roughly 400 m AGL). The higher ABL heights of the weaker stability patterns
(WS and NN; on the left side of the SOM) place the LLJ closer to the ABL top than for the stronger stability patterns
with lower ABL heights (SS, MS and VSM; on the right side of the SOM). Additionally, the interquartile ranges (IQR)
of ABL height and LLJ height overlap for all patterns on the left half of the SOM, and for many patterns, the IQR of
LLJ height extends below the average ABL height. Conversely, on the right half of the SOM, the IQR of ABL height
and LLJ height do not overlap for any pattern (though they are close for pattern 23).

The LLJ core speeds, 2 m wind speeds, and overall wind speed profiles have greater values for the weaker stability
regime patterns on the left half of the SOM (mean LLJ core speed of 12.3 m s and mean 2 m wind speed of 5.3 m s~
1, compared to the stronger stability regime patterns on the right half (mean LLJ core speed of 9.7 m s™! and mean 2
m wind speed of 3.3 m s!). For the patterns with a well-mixed layer above the surface (VSM, WS, and NN), the
strength of the capping 6v inversion is positively correlated to wind speed, such that stronger stability aloft corresponds
to greater LLJ core and 2 m wind speeds. For example, pattern 25 (NN-SSA) has average LLJ core speed and 2 m
wind speed of 13.7 and 5.8 m s™! respectively, compared to pattern 20 (NN-MSA) which has average LLJ core speed
and 2 m wind speed of 10.9 and 4.8 m s™! respectively. This relationship is also seen for the WS (stronger winds for
patterns 13, 26, and 27 compared with 19) and VSM (stronger winds for patterns 23-24 and 28-30, compared with 16,
and 22) patterns.

Analyzing the wind speed profiles that correspond to the vertical 8y structure for each SOM pattern also helps to
explain the subtle differences between SOM patterns. For example, at first glance, the 6v anomaly profile for patterns
27 and 28 may look rather similar. However, per the stability regime criteria, pattern 27 is defined as WS while pattern
28 is defined as VSM. On closer inspection, we see that LLJ frequency is greater and winds are stronger for pattern
27 (WS) than for pattern 28 (VSM), which explains the deeper ABL in pattern 27 (likely influenced by greater
mechanical mixing). Across the SOM, LLJ core speed is lowest in the upper righthand corner (SS and MS cases) and
increases going down (VSM cases), to the right (WS cases), and up to the top lefthand corner (NN cases) of the SOM.
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Figure 4. As in Fig. 2, but with mean virtual potential temperature (6v) anomaly profile (orange line, bottom x-axis)
and mean wind speed profile (baby blue line, top x-axis) for all radiosonde profiles mapped to each SOM pattern. The
horizontal red line in each subplot is the average ABL height, with the red error bar indicating the interquartile range
(IQR). The horizontal blue line in each subplot is the average LLJ core height, with the vertically oriented error bar
indicating the IQR. The vertical blue line in each subplot is the average LLJ core speed, with the horizontally oriented
error bar indicating the IQR. Each subplot also has written the frequency of LLJs and average 2 m wind speed for that
SOM pattern, written below the pattern number.

3.3 Moisture characteristics for the SOM patterns
Properties of clouds and moisture can impact vertical 6y structure and stability due to their radiative effect and ability
to decouple sub-cloud layers from the atmosphere above (e.g., clouds which form from long-range moisture transport

are often separated from the ABL by a stable layer, such that turbulence is not continuous between the ABL and the

cloud). Thus, to understand the relationships between clouds and atmospheric moisture content and the stability
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structures presented by the SOM, we visualize average mixing ratio profiles for each SOM pattern; additionally, we
analyze the cloud frequency (percent of individual cases in a given SOM pattern which had clouds), as well as the
median CBH and LWP for each pattern (Fig. 5). We use the median rather than the mean for these characteristics, as
the ranges in these values are quite large such that the mean can be heavily impacted by larger values and outliers, and
thus the median is a more representative value. For most SOM patterns, the 6y inversion corresponds with a moisture
inversion (increase in mixing ratio with altitude) at about the same height, with the strength of the moisture inversion
proportional to the strength of the 6y inversion in most cases. There are however some exceptions where the moisture
inversion is weak despite a moderate to strong surface-based 6y inversion (e.g., patterns 5, 9, and 10). For the well-
mixed layers (i.e., VSM, WS, and NN), below the elevated 6+ inversion, mixing ratio is relatively constant with

altitude, or slightly decreasing. For pattern 15 (NN-WSA stability), there is no moisture inversion.

Cloud frequency varies across SOM patterns, though all patterns can occur in the presence of clouds, with a median
overall cloud frequency of 64%. The majority (78% of clouds observed) were low clouds (i.e., CBH < 2 km), with
the highest seasonal frequency of clouds during fall (78%) and the lowest seasonal frequency of clouds during spring
(52%). There was greater frequency for the SOM patterns with either weaker stability near the surface or aloft, the
greatest being that for patterns 2 (NN-MSA stability with cloud frequency of 83%) and 25 (NN-SSA stability with
cloud frequency of 82%). Pattern 10 (SS stability) had the lowest cloud frequency, at 36%. Perhaps the more important
control on the 6y structure is the height of the clouds and their liquid water content. CBH was highest for the patterns
with stability of SS, with the exception of patten 4 (which likely formed due to low-level warm air advection, as
discussed previously), followed by patterns with stability of MS. These patterns also have relatively low LWP. One
exception is pattern 17, which was a common pattern in summer, with an LWP of 80 g kg! and high mixing ratio
throughout the profile, suggestive of larger scale warm, moist air advection. For the patterns with a well-mixed layer
above the surface (VSM, WS, and NN), lower CBH correspond to a deeper well-mixed layer (e.g., pattern 13 vs.
pattern 26). Additionally, higher LWP values correspond with weaker stability both near the surface and aloft, and a

deeper well-mixed layer (e.g., pattern 1 vs. pattern 25).

There is little relationship between ABL height, CBH, and the height of the moisture inversion. For patterns with
surface-based By and moisture inversions (SS and MS), CBH is typically over 2 km above the top of the ABL, but a
correlation between the variables is not found. For patterns with elevated 6y and moisture inversions (VSM, WS, and
NN), in some cases the CBH is just above the ABL, at a similar level with the elevated inversions. In other cases, the
CBH is well above the ABL, which could be at, above, or below the level of the elevated inversions. This points to
the varying cloud coupling or decoupling states, with respect to the surface. For example, cases in the lower right of
the SOM (VSM stability) in which CBH is well above the ABL, are more likely to reflect the cloud-surface decoupling
state, whereas cases in the upper left of the SOM (NN-stability) in which CBH is just above the ABL, are more likely

to reflect the cloud-surface coupling state.

19



Mixing ratio (g kg'1)
2

1 0 0.1 0.2 0.3 0 0.1 0.2 0.3 0 0.1 0.2 0.3 0 0.1 0. 0.3 0 0.1 0.2 0.3 0 0.1 0.2 0.3
000y NS [2 NN-MEA| [3 KN-M S5 B 5 [ 53
750 72% 3% 74% 5% 8%
280m 370m 370m 490m 2900m 1300m
500 1329 m? 30g m? 479 m? 6.6 m? 2.8g m™ 1.1g m?
250
7] [\ /1 .
8 N-WSK| 9 MS/] [10 SS |11 SS [2 MS
72% 59% 6% 47% 60%
430m 1300m 2100m 2600m 1900m
53g m? 0g m? 1.29 m? 0.14g m 2 .2gm
) ‘
= 14 NN-MSA] 15 N-WSA! [16 VSM-MSA| [17 MS/| [18 MS
E 8% 70% 4% 57% 45%
S 780m 620m 940m 690m 840m
% 30g m™ 369 m™2 16g m™2 |80g m2 3.4gm
=}
= 250
= 7 i\ \/ ]
10009 WSIMSA| [20 21 NN-MSA| [22 VE-MS SYES
750 [62% 78% 73% 4%
320m 1100m 500m 290m
500 7-49m? 19g m™2 44g m2 32g m2
250
o / | /\ 7 f
100055 NN-554] [26 WSS [ Ws-53A] [28 7 Al |29 SV-S5 VIVESS
750 2% 5% 7% 7% 1% 4%
300m 1600m 1300m 540m 890m 930m
500 459 m? 10g m? 4g m? 5.3g m”™ 13.89 m?2 4.69 m?2
250
0 f. 7 1 Z1 f f T
S L 0 L O o N 5 OP L O L Op N » » O N N b O o N H Q
Virtual potential temperature anomaly (K)
Subplot Key
0 0.1 0.2 0.3
SOM % stability
pattern # S regime, | Profile Lines Stability Regime Key
— I~ . g o
Cloud frequency = ‘§ —mean mixing ratio
) o S NN-SSA SS
Median CBH S X ——mean §_ anomaly
) o = v NN-MSA Ms
Median LWP & S"U . .
s S N Horizontal Line NN-WSA
X ES . VSM-SSA
£ o mean ABL height WS-SSA VSM-MSA
& = WS-MSA
Mean ABL height W
® H» QO 5 O

4 '

495 Figure 5. As in Fig. 2, but with mean virtual potential temperature (6v) anomaly profile (orange line, bottom x-axis)
and mean mixing ratio profile (baby blue line, top x-axis) for all radiosonde profiles mapped to each SOM pattern.
The horizontal red line in each subplot is the average ABL height. Each subplot also has written the frequency of
clouds, median cloud base height (CBH), and median liquid water path (LWP) for that SOM pattern, written below
the pattern number.

500 3.4 Summary of ABL characteristics
The analysis in this final section transitions from the SOM-based perspective in the previous sections to a more
simplistic grouping of radiosonde observations by stability regimes (as defined by Table 2), in order to more accurately

determine stability regime frequency distribution, and corresponding ABL characteristics. For Fig. 6, the regimes are

organized from strongest to weakest near-surface stability going from left to right (where VSM is considered more
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stable than WS due to a shallower ABL), and within a given near-surface regime, the aloft regimes are also organized

such that stability decreases from left to right.

The annual and seasonal frequency of each stability regime is shown in Fig. 6a. The most frequent near-surface regime
observed was NN (37% of profiles), followed by VSM (27% of profiles), MS (14% of profiles), and SS (13% of
profiles). WS was observed least frequently (9% of profiles). The total frequency of a stable ABL (combining SS,
MS, and WS frequencies) was 36%, just slightly less than the frequency of a near-neutral ABL. The most frequent
regime observed aloft was -SSA (66% of VSM cases, 54% of WS cases, and 60% of NN cases had strong stability
aloft) followed by -MSA (31% of VSM cases, 39% of WS cases, and 35% of NN cases had moderate stability aloft).
Weak stability aloft was infrequently observed (3% of VSM cases, 7% of WS cases, and 5% of NN cases had weak
stability aloft). The overall most common regime was NN-SSA, followed by VSM-SSA.

In fall, the strongest stability regimes (SS and MS) were less frequent, while NN was more frequent than the annual
frequency. Of all seasons, the winter stability regime frequency distribution is most different from the annual results.
Winter had a higher frequency of the strongest stability regimes (SS, MS, and VSM-SSA), and the NN regime was
more heavily dominated by NN-SSA. In spring, the relative frequencies of stability regime are very similar to those
seen annually, the only major difference being a higher frequency of NN-SSA. Lastly, in summer, the relative

frequencies of SS, MS, and VSM and NN with strong and moderate stability aloft were similar to one another.

Next, we present ABL height, change in horizontal wind speed between the surface and top of the ABL (dV/dz), and
ux. The annual range of values of each of these variables for each stability regime is shown in Fig. 6b-d. Supplementary
Fig. S2 indicates when there is a statistically significant difference at the 5 % significance level between the mean
values of each variable between all pairs of stability regimes. The determination uses a two-tailed t-test when degrees

of freedom (abbreviated as ‘df”) < 100 and a two-tailed z-test when df > 100.

ABL height increases as stability decreases (Fig. 6b). A marked increase in ABL height separates the shallower SS,
MS, and the VSM regimes (ABL height largely less than the mean) from the deeper WS and NN regimes (ABL height
largely greater than the mean). The jump in ABL height between the VSM and WS regimes is in part a product of
how we define the VSM regime (which requires an ABL height of 125 m or less). However, the magnitude of the
increase in ABL height between the VSM regime (mean of 85 m) and WS regimes (mean of 221 m) demonstrates that
this threshold was meaningful. Additionally, we find that ABL height increases as stability aloft decreases (e.g., the
mean ABL height for WS-MSA is greater than the mean ABL height for WS-SSA).

SS and MS had the greatest (largely above average) wind shear (dV/dz) within the ABL (Fig. 6¢c). For the weaker
stability regimes (WS and NN), winds vary less with height due to greater mixing, which is a common behavior of
winds within a weakly stable or near-neutral ABL (Wallace and Hobbs, 2006). Figure 6d shows that u« and thus
turbulence increases with decreasing stability. Within the VSM, WS, and NN regimes, dV/dz and u« decrease with
weakened stability aloft. Significant differences in dV/dz and u- between most pairs of stability regimes (Fig. S2b)

highlights that turbulence properties are distinct for each regime. While perhaps an intuitive statement, it is important
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to confirm that physically meaningful differences in stability regimes classified largely based on thermal gradient are
540 found for mechanical processes, as well as for turbulence measured by the met tower (a separate platform than the
radiosondes used to classify stability regime). This confirmation supports the validity of the stability regime criteria

defined in Sect. 2.4.

Frequency distribution of radiosonde profiles per season and stability regime
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Figure 6. Top: (a) Frequency distribution showing the percent of radiosonde profiles in each stability regime, annually

545 and seasonally. For the seasonal sections, the percent shown is with respect to the total number of radiosonde profiles
in that season. The numbers along the top of the plot, above each bar, indicate the total number of radiosonde profiles
of that stability regime and season. Bottom: Box and whisker plots showing the annual range of (b) ABL height, (c)
dV/dz over the depth of the ABL, and (d) u- for each stability regime. The center line of each box is the median, and
the outer edges of the boxes are the upper and lower quartiles. The whiskers show the range of values within 1.5 times

550 the interquartile range from the top or bottom of the box, and outliers are shown with hollow circles. Asterisks are
included at the mean, 10™ percentile, and 90" percentile. Horizontal dotted black lines show the annual mean values
of each variable. The number of cases in each stability regime are given along the top of the figure.
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4 Discussion and conclusions

The work presented in this paper provides an overview of the vertical structure of the ABL and statistics about key
thermodynamic and kinematic features of the central Arctic lower atmosphere in the context of vertical structure and
stability regime, using data from the MOSAIC expedition. The SOM patterns (Fig. 2), frequency distribution of
stability (Fig. 6a), and ABL height variability (Fig. 6b) highlight that near-surface stability during MOSAiC spanned
from strongly stable with a shallow ABL to near-neutral with a deep ABL, with stable and near-neutral conditions
occurring with similar frequencies. Stability aloft ranged from strongly to weakly stable. These findings are consistent
with Persson et al. (2002), Tjernstrém and Graversen (2009), and Brooks et al. (2017). The SOM reveals that within
each stability regime category defined in the current paper (Table 2) the height and strength of the 6+ inversion can
still vary greatly, and as such, the SOM reveals more nuances about the range of lower atmospheric vertical structure
than might be evident by a more simple stability regime classification. The variability of 6y inversion height and
strength for cases in the WS-MSA and NN-SSA regimes is however lesser than within the other regimes, as WS-MSA
and NN-SSA are each represented by only one SOM pattern, whereas the other regimes are represented by multiple

SOM patterns.

The most frequent stability regimes were those with strong or moderate stability either near the surface (SS and MS)
or aloft (VSM-SSA, VSM-MSA, NN-SSA, and NN-MSA). Thus, we conclude that the central Arctic atmosphere over
sea ice is inclined to include a strongly or moderately stable layer somewhere below 1 km AGL, and usually below
400 m (this contrasts with the mid-latitudes and tropical regions where the capping inversion is often as high as 1 to
2 km). Sometimes this strongly to moderately stable layer is within the ABL and sometimes it caps a well-mixed ABL,
with the latter scenario occurring with higher frequency than the former, consistent with Tjernstrom and Graversen
(2009). In the latter scenario, the depth of the well-mixed layer is highly variable, ranging from 38 m (minimum ABL
height of a VSM case) to 914 m (maximum ABL height of an NN case). Weak stability either near the surface or aloft
is the rarest condition (demonstrated by few WS or -WSA SOM pattern and low frequencies of the WS and -WSA
regimes). Thus, a near-surface regime of WS may represent a transition state between the stronger (SS, MS, and VSM)
and weaker (NN) stability regimes, and there are rarely conditions to support weak stability aloft (-WSA). Discovering
both the most common and the least common stability regimes are equally as important for our overall understanding

of the Arctic lower atmosphere.

Seasonal differences in SOM pattern (Fig. 3) and stability regime frequency distribution (Fig. 6a) highlight the varying
environment in the central Arctic throughout the annual cycle. In fall, thinner sea ice results in more upward heat
transfer from the ocean to the atmosphere and a higher frequency of low-level liquid-bearing clouds (Intrieri et al.,
2002b). This weakens ABL stability, explaining why a higher frequency of NN and lower frequency of SS and MS
cases were observed in fall. In winter, the lack of solar radiation and long periods of clear skies allow for persistent
longwave cooling of the surface, explaining the higher frequency of SS, MS, and VSM cases observed then. In
summer, warm moist air advection can contribute to either a stable or well-mixed ABL depending on location and

timing within the advection event, which may explain why summer had similar frequencies of stronger stability (SS,
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MS, and VSM) and weaker stability (NN) cases. In spring, conditions characteristic of either winter or summer may
occur, which is consistent with the spring stability regime distribution being most similar to the annual distribution,

and no SOM patterns being particularly dominant in spring.

The differing height, strength, and depth of the 6y inversion across the SOM patterns can be explained by the
corresponding wind and moisture features. In the following discussion, we first summarize the relationships between
wind speed features and atmospheric stability. Average wind speed and LLJ characteristics for each SOM pattern (Fig.
4), and wind shear and u-+ within the ABL (Fig. 6¢c-d) suggest important relationships between mechanical mixing and
atmospheric stability and vertical structure. Wind shear and u- within the ABL quantify mechanical turbulence near
the surface, while the presence of an LLJ can enhance mechanical generation of turbulence aloft. Weaker winds (even
in the case of an LLJ) and lower u-« values correspond to stronger near-surface stability, while stronger overall winds
(and thus greater LLJ core speeds) and greater u- values correspond to a weakly stable or near-neutral ABL. The
magnitudes of these kinematic features are notably distinct between SS, MS, and the VSM regimes (right half of the
SOM) and the WS and NN regimes (left half of the SOM), highlighting the importance of mechanically generated
turbulence at differentiating the two groupings. This agrees with previous findings that stronger winds work to weaken
stability in the ABL through mechanical generation of turbulence (Banta, 2008). Despite weaker winds and lesser u«
for stronger near-surface stability, wind shear (dV/dz) over the depth of the ABL increases with increasing stability,
revealing that in strong stability cases, static stability suppresses mechanically generated turbulence, promoting

continued ABL stability despite high amounts of wind shear.

While LLJ core speed, 2 m wind speed, and u- increase with decreasing near-surface stability, the opposite relationship
is seen for stability aloft: LLJ core speed, 2 m wind speed, and u-« values are greatest when stability aloft is greatest.
One possible explanation is that when the atmosphere is initially strongly stable (e.g., in the absence of clouds during
winter), more wind shear is required to produce enough mechanically generated turbulence to fully mix out the near-
surface layer than if the atmosphere is initially weakly stable (e.g., in the presence of clouds). Then the stable layer
becomes elevated, separated from the surface by the mixed layer. Lastly, as the LLJ core is situated closer to the ABL
for weaker stability regimes, this suggests greater coupling between the LLJ and the ABL for these cases, such that
the wind shear associated with the LLJ contributes to weakening of the ABL stability. Conversely, as the LLJ core is
situated higher above the ABL for stronger stability regimes, the ABL and LLJ are more likely to be decoupled, and

the strong static stability of these cases suppresses the mechanical turbulence generated by the wind shear.

The frequency of LLJs found in the current study is consistent with results of Tian et al. (2020) and ReVelle and
Nilsson (2008), but exceed that found in Jakobson et al. (2013), Lopez-Garcia et al. (2022), and Tuononen et al.
(2015). The reasoning for the discrepancy between each of these studies is varying. The difference in frequency from
Jakobson et al. (2013) is likely due to the difference in sampling period between the two studies. The difference in
frequency from Lopez-Garcia et al. (2022) is likely because LLJs with greater speeds may not have a jet core speed
that is at least 25% greater than the wind speed minimum above the LLJ core, and such cases were not considered in

Lopez-Garcia et al. (2022). However, such LLJs can still be important because even if the winds are strong throughout
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the entire profile up to 1.5 km (for example, during a storm), the slightly greater core speed of the LLJ beyond that of
the ubiquitously high winds throughout the column supports the production of increased turbulence in the ABL
compared to without an LLJ. Lastly, the difference in frequency from Tuononen et al. (2015) is likely because the
much lower vertical resolution of the Arctic System Reanalysis (ASR-Interim) data used in Tuononen et al. (2015)

would miss shallow LLJ cases.

Mixing ratio profiles, cloud frequency, and median CBH and LWP for each SOM pattern (Fig. 5), highlight the
occurrence of clouds in the central Arctic, and the relationships between CBH, atmospheric moisture, and stability.
The SOM showed that there is typically a moisture inversion at the same altitude as the 6y inversion, with moisture
inversion strength proportional to 6y inversion strength, which agrees with previous studies (Naakka et al., 2018;
Devasthale et al., 2011; Nygérd et al., 2014). The annual occurrence of clouds during MOSAIC was less than the
annual average occurrence presented in Intrieri et al., (2002b). However, results of the current study agree with
previous findings that clouds observed in the Arctic are typically low-level clouds. Low clouds, correlated with greater
LWP, were observed with greater frequency for cases with weaker stability both within the ABL and aloft. This
highlights the ability of low clouds and enhanced liquid water content to support the weakening of stability near the
surface by warming the near-surface atmosphere, as well as weakening stability aloft due to turbulent mixing below

cloud base though cloud top radiative cooling.

The varying depth of a well-mixed layer is likely a function of whether the ABL is coupled to a stratocumulus cloud
layer: a coupled cloud supports a deeper ABL that is well-mixed up to cloud base (with the mixed layer extending to
cloud top) whereas a decoupled cloud is separated from a shallower ABL by a 6y inversion below cloud base (Brooks
et al., 2017). Therefore, comparing ABL height to CBH suggests whether the surface and the cloud may be coupled
or decoupled. The patterns in the lower right of the SOM with VSM stability have a shallower ABL capped by a 6y
inversion, with CBH several hundred meters above the ABL, suggesting surface-cloud decoupling. The patterns in
the upper left of the SOM with NN stability have a deeper ABL with CBH often below the altitude of the 6y inversion,
suggesting surface-cloud coupling. For these patterns, which also have stronger winds, we theorize that the
combination of relative warming of the near-surface atmosphere from the clouds, as well as the mechanical turbulence
generated from wind shear allows for vertical mixing of the near-surface layer, which is strong enough to reach the
level at which downward-propagating buoyant turbulence from cloud top cooling is present, creating a well-mixed
layer between the surface through the cloud. Conversely, for stronger stability cases with a high CBH, the cloud and
surface are completely decoupled such that the cloud is unlikely to impact the surface, and the strong stability persists.
This discussion agrees with Sotiropoulou et al. (2014) which found that decoupled clouds typically occur at higher
altitudes. However, the aforementioned discussion is at this point only educated speculation, and additional analysis

based on the equivalent potential temperature profiles is required to confirm the cloud coupling or decoupling state.

One limitation of this study is that stability regimes are based on radiosonde profiles starting at 35 m, since
measurements below this are often unreliable, so differences in stability below this height are neglected (and

potentially important). A complementary paper (Jozef et al., 2023b) delves deeper into the impact of atmospheric
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radiative and mechanical forcings on ABL stability, and how these relationships vary by season, with a focus on the
peculiarities of summer processes, through additional analysis of the synoptic setting, surface radiation budget, near-
surface mixing ratio, and fog observations. Therefore, such results are not addressed in this work. Future work will be
conducted to determine how well the observed results are represented by weather and climate models. Thus, we hope
that these findings serve to help inform the improvement of parameterizations of the central Arctic in weather and

climate models.

Data availability

The level 2 radiosonde data used in this study are available at the PANGAEA Data Publisher at
https://doi.org/10.1594/PANGAEA.928656 (Maturilli et al., 2021). Meteorological tower data are available at the
National Science Foundation Arctic Data Center at https://doi.org/10.18739/A2PV6B83F (Cox et al., 2023a) as
described in Cox et al. (2023b). Ceilometer and microwave radiometer data are available at the Department of Energy
Atmospheric Radiation Measurement Data Center at http://dx.doi.org/10.5439/1181954 (ARM user facility, 2019a)
and http://dx.doi.org/10.5439/1027369 (ARM user facility, 2019b) respectively, as described in Shupe et al. (2021).

Author contributions

SD provided the radiosonde data; CC provided the meteorological tower data; GJ, JC, MD and GdB conceptualized
the analysis presented in this paper; GJ analyzed the data; GJ wrote the manuscript; JC, MD, GdB, SD and CC

reviewed and edited the manuscript.

Competing interests

The authors declare that they have no conflict of interest.

Acknowledgments

Data used in this paper were produced as part of RV Polarstern cruise AWI PS122 00 and of the international
Multidisciplinary drifting Observatory for the Study of the Arctic Climate (MOSAiC) with the tag MOSAi1C20192020.
We thank all those who contributed to MOSAIiC and made this endeavor possible (Nixdorf et al., 2021). Radiosonde
data were obtained through a partnership between the leading Alfred Wegener Institute (AWI), the Atmospheric
Radiation Measurement (ARM) User Facility, a US Department of Energy (DOE) facility managed by the Biological
and Environmental Research Program, and the German Weather Service (DWD). Meteorological tower data were
obtained by the National Oceanic and Atmospheric Administration (NOAA). Ceilometer and microwave radiometer
data were obtained by the AWI and DOE-ARM User Facility. We appreciate comments provided by an anonymous

internal reviewer at NOAA.

26


https://doi.org/10.1594/PANGAEA.928656
http://dx.doi.org/10.5439/1181954
http://dx.doi.org/10.5439/1027369

690

695

700

705

710

715

720

Financial support

Funding support for this analysis was provided by the National Science Foundation (award OPP 1805569, de Boer,
PI) and the National Aeronautics and Space Administration (award SONSSC19M0194). The meteorological tower
observations were supported by the National Science Foundation OPP-1724551, by NOAA’s Physical Sciences
Laboratory (PSL) (NOAA Cooperative Agreement NA220OAR4320151) and by NOAA's Global Ocean Monitoring
and Observing Program (GOMO)/Arctic Research Program (ARP) (FundRef https://doi.org/10.13039/100018302).
Additional funding and support were provided by the Department of Atmospheric and Oceanic Sciences at the
University of Colorado Boulder, the Cooperative Institute for Research in Environmental Sciences, the National

Oceanic and Atmospheric Administration Physical Sciences Laboratory, and the Alfred Wegener Institute.

References

Alfred-Wegener-Institut Helmholtz-Zentrum fiir Polar- und Meeresforschung: Polar Research and Supply Vessel
POLARSTERN operated by the Alfred-Wegener-Institute, Journal of Large-Scale Research Facilities, 3,
A119, https://doi.org/10.17815/jlsrf-3-163, 2017.

Ambriose, C., Séze, G., Badran, F., and Thiria, S.: Hierarchical clustering of self-organizing maps for cloud
classification, Neurocomputing, 30, 47-52, https://doi.org/10.1016/S0925-2312(99)00141-1, 2000.

Andreas, E. L., Horst, T. W., Grachev, A. A., Persson, P. O. G., Fairall, C. W., Guest, P. S., and Jordan, R. E.:
Parametrizing turbulent exchange over summer sea ice and the marginal ice zone, Q. J. Roy. Meteor. Soc.,
136, 927-943, https://doi.org/10.1002/qj.618, 2010a.

Atmospheric Radiation Measurement (ARM) user facility. Ceilometer (CEIL). 2019-10-11 to 2020-10-01, ARM
Mobile Facility (MOS) MOSAIC (Drifting Obs - Study of Arctic Climate); AMF2 (M1). Compiled by V.
Morris, D. Zhang and B. Ermold. ARM Data Center [data set]. Data set accessed 2022-08-19 at
http://dx.doi.org/10.5439/1181954, 2019a.

Atmospheric Radiation Measurement (ARM) user facility. MWR Retrievals (MWRRET1LILJCLOU). 2019-10-

11 to 2020-10-01, ARM Mobile Facility (MOS) MOSAIC (Drifting Obs - Study of Arctic Climate); AMF2
(M1). Compiled by D. Zhang. ARM Data Center [data set]. Data set accessed 2022-8-
19 at http://dx.doi.org/10.5439/1027369, 2019b.

Banta, R. M.: Stable-boundary-layer Regimes from the Perspective of the Low-level Jet, Acta Geophys., 56, 58—87,
https://doi.org/10.2478/s11600-007-0049-8, 2008.

Berry, D. 1., Moat, B. I, and Yelland, M. J., 2001: Airflow distortion at instrument sites on the FS Polarstern,
Southhamption Oceanography Centre Internal Doc, 69, 39 pp., https://nora.nerc.ac.uk/id/eprint/502825, 2001.

Bintanja, R., Graversen, R. G., and Hazeleger, W.,: Arctic winter warming amplified by the thermal inversion and
consequent low infrared cooling to space, Nat. Geosci., 4, 758-761, https://doi.org/10.1038/NGEO1285, 2011.

Birch, C. E., Brooks, I. M., Tjernstrom, M., Shupe, M. D., Mauritsen, T., Sedlar, J., Lock, A. P., Earnshaw, P.,
Persson, P. O. G., Milton, S. F., and Leck, C.: Modelling atmospheric structure, cloud and their response to

CCN in the central Arctic: ASCOS case studies, Atmos. Chem. Phys., 12, 3419-3435,

27


https://doi.org/10.13039/100018302
https://doi.org/10.17815/jlsrf-3-163
https://doi.org/10.1016/S0925-2312(99)00141-1
https://doi.org/10.1002/qj.618
http://dx.doi.org/10.5439/1181954
http://dx.doi.org/10.5439/1027369
https://doi.org/10.2478/s11600-007-0049-8
https://nora.nerc.ac.uk/id/eprint/502825
https://doi.org/10.1038/NGEO1285

725

730

735

740

745

750

755

https://doi.org/10.5194/acp-12-3419-2012, 2012.

Blackadar, A. K.: Boundary Layer Wind Maxima and Their Significance for the Growth of Nocturnal Inversions, B.
Am. Mereorol. Soc., 38, 283-290, https://doi.org/10.1175/1520-0477-38.5.283, 1957.

Brooks, I. M., Tjernstrom, M., Persson, P. O. G., Shupe, M. D., Atkinson, R. A., Canut, G., Birch, C. E., Mauritsen,
T., Sedlar, J., and Brooks, B. J.: The Turbulent Structure of the Arctic Summer Boundary Layer During The
Arctic Summer Cloud-Ocean Study, J. Geophys. Res.-Atmos., 122, 9685-9704,
https://doi.org/10.1002/2017JD027234, 2017.

Cadeddu, M. P., Liljegren, J. C., and Turner, D. D.: The Atmospheric radiation measurement (ARM) program
network of microwave radiometers: instrumentation, data, and retrievals, Atmos. Meas. Tech., 6, 2359-2372,
https://doi.org/10.5194/amt-6-2359-2013, 2013.

Cassano, E. N., Lynch, A. H., Cassano, J. J., and Koslow, M. R.: Classification of synoptic patterns in the western
Arctic associated with extreme events at Barrow, Alaska, USA, Clim. Res., 30, 83-97,
https://doi.org/10.3354/cr030083, 2006.

Cassano, E. N., Glisan, J. M., Cassano, J. J., Gutowski Jr., W. J., and Seefeldt, M. W.: Self-organizing map analysis
of widespread temperature extremes in Alaska and Canada, Clim. Res., 62, 199-218,
https://doi.org/10.3354/cr01274, 2015.

Cassano, J. J., Nigro, M., and Lazzara, M.: Characteristics of the near surface atmosphere over the Ross ice shelf,
Antarctica, J. Geophys. Res.-Atmos., 121, 3339-3362, https://doi.org/10.1002/2015JD024383, 2016.

Cavazos, T.: Using Self-Organizing Maps to Investigate Extreme Climate Events: An Application to Wintertime
Precipitation in the Balkans, J. Clim., 13, 1718-1732, https://doi.org/10.1175/1520-
0442(2000)013<1718:USOMTI>2.0.CO;2, 2000.

Cheng-Ying, D., Zhi-Qiu, G., Qing, W., and Gang, C.: Analysis of Atmospheric Boundary Layer Height
Characteristics over the Arctic Ocean Using the Aircraft and GPS Soundings, Atmos. Ocean. Sci. Lett., 4,
124-130, https://doi.org/10.1080/16742834.2011.11446916, 2011.

Cohen, L., Hudson, S. R., Walden, V. P., Graham, R. M., and Granskog, M. A.: Meteorological conditions in a
thinner Arctic sea ice regime from winter to summer during the Norwegian Young Sea Ice expedition (N-
ICE2015), J. Geophys. Res.-Atmos., 122, 7235-7259, https://doi.org/10.1002/2016JD026034, 2017.

Cox, C. J., Gallagher, M., Shupe, M., Persson, O., Blomquist, B., Grachev, A., Riihimaki, L., Kutchenreiter, M.,
Morris, V., Solomon, A., Brooks, 1., Costa, D., Gottas, D., Hutchings, J., Osborn, J., Morris, S., Preusser, A.,
and Uttal, T.: Met City meteorological and surface flux measurements (Level 3 Final), Multidisciplinary
Drifting Observatory for the Study of Arctic Climate (MOSAIC), central Arctic, October 2019 — September
2020. Arctic Data Center [data set], https://doi.org/10.18739/A2PV6B83F, 2023a.

Cox, C. J., Gallagher, M., Shupe, M. D., Persson, P. O. G., Solomon, A., Fairall, C. W., Ayers, T., Blomquist, B.,
Brooks, I. M., Costa, D., Grachev, A., Gottas, D., Hutchings, J. K., Kutchenreiter, M., Leach, J., Morris, S. M.,
Morris, V., Osborn, J., Pezoa, S., Preusser, A., Rithimaki, L., and Uttal, T.: Continuous observations of the
surface energy budget and meteorology over the Arctic sea ice during MOSAIC, Scientific Data, 10, 519,
https://doi.org/10.1038/s41597-023-02415-5, 2023b.

28


https://doi.org/10.1175/1520-0477-38.5.283
https://doi.org/10.1002/2017JD027234
https://doi.org/10.5194/amt-6-2359-2013
https://doi.org/10.3354/cr030083
https://doi.org/10.3354/cr01274
https://doi.org/10.1002/2015JD024383
https://doi.org/10.1175/1520-0442(2000)013%3C1718:USOMTI%3E2.0.CO;2
https://doi.org/10.1175/1520-0442(2000)013%3C1718:USOMTI%3E2.0.CO;2
https://doi.org/10.1080/16742834.2011.11446916
https://doi.org/10.1002/2016JD026034
https://doi.org/10.18739/A2PV6B83F

760

765

770

775

780

785

790

795

Crane, R. G., and Hewitson, B. C.: Clustering and upscaling of station precipitation records to regional patterns
using self-organizing maps (SOMs), Clim. Res., 25, 95-107, https://doi.org/10.3354/cr025095, 2003.

Curry, J. A.: Interactions among Turbulence, Radiation and Microphysics in Arctic Stratus Clouds, J. Atmos. Sci.,
43, 90-106, https://doi.org/10.1175/1520-0469(1986)043<0090:IATRAM>2.0.CO;2, 1986.

Curry, J. A., and Ebert, E. E.: Annual Cycle of Radiation Fluxes over the Arctic Ocean: Sensitivity to Cloud Optical
Properties, J. Clim., 5, 1267-1280, https://doi.org/10.1175/1520-0442(1992)005<1267:ACORF0>2.0.CO;2,
1992.

de Boer, G., Shupe, M. D., Caldwell, P. M., Bauer, S. E., Persson, O., Boyle, J. S., Kelley, M., Klein, S. A., and
Tjernstrom, M.: Near-surface meteorology during the Arctic Summer Cloud Ocean Study (ASCOS):
evaluation of reanalyses and global climate models, Atmos. Chem. Phys., 14, 427-445,
https://doi.org/10.5194/acp-14-427-2014, 2014.

de Boer, G., Dexheimer, D., Mei, F., Hubbe, J., Longbottom, C., Carroll, P. J., Apple, M., Goldberger, L., Oaks, D.,
Lapierre, J., Crume, M., Bernard, N., Shupe, M. D., Solomon, A., Intrieri, J., Lawrence, D., Doddi, A.,
Holdridge, D. J., Hubbell, M., Ivey, M. D., and Schmid, B.: Atmospheric observations made at Oliktok Point,
Alaska, as part of the Profiling at Oliktok Point to Enhance YOPP Experiments (POPEYE) campaign, Earth
Syst. Sci. Data, 11, 1349-1362, https://doi.org/10.5194/essd-11-1349-2019, 2019.

Devasthale, A., Sedlar, J., and Tjernstrom, M.: Characteristics of water-vapour inversions observed over the Arctic
by Atmospheric Infrared Sounder (AIRS) and radiosondes, Atmos. Chem. Phys., 11, 9813-9823,
https://doi.org/10.5194/acp-11-9813-2011, 2011.

Dice, M. J. and Cassano, J. J.: Assessing Physical Relationships Between Atmospheric State, Fluxes, and Boundary
Layer Stability at McMurdo Station, Antarctica, J. Geophys. Res.-Atmos., 127, €2021JD036075,
https://doi.org/10.1029/2021JD036075, 2022.

Dice, M. J., Cassano, J. J., Jozef, G. C., and Seefeldt, M.: Variations in boundary layer stability across Antarctica: a
comparison between coastal and interior sites, Weather Clim. Dynam., 4, 1045-1069,
https://doi.org/10.5194/wcd-4-1045-2023, 2023.

Ding, Q., Schweiger, A., L-Heureux, M., Battisti, D. S., Po-Chedley, S., Johnson, N. C., Blanchard-Wrigglesworth,
E., Harnos, K., Zhang, Q., Eastman, R., and Steig, E. J.: Influence of high-latitude atmospheric circulation
changes on summertime Arctic sea ice, Nat. Clim. Change, 7, 289-295, https://doi.org/10.1038/nclimate3241,
2017.

Docquier, D., and Koenigk, T.: Observation-based selection of climate models projects Arctic ice-free summers
around 2035, Commun. Earth & Env., 2, 144, https://doi.org/10.1038/s43247-021-00214-7, 2021.

Egerer, U., Siebert, H., Hellmuth, O., and Sorensen, L. L.: The role of a low-level jet for stirring the stable
atmospheric surface layer in the Arctic, EGUsphere [preprint], https://doi.org/10.5194/egusphere-2023-567,
2023.

Esau, 1., and Sorokina, S.: Climatology of the Arctic Planetary Boundary Layer, in: Atmospheirc Turbulence,
Meteorological Modeling and Aerodynamics, edited by: Lang, P. R. and Lombargo, F. S., Nova Science
Publishers, Inc., New York, 3-58, ISBN:978-1-60741-091-1, 2010.

29


http://dx.doi.org/10.3354/cr025095
https://doi.org/10.1175/1520-0469(1986)043%3C0090:IATRAM%3E2.0.CO;2
https://doi.org/10.1175/1520-0442(1992)005%3C1267:ACORFO%3E2.0.CO;2
https://doi.org/10.1029/2021JD036075
https://doi.org/10.1038/nclimate3241
https://doi.org/10.1038/s43247-021-00214-7

800

805

810

815

820

825

830

Gilson, G. F., Jiskoot, H., Cassano, J. J., and Nielson, T. R.: Radiosonde-Derived Temperature Inversions and their
Association with Fog over 37 Melt Seasons in East Greenland, J. Geophys. Res.-Atmos., 123, 9571-

9588, https://doi.org/10.1029/2018JD028886, 2018.

Hamilton, J., de Boer, G., Doddi, A., and Lawrence, D. A.: The DataHawk2 uncrewed aircraft system for
atmospheric research, Atmos. Meas. Tech., 15, 6789—6806, https://doi.org/10.5194/amt-15-6789-2022, 2022.

Hewitson, B. C., and Crane, R. G.: Self-organizing maps: Applications to synoptic climatology, Clim. Res., 22, 13-
26, https://doi.org/10.3354/cr022013, 2002.

Intrieri, J. M., Fairall, C. W., Shupe, M. D., Persson, P. O. G., Andreas, E. L., Guest, P. S., Moritz, R. E.: An annual
cycle of Arctic surface cloud forcing at SHEBA, J. Geophys. Res.-Oceans, 107, SHE 13-1-SHE 13-

14, https://doi.org/10.1029/2000JC000439, 2002a.

Intrieri, J.M., Shupe, M. D., Uttal, T., and McCarty, B. J.: An annual cycle of Arctic cloud characteristics observed
by radar and lidar at SHEBA, . Geophys. Res.-Oceans, 107, SHE 5-1-SHE 5-15,
https://doi.org/10.1029/2000JC000423, 2002b.

Jakobson, L., Vihma, T., Jakobson, E., Palo, T., Ménnik, A., and Jaagus, J.: Low-level jet characteristics over the
Arctic Ocean in spring and summer, Atmos. Chem. Phys., 13, 11089-11099, https://doi.org/10.5194/acp-13-
11089-2013, 2013.

Jozef, G., Cassano, J., Dahlke, S., and de Boer, G.: Testing the efficacy of atmospheric boundary layer height
detection algorithms using uncrewed aircraft system data from MOSAIC, Atmos. Meas. Tech., 15, 4001—
4022, https://doi.org/10.5194/amt-15-4001-2022, 2022.

Jozef, G. C., Klingel, R., Cassano, J. J., Maronga, B., de Boer, G., Dahlke, S., and Cox, C. J.: Derivation and
compilation of lower-atmospheric properties relating to temperature, wind, stability, moisture, and surface
radiation budget over the central Arctic sea ice during MOSAIC, Earth Syst. Sci. Data, 15, 4983—4995,
https://doi.org/10.5194/essd-15-4983-2023, 2023a.

Jozef, G. C., Cassano, J. J., Dahlke, S., Dice, M., Cox, C. J., and de Boer, G.: Thermodynamic and kinematic drivers
of atmospheric boundary layer stability in the central Arctic during the Multidisciplinary drifting Observatory
for the Study of Arctic Climate (MOSAiC), Atmos. Chem. Phys., 23, 13087—-13106,
https://doi.org/10.5194/acp-23-13087-2023, 2023b.

Kabhl, J.: Characteristics of the Low-level Temperature Inversion along the Alaskan Arctic Coast, International J. of
Climatology, 10, 537-548, 1990.

Kayser, M., Maturilli, M., Graham, R. M., Hudson, S. R., Rinke, A., Cohen, L., Kim, J.-H., Park, S.-J., Moon, W.,
and Granskog, M.: Vertical thermodynamic structure of the troposphere during the Norwegian young sea ICE
expedition (N-ICE2015), J. Geophys. Res.-Atmos., 122, 10855-10872, https://doi.org/10.1002/2016JD026089,
2017.

Kohonen, T.: Self-Organizing Maps, 3, Springer Berlin, Heidelberg, 502 pp., https://doi.org/10.1007/978-3-642-
56927-2,2001.

Kohonen, T., Hynninen, J., Kangas, J., and Laaksonen, J.: SOM_PAK: The Self-Organizing Map Program Package,
Helsinki University of Technology, Finland, 27 pp., ISBN 951-22-2947-1, 1996.

30


https://doi.org/10.1029/2018JD028886
https://doi.org/10.3354/cr022013
https://doi.org/10.1029/2000JC000439
https://doi.org/10.1029/2000JC000423
https://doi.org/10.5194/acp-13-11089-2013
https://doi.org/10.5194/acp-13-11089-2013
https://doi.org/10.5194/amt-15-4001-2022
https://doi.org/10.1002/2016JD026089
https://doi.org/10.1007/978-3-642-56927-2
https://doi.org/10.1007/978-3-642-56927-2

835

840

845

850

855

860

865

870

Koyama, T., Stroeve, J., Cassano, J., and Crawford, A.: Sea Ice Loss and Arctic Cyclone Activity from 1979 to
2014. J. Clim., 30, 4735-4754, https://doi.org/10.1175/JCLI-D-16-0542.1, 2017.

Lesins, G., Duck, T. J., and Drummond, J. R.: Surface Energy Balance Framework for Arctic Amplification of
Climate Change, J. Climate, 25, 8277-8288, https://doi.org/10.1175/JCLI-D-11-00711.1, 2012.

Liu, Y., and Key, J. R.: Assessment of Arctic Cloud Cover Anomalies in Atmospheric Reanalysis Products Using
Satellite Data, J. Clim., 29, 6065-6083, https://doi.org/10.1175/JCLI-D-15-0861.1, 2016.

Liu, Y., and Weisburg, R. H.: A Review of Self-Organizing Map Applications in Meteorology and Oceanography,
in: Self Organizing Maps- Applications and Novel Algorithm Design, edited by: Mwasiagi, J. I., InTech,
Rijeka, Croatia, 253-268, ISBN: 978-953-307-546-4, 2011.

Lopez-Garcia, V., Neely III, R. R., Dahlke, S., and Brooks, I. M.: Low-level jets over the Arctic Ocean during
MOSAIC, Elementa: Science of the Anthropocene, 10, 00063, https://doi.org/10.1525/elementa.2022.00063,
2022.

Mabhrt, L.: Stably stratified boundary layer, in: Encyclopedia of Atmospheric Sciences, edited by: Holton, J. P.,
Curry, J. A., and Pyle, J., Academic Press, London, 298-305, https://doi.org/10.1016/B0-12-227090-8/00091-
9,2002.

Mikiranta, E., Vihma, T, Sjoblom, A., and Tastula, E.-M.: Observations and modelling of the atmospheric boundary
layer over sea ice in a Svalbard fjord, Bound. Lay. Meteorol., 140, 105-123, doi:10.1007/s10546-011-9609-1,
2011.

Malmgren, B. A., and Winter, A.: Climate Zonation in Puerto Rico Based on Principal Components Analysis and an
Artificial Neural Network, J. Clim., 12, 977-985, https://doi.org/10.1175/1520-
0442(1999)012<0977:CZIPRB>2.0.CO;2, 1999.

Marsik, F. J., Fischer, K. W., McDonald, T. D., and Samson, P. J.: Comparison of Methods for Estimating Mixing
Height Used during the 1992 Atlanta Filed Intensive, J. Appl. Meteorol., 34, 18021814,
https://doi.org/10.1175/1520-0450(1995)034<1802: COMFEM>2.0.CO;2 , 1995.

Maturilli, M., Holdridge, D. J., Dahlke, S., Graeser, J., Sommerfeld, A., Jaiser, R., Deckelmann, H., and Schulz, A.:
Initial radiosonde data from 2019-10 to 2020-09 during project MOSAIC, Alfred Wegener Institute,
Helmholtz Centre for Polar and Marine Research, Bremerhaven, PANGAEA [data set],
https://doi.org/10.1594/PANGAEA.928656, 2021.

Maturilli, M., Sommer, M., Holdridge, D. J., Dahlke, S., Graeser, J., Sommerfeld, A., Jaiser, R., Deckelmann, H.,
and Schulz, A.: MOSAIC radiosonde data (level 3), PANGAEA [data set],
https://doi.org/10.1594/PANGAEA.943870, 2022.

Morris, V. R.: Ceilometer Instrument Handbook, ARM User Facility, DOE/SC-ARM/TR-020, 2016.

Morrison, H., de Boer, G., Feingold, G., Harrington, J., Shupe, M. D., and Sulia, K.: Resilience of persistent Arctic
mixed-phase clouds, Nat. Geosci., 5, 11-17, https://doi.org/10.1038/ngeo1332, 2012.

Naakka, T., Nygard, T., and Vihma, T.: Arctic Humidity Inversions: Climatology and Processes, J. Clim., 31, 3765-
3787, https://doi.org/10.1175/JCLI-D-17-0497.1, 2018.

Nicolaus M., Perovich D., Spreen G., Granskog M., Albedyll L., Angelopoulos M., Anhaus P., Arndt S., Belter H.,

31


https://doi.org/10.1175/JCLI-D-16-0542.1
https://doi.org/10.1175/JCLI-D-11-00711.1
https://doi.org/10.1175/JCLI-D-15-0861.1
https://doi.org/10.1525/elementa.2022.00063
https://doi.org/10.1016/B0-12-227090-8/00091-9
https://doi.org/10.1016/B0-12-227090-8/00091-9
https://doi.org/10.1175/1520-0442(1999)012%3C0977:CZIPRB%3E2.0.CO;2
https://doi.org/10.1175/1520-0442(1999)012%3C0977:CZIPRB%3E2.0.CO;2
https://doi.org/10.1175/1520-0450(1995)034%3C1802:COMFEM%3E2.0.CO;2
https://doi.org/10.1594/PANGAEA.943870
https://doi.org/10.1175/JCLI-D-17-0497.1

875

880

885

890

895

900

905

Bessonov V., Birnbaum G., Brauchle J., Calmer R., Cardellach E., Cheng B., Clemens-Sewall D., Dadic R.,
Damm E., de Boer G., Demir O., Dethloff K., Divine D., Fong A., Fons S., Frey M., Fuchs N., Gabarr6 C.,
Gerland S., Goessling H., Gradinger R., Haapala J., Haas C., Hamilton J., Hannula H.-R., Hendricks S.,
Herber A., Heuzé C., Hoppmann M., Heyland K., Huntemann M., Hutchings J., Hwang B., Itkin P., Jacobi H.-
W., Jaggi M., Jutila A., Kaleschke L., Katlein C., Kolabutin N., Krampe D., Kristensen S., Krumpen T., Kurtz
N., Lampert A., Lange B., Lei R., Light B., Linhardt F., Liston G., Loose B., Macfarlane A., Mahmud M.,
Matero 1., Maus S., Morgenstern A., Naderpour R., Nandan V., Niubom A., Oggier M., Oppelt N., Pitzold F.,
Perron C., Petrovsky T., Pirazzini R., Polashenski C., Rabe B., Raphael 1., Regnery J., Rex M., Ricker R.,
Riemann-Campe K., Rinke A., Rohde J., Salganik E., Scharien R., Schiller M., Schneebeli M., Semmling M.,
Shimanchuk E., Shupe M., Smith M., Smolyanitsky V., Sokolov V., Stanton T., Stroeve J., Thielke L.,
Timofeeva A., Tonboe R., Tavri A., Tsamados M., Wagner D., Watkins D., Webster M., Wendisch M.:
Overview of the MOSAIC expedition — Snow and sea ice, Elementa Science of the Anthropocene, 9,
https://doi.org/10.1525/elementa.2021.000046, 2022.

Nigro, M. A., Cassano, J. J., Willi, J., Bromwich, D. H., and Lazzara, M. A.: A Self-Organizing-Map-Based
Evaluation of the Antarctic Mesoscale Prediction System Using Observations from a 30-m Instrumented
Tower on the Ross Ice Shelf, Antarctica, Weather Forecast, 32, 223-242, https://doi.org/10.1175/WAF-D-16-
0084.1, 2017.

Nixdorf, U., Dethloff, K., Rex, M., Shupe, M., Sommerfeld, A., Perovich, D., Nicolaus, M., Heuzé, C., Rabe, B.,
Loose, B., Damm, E., Gradinger, R., Fong, A., Maslowski, W., Rinke, A., Kwok, R., Spreen, G., Wendisch,
M., Herber, A., Hirsekorn, M., Mohaupt, V., Frickenhaus, S., Immerz, A., Weiss-Tuider, K., Konig, B.,
Mengedoht, D., Regnery, J., Gerchow, P., Ransby, D., Krumpen, T., Morgenstern, A., Haas, C., Kanzow, T.,
Rack, F. R., Saitzev, V., Sokolov, V., Makarov, A., Schwarze, S., Wunderlich, T., Wurr, K., and Boetius, A.:
MOSAIC Extended Acknowledgement, Zenodo, https://doi.org/10.5281/zenodo.5179738, 2021.

Nygérd, T., Valkonen, T., and Vihma, T.: Characteristics of Arctic low-tropospheric humidity inversions based on
radio soundings, Atmos. Chem. Phys., 14, 1959—1971, https://doi.org/10.5194/acp-14-1959-2014, 2014.

Nygard, T., Tjernstrdm, M., and Naakka, T.: Winter thermodynamic vertical structure in the Arctic atmosphere
linked to large-scale circulation, Weather Clim. Dynam., 2, 12631282, https://doi.org/10.5194/wcd-2-1263-
2021, 2021.

Persson, P. O. G.: Onset and end of the summer melt season over sea ice: Thermal structure and surface energy
perspective from SHEBA, Clim. Dynam., 39, 1349—-1371, https://doi.org/10.1007/s00382-011-1196-9, 2012.

Persson, P. O. G., Fairall, C. W., Andreas, E. L., Guest, P. S., and Perovich, D. K.: Measurements near the
Atmospheric Surface Flux Group tower at SHEBA: Near-surface conditions and surface energy budget, J.
Geophys. Res., 107, 8045, https://doi.org/10.1029/2000JC000705, 2002.

Pratt, K., Sheesley, R., Gunsch, M., Barrett, T., Moffett, C., and Kirpes, R.: Summertime Aerosol across the North
Slope of Alaska Field Campaign Report, ARM User Facility, DOE/SC-ARM-18-012, 2018.

Previdi, M., Smith, K. L., and Polvani, L. M.: Arctic amplification of climate change: a review of underlying

mechanisms, Environ. Res. Lett., 16, 093003, https://doi.org/10.1088/1748-9326/ac1¢c29, 2021.

32


https://doi.org/10.1525/elementa.2021.000046
https://doi.org/10.1175/WAF-D-16-0084.1
https://doi.org/10.1175/WAF-D-16-0084.1
https://doi.org/10.5281/zenodo.5179738
https://doi.org/10.1007/s00382-011-1196-9
https://doi.org/10.1029/2000JC000705
https://doi.org/10.1088/1748-9326/ac1c29

910

915

920

925

930

935

940

Rabe, B., Heuzé, C., Regnery, J., Aksenov, Y., Allerholt, J., Athanase, M., Bai, Y., Basque, C., Bauch, D.,
Baumann, T. M., Chen, D., Cole, S. T., Craw, L., Davies, A., Damm, E., Dethloff, K., Divine, D. V., Doglioni,
F., Ebert, F., Fang, Y.-C,, Fer, L., Fong, A. A., Gradinger, R., Granskog, M. A., Graupner, R., Haas, C., He, H.,
He, Y., Hoppmann, M., Janout, M., Kadko, D., Kanzow, T., Karam, S., Kawaguchi, Y., Koenig, Z., Kong, B.,
Krishfield, R. A., Krumpen, T., Kuhlmey, D., Kuznetsov, ., Lan, M., Laukert, G., Lei, R., Li, T., Torres-
Valdés, S., Lin, L., Lin, L., Liu, H., Liu, N., Loose, B., Ma, X., McKay, R., Mallet, M., Mallett, R. D. C.,
Maslowski, W., Mertens, C., Mohrholz, V., Muilwijk, M., Nicolaus, M., O’Brien, J. K., Perovich, D., Ren, J.,
Rex, M., Ribeiro, N., Annette, A., Schaffer, J., Schuffenhauer, 1., Schulz, K., Shupe, M. D., Shaw, W.,
Sokolov, V., Sommerfeld, A., Spreen, G., Stanton, T., Stephens, M., Su, J., Sukhikh, N., Sundfjord, A.,
Thomisch, K., Tippenhauer, S., Toole, J. M., Vredenborg, M., Walter, M., Wang, H., Wang, L., Wang, Y.,
Wendisch, M., Zhao, J., Zhou, M., and Zhu, J.: Overview of the MOSAIC expedition: Physical oceanography,
Elementa: Science of the Anthropocene, 10, 00062, https://doi.org/10.1525/elementa.2021.00062, 2022.

Randriamampianina, R., Bormann, N., Koltzow, M. A. O., Larewnce, H., Sandu, 1., and Wang, Z.: Relative impact
of observations on a regional Arctic numerical weather prediction system, Q. J. Roy. Meteor. Soc., 147, 2212-
2232, https://doi.org/10.1002/qj.4018, 2021.

Rantanen, M., Karpechko, A. Y., Lipponen, A., Nordling, K., Hyvérinen, O., Ruosteenoja, K., Vihma, T., and
Laarksonen, A.: The Arctic has warmed nearly four times faster than the globe since 1979, Commun. Earth &
Env., 3, 168, https://doi.org/10.1038/s43247-022-00498-3, 2022.

Reusch, D. B., Alley, R. B., and Hewitson, B. C.: Relative Performance of Self-Organizing Maps and Principal
Component Analysis in Pattern Extraction from Synthetic Climatological Data, Polar Geography, 29, 188-
212, https://doi.org/10.1080/789610199, 2005.

ReVelle, D. O. and Nilsson, E. D.: Summertime Low-Level Jets over the High-Latitude Arctic Ocean, J. Appl.
Meteorol. Clim., 47, 1770-1784, https://doi.org/10.1175/2007JAMC1637.1, 2008.

Sedlar, J. and Shupe, M. D.: Characteristic nature of vertical motions observed in Arctic mixed-phase stratocumulus,
Atmos. Chem. Phys., 14, 3461-3478, https://doi.org/10.5194/acp-14-3461-2014, 2014.

Sedlar, J., Shupe, M. D., and Tjernstrém, M.: On the Relationship between Thermodynamic Structure and Cloud
Top, and Its Climate Significance in the Arctic, J. Clim., 25, 2374-2393, https://doi.org/10.1175/JCLI-D-11-
00186.1, 2012.

Serreze, M. C. and Barry, R. G.: Processes and impacts of Arctic amplification: A research synthesis, GlobalPlanet.
Change, 77, 85-96, https://doi.org/10.1016/j.gloplacha.2011.03.004, 2011.

Serreze, M. C. and Francis, J. A.: The Arctic Amplification Debate, Climatic Change, 76, 241-264,
https://doi.org/10.1007/s10584-005-9017-y, 2006.

Sheridan, S. C. and Lee, C, C.: The self-organizing map in synoptic climatology research, Prog. Phys. Geog., 35,
109-119, https://doi.org/10.1177/0309133310397582, 2011.

Shupe, M. D., and Intrieri, J. M.: Cloud radiative forcing of the Arctic surface: The influence of cloud properties,
surface albedo, and solar zenith angle, J. Climate, 17, 616—628, https://doi.org/10.1175/1520-
0442(2004)017<0616:CRFOTA>2.0.CO;2, 2004.

33


https://doi.org/10.1525/elementa.2021.00062
https://doi.org/10.1002/qj.4018
https://doi.org/10.1038/s43247-022-00498-3
https://doi.org/10.1080/789610199
https://doi.org/10.1175/2007JAMC1637.1
https://doi.org/10.1175/JCLI-D-11-00186.1
https://doi.org/10.1175/JCLI-D-11-00186.1
https://doi.org/10.1016/j.gloplacha.2011.03.004
https://doi.org/10.1007/s10584-005-9017-y
https://doi.org/10.1177/0309133310397582
https://doi.org/10.1175/1520-0442(2004)017%3c0616:CRFOTA%3e2.0.CO;2
https://doi.org/10.1175/1520-0442(2004)017%3c0616:CRFOTA%3e2.0.CO;2

945

950

955

960

965

970

975

980

Shupe, M. D., Walden, V. P., Eloranta, E., Uttal, T., Campbell, J. R., Starkweather, S. M., and Shiobara, M.: Clouds
at Arctic Atmospheric Observatories. Part I: Occurrence and Macrophysical Properties, J. Appl. Meteorol.
Clim., 50, 626-644, https://doi.org/10.1175/2010JAMC2467.1, 2011.

Shupe, M. D., Persson, P. O. G., Brooks, I. M., Tjernstrom, M., Sedlar, J., Mauritsen, T., Sjogren, S., and Leck, C.:
Cloud and boundary layer interactions over the Arctic sea ice in late summer, Atmos. Chem. Phys., 13, 9379—
9399, https://doi.org/10.5194/acp-13-9379-2013, 2013.

Shupe, M. D., Rex, M., Dethloff, K., Damm, E., Fong, A. A., Gradinger, R., Heuzé, Loose, C., B., Makarov, A.,
Maslowski, W., Nicolaus, M., Perovich, D., Rabe, B., Rinke, A., Sokolov, V., and Sommerfeld, A.: The
MOSAIC Expedition: A Year Drifting with the Arctic Sea Ice, NOAA Arctic Report Card, National Oceanic
and Atmospheric Administration (NOAA), 1-8, https://doi.org/10.25923/9g3v-xh92, 2020.

Shupe, M., Chu, D., Costa, D., Cox, C., Creamean, J., de Boer, G., Dethloff, K., Engelmann, R., Gallagher, M.,
Hunke, E., Maslowski, W., McComiskey, A., Osborn, J., Persson, O., Powers, H., Pratt, K., Randall, D.,
Solomon, A., Tjernstrdm, M., Turner, D., Uin, J., Uttal, T., Verlinde, J., and Wagner, D.: Multidisciplinary
drifting Observatory for the study of Arctic Climate (MOSAIC) Field Campaign Report, ARM user facility,
DOE/SC-ARM-21-007, https://doi.org/10.2172/1787856, 2021.

Shupe, M. D., Rex, M., Blomquist, B., Persson, P. O. G., Schmale, J., Uttal, T., Althausen, D., Angot, H., Archer,
S., Bariteau, L., Beck, 1., Bilberry, J., Bucci, S., Buck, C., Boyer, M., Brasseur, Z., Brooks, I. M., Calmer, R.,
Cassano, J., Castro, V., Chu, D., Costa, D., Cox, C. J., Creamean, J., Crewell, S., Dahlke, S., Damm, E., de
Boer, G., Deckelmann, H., Dethloff, K., Diitsch, M., Ebell, K., Ehrlich, A., Ellis, J., Engelmann, R., Fong, A.
A., Frey, M. M., Gallagher, M. R., Ganzeveld, L., Gradinger, R., Graeser, J., Greenamyer, V., Griesche, H.,
Griffiths, S., Hamilton, J., Heinemann, G., Helmig, D., Herber, A., Heuzé, C., Hofer, J., Houchens, T.,
Howard, D., Inoue, J., Jacobi, H.-W., Jaiser, R., Jokinen, T., Jourdan, O., Jozef, G., King, W., Kirchgaessner,
A, Klingebiel, M., Krassovski, M., Krumpen, T., Lampert, A., Landing, W., Laurila, T., Lawrence, D.,
Lonardi, M., Loose, B., Liipkes, C., Maahn, M., Macke, A., Maslowski, W., Marsay, C., Maturilli, M., Mech,
M., Morris, S., Moser, M., Nicolaus, M., Ortega, P., Osborn, J., Pétzold, F., Perovich, D. K., Petija, T., Pilz,
C., Pirazzini, R., Posman, K., Powers, H., Pratt, K. A., Preuller, A., Quéléver, L., Radenz, M., Rabe, B., Rinke,
A., Sachs, T., Schulz, A., Siebert, H., Silva, T., Solomon, A., Sommerfeld, A., Spreen, G., Stephens, M.,
Stohl, A., Svensson, G., Uin, J., Viegas, J., Voigt, C., von der Gathen, P., Wehner, B., Welker, J. M.,
Wendisch, M., Werner, M., Xie, Z. Q., Yue, F.: Overview of the MOSAIC expedition: Atmosphere, Elementa:
Science of the Anthropocene, 10, 00060, https://doi.org/10.1525/elementa.2021.00060, 2022.

Skific, N., Francis, J. A., and Cassano, J. J.: Attribution of Projected Changes in Atmospheric Moisture Transport in
the Arctic: A Self-Organizing Map Perspective, J. Clim., 22, 4135-4153,
https://doi.org/10.1175/2009JCLI2645.1, 20009.

Sotiropoulou, G., Sedlar, J., Tjernstrdom, M., Shupe, M. D., Brooks, I. M., and Persson, P. O. G.: The
thermodynamic structure of summer Arctic stratocumulus and the dynamic coupling to the surface, Atmos.
Chem. Phys., 14, 12573-12592, https://doi.org/10.5194/acp-14-12573-2014, 2014.

Sotiropoulou, G., Tjernstrom, M., Sedlar, J., Achtert, P., Brooks, B. B., Brooks, I. M., Persson, P. O. G., Prytherch,

34


https://doi.org/10.1175/2010JAMC2467.1
https://doi.org/10.25923/9g3v-xh92
https://doi.org/10.2172/1787856
https://doi.org/10.1525/elementa.2021.00060
https://doi.org/10.1175/2009JCLI2645.1
https://doi.org/10.5194/acp-14-12573-2014

985

990

995

1000

1005

1010

1015

J., Salisbury, D. J., Shupe, M. D., Johnston, P. E., Wolfe, D.: Atmospheric Conditions during the Arctic
Clouds in Summer Experiment (ACSE): Contrasting Open Water and Sea Ice Surfaces during Melt and
Freeze-Up Seasons, J. Clim., 29, 8§721-8744, https://doi.org/10.1175/JCLI-D-16-0211.1, 2016.

Stroeve, J., and Notz, D.: Changing state of Arctic sea ice across all seasons, Environ. Res. Lett., 13, 103001,
https://doi.org/10.1088/1748-9326/aade56, 2018.

Stull, R. B.: An Introduction to Boundary Layer Meteorology, Kluwer Academic Publishers, The Netherlands, 670
pp-, 1988.

Tian, Z., Zhang, D., Song, X., Zhao, F., Li, Z., and Zhang, L.: Characteristics of the atmospheric vertical structure
with different sea ice covers over the Pacific sector of the Arctic Ocean in summer, Atmos. Res., 245, 105074,
https://doi.org/10.1016/j.atmosres.2020.105074, 2020.

Tjernstrom, M.: The Summer Arctic Boundary Layer during the Arctic Ocean Experiment 2001 (AOE-2001),
Bound.-Lay. Meteorol., 117, 5-36, https://doi.org/10.1007/s10546-004-5641-8, 2005.

Tjernstrdom, M.: Is There a Diurnal Cycle in the Summer Cloud-Capped Arctic Boundary Layer?, J. Atmos. Sci., 64,
3970-3986, https://doi.org/10.1175/2007JAS2257.1, 2007.

Tjerstrom, M., and Graversen, R. G.: The vertical structure of the lower Arctic troposphere analysed from
observations and the ERA-40 reanalysis, Q. J. Roy. Meteor. Soc., 135, 431-443,
https://doi.org/10.1002/qj.380, 2009.

Tjernstrom, M., Leck, C., Persson, P. O. G., Jensen, M. L., Oncley, S. P., and Targino, A.: The Summertime Arctic
Atmosphere: Meteorological Measurements during the Arctic Ocean Experiment 2001, B. Am. Meteorol.
Soc., 85, 1305—1321, https://doi.org/10.1175/BAMS-85-9-1305, 2004.

Tjernstrom, M., Sedlar, J., and Shupe, M. D.: How Well Do Regional Climate Models Reproduce Radiation and
Clouds in the Arctic? An Evaluation of ARCMIP Simulations, J. Appl. Meteorol. Clim., 47, 2405-2422,
https://doi.org/10.1175/2008JAMC1845.1, 2008.

Tjernstrdm, M., Birch, C. E., Brooks, I. M., Shupe, M. D., Persson, P. O. G., Sedlar, J., Mauritsen, T., Leck, C.,
Paatero, J., Szczodrak, M., and Wheeler, C. R.: Meteorological Conditions in the Central Arctic Summer
during the Arctic Summer Cloud Ocean Study (ASCOS), Atmos. Chem. Phys., 12, 6863—6889,
https://doi.org/10.5194/acp-12-6863-2012, 2012.

Tjernstrom, M., Leck, C., Birch, C. E., Bottenheim, J. W., Brooks, B. J., Brooks, I. M., Bécklin, L., Chang, R. Y.-
W., de Leeuw, G., Di Liberto, L., de 1a Rosa, S., Granath, E., Graus, M., Hansel, A., Heintzenberg, J., Held,
A., Hind, A., Johnston, P., Knulst, J., Martin, M., Matrai, P. A., Mauritsen, T., Miiller, M., Norris, S. J.,
Orellana, M. V., Orsini, D. A., Paatero, J., Persson, P. O. G., Gao, Q., Rauschenberg, C., Ristovski, Z., Sedlar,
J., Shupe, M. D, Sierau, B., Sirevaag, A., Sjogren, S., Stetzer, O., Swietlicki, E., Szczodrak, M., Vaattovaara,
P., Wahlberg, N., Westberg, M., and Wheeler, C. R.: The Arctic Summer Cloud Ocean Study (ASCOS):
overview and experimental design, Atmos. Chem. Phys., 14, 28232869, https://doi.org/10.5194/acp-14-2823-
2014, 2014.

Tjernstrdm, M., Shupe, M. D., Brooks, I. M., Persson, P. O. G., Prytherch, J., Salisbury, D. J., Sedlar, J., Archtert,

P., Brooks, B. J., Johnston, P. E., Sotiropoulou, G., and Wolfe, D.: Warm-air advection, air mass

35


https://doi.org/10.1175/JCLI-D-16-0211.1
https://doi.org/10.1016/j.atmosres.2020.105074
https://doi.org/10.1007/s10546-004-5641-8
https://doi.org/10.1175/2007JAS2257.1
https://doi.org/10.1002/qj.380
https://doi.org/10.1175/BAMS-85-9-1305
https://doi.org/10.1175/2008JAMC1845.1
https://doi.org/10.5194/acp-12-6863-2012

1020

1025

1030

1035

1040

1045

1050

transformation and fog causes rapid ice melt, Geophys. Res. Lett., 42, 5594-5602,
https://doi.org/10.1002/2015GL064373, 2015.

Tjernstrém, M., Shupe, M. D., Brooks, 1. M., Achtert, P., Pytherch, J., and Sedlar, J.: Arctic Summer Airmass
Transformation, Surface Inversions, and the Surface Energy Budget, J. Clim., 32, 769-789,
https://doi.org/10.1175/JCLI-D-18-0216.1, 2019.

Tuononen, M., Sincalair, V. A., and Vihma, T.: A climatology of low-level jets in the mid-latitudes and polar
regions of the Northern Hemisphere, Q. J. Roy. Meteor. Soc., 16, 492-499, https://doi.org/10.1002/asl.587,
2015.

Turner, D. D., Clough, S. A., Liljegren, J. C., Clothiaux, E. E., Cady-Pereira, K. E., Gaustad, K. L.: Retrieving
liquid water path and precipitable water vapor from the atmospheric radiation measurement (ARM)
microwave radiometers, IEEE T. Geosci. Remote, 45, 3680-3690, https://doi.org/10.1109/TGRS.2007.903703,
2017.

Uttal, T., Curry, J. A., McPhee, M. G., Perovich, D. K., Moritz, R. E., Maslanik, J. A., Guest, P. S., Stern, H. L.,
Moore, J. A., Turenne, R., Heiberg, A., Serreze, M. C., Wylie, D. P., Persson, O. G., Paulson, C. A., Halle, C.,
Morison, J. H., Wheeler, P. A., Makshtas, A., Welch, H., Shupe, M. D., Intrieri, J. M., Stamnes, K., Lindsey,
R. W, Pinkel, R., Pegau, W. S., Stanton, T. P., and Grenfeld, T. C.: Surface Heat Budget of the Arctic Ocean,
B. Am. Meteorol. Soc., 83, 255-276, https://doi.org/10.1175/1520-0477(2002)083<0255:SHBOTA>2.3.CO;2,
2002.

Vaisala Radiosonde RS41-SGP, Ref. B211444EN-E, last access: 23 June 2023, 2017.

Walden, V. P., Hudson, S. R., Cohen, L., Murphy, S. Y., Granskog, M. A.: Atmospheric components of the surface
energy budget over young sea ice: Results from the N-ICE2015 campaign, J. Geophys. Res.-Atmos., 122,
8427-8446, https://doi.org/10.1002/2016JD026091, 2017.

Wallace, J. M., and Hobbs, P. V.: Atmospheric Science: An Introductory Survey, 2" Edition, Elsevier Science, The
Netherlands, 504 pp., 2006.

Wang, X., and Key, J. R.: Arctic Surface, Cloud, and Radiation Properties Based on the AVHRR Polar Pathfinder
Dataset. Part I: Spatial and Temporal Characteristics, J. Clim., 18, 2558-2574,
https://doi.org/10.1175/JCLI3438.1, 2005.

Wesslén, C., Tjernstrom, M., Bromwich, D. H., de Boer, G., Ekman, A. M. L., Bai, L.-S., and Wang, S.-H.: The
Arctic summer atmosphere: an evaluation of reanalyses using ASCOS data, Atmos. Chem. Phys., 14, 2605—
2624, https://doi.org/10.5194/acp-14-2605-2014, 2014.

Zygmuntowska, M., Mauritsen, T., Quaas, J., and Kaleschke, L.: Arctic Clouds and Surface Radiation — a critical
comparison of satellite retrievals and the ERA-Interim reanalysis, Atmos. Chem. Phys., 12, 6667-6677,
https://doi.org/10.5194/acp-12-6667-2012, 2012.

36


https://doi.org/10.1002/2015GL064373
https://doi.org/10.1175/JCLI-D-18-0216.1
https://doi.org/10.1002/asl.587
https://doi.org/10.1109/TGRS.2007.903703
https://doi.org/10.1175/1520-0477(2002)083%3C0255:SHBOTA%3E2.3.CO;2
https://doi.org/10.1002/2016JD026091
https://doi.org/10.1175/JCLI3438.1

