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Abstract  

Positive trends in tropical free-tropospheric (FT) ozone are frequently ascribed to emissions growth, but less is known about 

the effects of changing dynamics. Extending a prior study (Thompson et al., 2021; https://doi.org/10.1029/2021JD034691; 

“T21”), we re-examine Southern Hemisphere Additional Ozonesondes (SHADOZ) ozone trends over equatorial Southeast 

Asia (ESEA), one of Earth’s most convectively active regions, using 25 years (1998-2022) of ozone soundings. T21 posited 20 

that early-year positive FT ozone trends at equatorial SHADOZ stations are related to decreasing convection. The 25-year 

analysis of Kuala Lumpur and Watukosek SHADOZ records finds that +5 to +15% (+2 to +6 nmol mol-1) per decade FT ozone 

trends from ~February-April coincide with large increases in satellite infrared brightness temperatures and outgoing longwave 

radiation, indicators of declining convective activity. MERRA-2 reanalyses exhibit decreases in upper tropospheric velocity 

potential and precipitable water, also indicating diminished convection. In contrast, trends in ozone and convective indicators 25 

are generally weak the rest of the year. These results suggest that decreases in convective intensity and frequency are primary 

drivers of FT ozone build-up over ESEA early in the year, i.e., waning convection suppresses lofting and dilution of ozone. 

Decreasing convection promotes accumulation of  biomass burning emissions typical of boreal spring even though satellite FT 

carbon monoxide trends (2002-2022) over ESEA follow a global decrease pattern. Finally, our results demonstrate the 

advantages of monthly or seasonally resolved trends over annual means for robust attribution of observed ozone trends, 30 

challenging models to reproduce these detailed features in simulations of the past 25 years. 
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1 Introduction 

Tropospheric ozone is a vital trace gas that influences climate, vegetation, and human health. It is a greenhouse gas, particularly 35 

in the upper-troposphere (Lacis et al., 1990; de F. Forster and Shine, 1997; Skeie et al., 2020), and, because it is a strong 

oxidant, at even modest levels near the surface is detrimental to crop productivity (Mills et al., 2018 and references therein) 

and human health (Fleming et al., 2018a and references therein). There has recently been an increase in effort to quantify 

current and historical tropospheric ozone levels (Gaudel et al. 2018; Tarasick et al., 2019), reduce uncertainties in calculated 

trends, characterize its negative consequences for health, and understand its likely future evolution (Archibald et al., 2020). 40 

Many of these activities have been coordinated under the auspices of the International Global Atmospheric Chemistry (IGAC) 

community-sponsored Tropospheric Ozone Assessment Report (TOAR; https://igacproject.org/activities/TOAR/TOAR-I) and 

the ongoing TOAR-II (https://igacproject.org/activities/TOAR/TOAR-II). Detailed examination of the historically 

observation-sparse tropics is a primary focus of TOAR-II, as routine in-situ ozone profiles were extremely limited until the 

inception of the Southern Hemisphere Additional Ozonesondes (SHADOZ; Thompson et al., 2003) network in 1998.  45 

Recent studies indicate that equatorial SE Asia (ESEA) is a region of rapid tropospheric ozone growth. An analysis of In-

Service Aircraft for a Global Observing System (IAGOS) ozone profiles by Gaudel et al., (2020) showed 50th percentile 

tropospheric ozone trends of +3 to +11 nmol mol-1 per decade over Malaysia and +5 to +7 nmol mol-1 per decade over Southeast 

Asia for 1994-2016. Tropospheric column ozone trends derived from satellite products such as OMI/MLS also reported +2 to 

+3 Dobson Unit (DU) per decade increases in the same region from 2005-2016 (Ziemke et al., 2019). Typical explanations 50 

for these rapid changes are the increase in global methane (Staniaszek et al., 2022) and a shift of ozone precursor emissions 

toward tropical latitudes (Zhang et al., 2016) that cause growth in background tropospheric ozone amounts. However, the 

possible effects of dynamics and climate change have been given little consideration. This is somewhat surprising because the 

interaction of climate oscillations like El Niño-Southern Oscillation (ENSO; Ziemke et al., 1997; 2015; Lee et al., 2010; 

Thompson et al., 2011), Madden-Julian Oscillation (MJO; Stauffer et al., 2018) and the Indian Ocean Dipole (Thompson et 55 

al., 2001) with tropical tropospheric ozone variability is well-established. Even during the intense 1997-1998 ENSO, a large 

increase in ESEA tropospheric ozone associated with anomalous dynamics preceded the fire pollution impacts (Thompson et 

al., 2001).  

One reason for the neglect of climate-dynamic impacts on tropospheric ozone trends may be the tendency to report using a 

single (annually averaged) value over some period of interest. Seasonally or monthly resolved analyses are less common (e.g., 60 

Chang et al., 2023; Section 3.4) but not having seasonal trends may obscure important mechanistic information. In the tropics 

both pollution sources, e.g., fires, and meteorological factors, e.g., precipitation, convection, are important causes of seasonal 

and interannual variability in tropospheric ozone (Thompson et al., 2012; Oman et al., 2013). Thus, it becomes difficult or 

impossible to attribute ozone trends to factors that may be changing only in certain months of the year. 
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Monthly free-tropospheric (FT) to lowermost stratosphere (LMS) ozone profile trends for five tropical SHADOZ ozonesonde 65 

stations (three of them combined records), including ESEA, were examined in detail in Thompson et al., (2021; from hereon 

“T21”). The largest 1998-2019 FT ozone trends were found over the combined Kuala Lumpur, Malaysia (KL) and Watukosek, 

Java, Indonesia (Java) stations, with up to +20% per decade (+0.4 to +0.5 DU per decade) trends in the 10-15 km altitude layer 

in March and April. While the tropical SHADOZ ozone trends varied seasonally and regionally, consistently large FT ozone 

increases were found at all stations in the first half of the year. Using a convective proxy (Thompson et al., 2011), T21 70 

demonstrated that the early months of the year are generally convectively active with low tropospheric ozone, when the lofting 

of air redistributes lower-concentration, near-surface ozone throughout the atmospheric column. It is this mechanism that 

causes the prototypical “S-shape” in tropical tropospheric ozone profiles, with low near-surface and upper tropospheric ozone. 

Although the lowest concentration ozone profiles may occur at any time of year, they dominate in the early part of the year at 

most SHADOZ sites. In contrast, a mid-troposphere ozone maximum, most prominent in July to November, typically results 75 

from the long-range transport of biomass burning emissions (Thompson et al., 1997; Oltmans et al., 2001; Jensen et al., 

2012). The T21 results showed that the convective proxy had decreased in magnitude during these months over the 22-year 

analysis, leading the authors to hypothesize that a decrease in convection is causing FT ozone to accumulate, culminating in 

the large positive ozone trends. 

The T21 convective proxy, based on inferring a convective signature in each SHADOZ ozone and potential temperature profile 80 

pair, is indirect and difficult to investigate more generally. Therefore, in this study, we examine other proxies for tropical 

convective and pollution activity, including satellite-based observations, as well as several parameters from a meteorological 

reanalysis. We begin by updating the T21 SHADOZ ozone trends (22 years) to cover the 25-year period from 1998-2022. We 

focus on the two ESEA stations from T21, Kuala Lumpur, Malaysia (KL; 2.73°, 101.27°) and Watukosek, Java, Indonesia 

(Java; −7.5°, 112.6°), to demonstrate that a decrease in convection is responsible for the large, early-year FT ozone increases. 85 

We choose these stations because ESEA has one of the largest tropospheric ozone increases globally (Gaudel et al., 2018; 

2020; Ziemke et al., 2019), as well as the strongest/most intense convective activity in the tropics. Section 2 presents an 

overview of the observational and reanalysis datasets examined. Section 3 describes the relationships among ESEA 

tropospheric ozone and meteorological variability and includes the results of our updated FT ozone and convective trends 

calculations. Section 4 is a concluding summary and recommendations for future analysis. 90 

2 Datasets and Methods 

2.1 SHADOZ Ozonesondes 

We examine tropospheric ozone variability and trends over 1998-2022 from 5-15 km altitude for two combined SHADOZ 

ozonesonde station records in the ESEA region: Kuala Lumpur, Malaysia (KL) and Watukosek, Java, Indonesia (Java). The 

SHADOZ profiles are the reprocessed/homogenized V06 data described by Witte et al., (2017). The two stations are shown 95 
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on Figure 1 with fire hotspots derived from the Moderate Resolution Imaging Spectroradiometer (MODIS) instruments on the 

Aqua and Terra satellites, which illustrates typical locations of fire activity that strongly modulates tropospheric ozone in the 

region. Figure 1 also shows three highlighted regions: 5° x 5° latitude/longitude squares centered around KL (yellow) and 

Java (cyan), and a larger area (-12.5° to 12.5° latitude; 90° to 135° longitude), all for which monthly trends of various datasets 

will later be explored in detail. 100 

A total of 870 SHADOZ V06 (see Data availability for links to all datasets used here) ozonesonde profiles are available for 

KL and Java from 1998-2022. To increase the total sample size for trends calculations, the ozone profiles from the two stations 

are merged exactly as in T21. Monthly ozone profile climatologies with 100 m vertical resolution for each station are calculated 

for 1998-2022, and every individual 100 m profile is recomputed as an anomaly from its respective monthly climatology. The 

ozone anomaly profiles for both stations from 1998-2022 are averaged together to form a monthly ozone anomaly time series 105 

of profiles which are then analyzed for trends. This approach serves to both fill temporal gaps from the individual stations and 

avoid any step changes in ozone during those periods due to slightly differing ozone climatologies at KL and Java. 

2.2 Satellite Datasets 

2.2.1 GridSat-B1 

We use 11 µm brightness temperatures (Tb) measured from a series of geostationary orbiting meteorological satellites at 0.07° 110 

x 0.07° spatial and 3-hourly temporal resolution during our study period of 1998-2022 (data are available since 1980; Knapp 

et al., 2011). An image showing the timeline of satellites used in GridSat-B1 and their geographical coverage can be found at 

https://www.ncdc.noaa.gov/gridsat/images/isccp_coverage_VZA60_nolegend.png. There is complete geographical coverage 

for our region in Figure 1 during our study period. The 11 µm channel is the Climate Data Record (CDR) quality infrared 

window which essentially measures the Tb of cloud tops or the surface in clear skies. Because Tb is closely associated with the 115 

intensity and frequency of convection, we use GridSat-B1 to link variations and trends in tropospheric ozone with changes in 

convective activity. 

2.2.2 Atmospheric Infrared Sounder Carbon Monoxide 

The Atmospheric Infrared Sounder (AIRS; Aumann et al., 2003) was launched on the Aqua satellite in May 2002 and 

measures several meteorological variables and atmospheric species including carbon monoxide (CO). As shown in our 120 

previous work (Stauffer et al., 2016; 2017; 2018), there is strong correspondence among tropospheric ozone profile and CO 

anomalies, particularly over the KL and Java stations examined here (cf Stauffer et al., 2018 Figures 10 and 11). We use the 

ascending orbit (~1330 local time) daily L3 AIRS CO mixing ratio data at the 500 hPa level to further quantify the relationship 

between tropospheric ozone and CO, and trends in the two constituents. The AIRS CO data are available from September 

2002-December 2022 for our study. 125 
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2.2.3 NOAA CDR OLR 

NOAA’s CDR Outgoing Longwave Radiation (OLR; Lee and NOAA CDR Program, 2018) product is analogous to the 

GridSat-B1 Tb in that colder cloud tops (low Tb) occur simultaneous with and cause low OLR amounts, and vice versa. We 

use the monthly, 2.5° x 2.5° resolution dataset to bolster our analysis of Tb trends. The OLR data have global coverage since 

1979 and are generated from the High Resolution Infrared Radiation Sounder (HIRS) series of instruments on various polar-130 

orbiting satellites since Television Infrared Observation Satellite – Next Generation to the contemporary Joint Polar Satellite 

System instruments and MetOp. 

2.3 MERRA-2 Reanalysis 

NASA’s Global Modeling and Assimilation Office Modern-Era Retrospective Analysis for Research and Applications, version 

2 (MERRA-2; Gelaro et al., 2017) contains a comprehensive suite of meteorological output that provides context for the 135 

SHADOZ ozonesonde profile variability and trends. We use two collections from MERRA-2: The 3-hourly, instantaneous, 

pressure-level, assimilated meteorological fields (M2I3NPASM), and the monthly mean, time-averaged, single-level 

diagnostics (M2TMNXSLV). The daily, 18 UTC U and V winds at 200 hPa from M2I3NPASM were used to calculate velocity 

potential (VP200). Anomalies of VP200 quantify the magnitude of upper-tropospheric divergence and are a standard metric 

for diagnosing large-scale convective activity and the progression of the MJO through the tropics. Negative VP200 anomalies 140 

are associated with enhanced convective activity, and vice versa. Monthly averaged precipitable water (PWAT), a measure of 

available tropospheric moisture and an additional indicator of convective activity comes from the M2TMNXSLV collection. 

GridSat-B1 (Tb), NOAA OLR, and MERRA-2 (VP200 and PWAT) are used collectively to strengthen our results showing the 

relationship between tropospheric ozone and convection, and their trends over ESEA since 1998. 

2.3 Self-Organizing Maps applied to Ozonesonde Profiles 145 

Self-Organizing Maps (SOM; Kohonen, 1995) are a form of unsupervised machine learning that we employ to generate 

clusters of similarly “shaped” tropospheric ozone profiles from KL and Java. Specifically, when applied to the 5-15 km ozone 

mixing ratio profiles as is done here, SOM distinguishes groups of low and high tropospheric ozone at the two SHADOZ 

stations. SOM applications and results for SHADOZ and the global ozonesonde network are discussed at length in our previous 

work (Stauffer et al., 2016; 2017; 2018), so only a cursory introduction is given here. We follow the methods of Stauffer et 150 

al., (2018; cf Section 2.4) on choice of SOM parameters. Specifically, a 2x2 SOM is initialized separately for KL and Java 

with the 100 m average ozone mixing ratio profiles from 5-15 km as input, and with 1000 iterations of the SOM algorithm, 

four similarly shaped clusters, or nodes, of ozonesonde profiles are generated. No information other than the ozone mixing 

ratio profiles and altitude are used as SOM data inputs. We select the first and fourth nodes in our analysis, which contain the 

lowest and highest tropospheric ozone amounts, respectively, and demonstrate the corresponding variability in tropospheric 155 
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ozone and meteorology (Tb and VP200) and composition (AIRS CO). The SOM analyses guide our interpretation of the 

relationship between ozone and convective trends in Section 3.2. 

2.4 Multiple Linear Regression Model 

We follow the approach of T21 by applying the NASA/GSFC Multiple Linear Regression (MLR) model to compute 1998-

2022 (2002-2022 in the case of AIRS 500 hPa CO) trends. As described above, the KL and Java ozonesonde records are 160 

merged by first calculating ozone mixing ratio anomalies from respective monthly means at each station for the individual 

profiles. The ozone mixing ratio anomaly profiles at the two stations are then averaged together to generate a single monthly 

timeseries for KL-Java. This mitigates any potential step-changes in time series should only one station be available in a given 

time period. The MLR model is described as follows: 

𝑂3(𝑡) = 𝐴(𝑡) + 𝐵(𝑡) + 𝐶(𝑡)𝑀𝐸𝐼(𝑡) + 𝐷(𝑡)𝐷𝑀𝐼(𝑡) + ∈ (𝑡) ,          (1) 165 

In Equation (1), t is month, and coefficients A through D include a constant and periodic seasonal and subseasonal elements. 

A is the MLR-modeled mean monthly cycle and B is the computed linear trend (shown in the results here). Coefficients C and 

D correspond to the Multivariate ENSO Index, v2 (MEI.v2; https://www.psl.noaa.gov/enso/mei/) and the Dipole Moment 

Index (DMI; https://psl.noaa.gov/gcos_wgsp/Timeseries/Data/dmi.had.long.data) which describes the strength of the Indian 

Ocean Dipole. The error, or residual term, is given by ∈(t). Trends are computed for the 100 m vertically averaged KL-Java 170 

monthly ozone mixing ratio anomalies, 1°x1° averaged monthly GridSat-B1 Tb, VP200, PWAT, and AIRS 500 hPa CO, and 

2.5°x2.5° averaged monthly NOAA OLR. The MLR model is run identically for all trends output presented here. Confidence 

intervals for the MLR model terms are determined with a moving-block bootstrap technique with 1000 resamples to account 

for autocorrelation in the time series (Wilks, 1997). Because our focus is on the 5-15 km ozone trends, we do not include the 

Quasi-Biennial Oscillation (QBO) in the MLR as in T21, as effects on ozone from the QBO below ~17 km altitude are 175 

negligible. Otherwise, the approach described above is identical to T21 for the KL-Java combined record. 

3 Results 

3.1 Demonstrating Geophysical Variability with SOM 

The SOM results are presented first to motivate our study of the relationship among tropospheric ozone and convective trends. 

The left half of Figure 2 shows the 5-15 km ozone mixing ratio SOM output for nodes 1 and 4 at KL and Java, with the right 180 

half indicating the frequency of ozonesonde launch month corresponding to the member profiles for each SOM node/cluster. 

The mean ozone mixing ratios (solid black lines) for node 1 closely follow the 20th percentile ozone (cyan dashed line; ~20 

nmol mol-1) for the entire set of profiles from each station, with cluster membership of ~40% of all profiles. The tropical “S-

shape” in ozone is easily distinguishable at Watukosek (Fig. 2e) compared to the nearly constant mixing ratios from 5-15 km 
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at Kuala Lumpur (Fig. 2a). Similar profile features occur at Watukosek even with the high ozone cluster 4 (Fig. 2f) with, on 185 

average, decreasing ozone above 6 km, whereas node 4 Kuala Lumpur ozone increases with height throughout the troposphere 

(Fig. 2b). Both Kuala Lumpur and Watukosek node 4 ozone is approximately double that (~50 nmol mol-1) of node 1. Cluster 

membership for node 4 is approximately 15% for both stations. The low cluster membership for node 4 is logical given that 

the mean profiles greatly exceed the 80th percentile ozone at nearly all altitudes in the mid-to-upper troposphere at the two 

stations. The right side of Figure 2 indicates how stations with a relatively, e.g., compared to tropical Atlantic and mid-high 190 

latitude sites, narrow seasonal ozone cycle benefit from SOM analysis without the constraints of a climatology. The monthly 

evolution of tropospheric ozone based on the SOM output shows large variability, but node 1 profiles (Fig. 2c, g) indicate a 

double peak in low tropospheric ozone amounts in ~February and ~August, while higher ozone amounts (Fig. 2d, h) show 

peaks in ~May and ~October (with Watukosek showing an isolated peak in January).  

The composite anomaly (from 1991-2020 daily climatology) of GridSat-B1 11µm Tb corresponding to the dates and times of 195 

the SOM member profiles are shown on Figure 3. Node 1 (Fig 3a, b) profiles are associated with Tb approximately -4 to -8 K 

below average and therefore more frequent and/or colder convection. The opposite is true for node 4 (Fig 3c, d) profiles, which 

align with much warmer than average Tb of +6 to greater than +8 K indicating reduced/less frequent convection. This illustrates 

the effect of large-scale enhanced lofting of near-surface, ozone poor air via convection for generating low tropospheric ozone 

amounts (Fig 3a, b) or the anomalous suppression of that lofting leading to an accumulation of tropospheric ozone (Fig 3c, 200 

d).  

Similar composite maps corresponding to the dates of the SOM cluster profiles were generated for daily 18 UTC MERRA-2 

VP200 anomalies in Figure 4. The VP200 maps show that the large-scale upper-tropospheric meteorological conditions 

associated with low and high tropospheric ozone are clearly distinguishable. The node 1 clusters (Fig 4a, b) occur on days 

where upper-level divergence is greater than normal (negative VP200 anomalies), which leads to the enhanced convection and 205 

the colder cloud tops indicated by Tb on Figure 3, and thus low tropospheric ozone. Much like the Tb analysis, the complete 

opposite is true for node 4 profiles (Fig 4c, d). Upper-level divergence is reduced (positive VP200 anomalies), creating 

unfavorable large-scale conditions for convection, and causing a build-up of tropospheric ozone. Regardless of whether the 

profile data and ozone clusters used to generate the composite Tb and VP200 anomalies are from Kuala Lumpur or Watukosek, 

the spatial patterns are remarkably similar, showing the strong relationship between convection and tropospheric ozone 210 

variability over this region of ESEA as a whole. 

Because convection, and therefore rainfall, and biomass/agricultural burning also co-vary in ESEA, we investigate the 500 

hPa AIRS CO data to link convection, fires (via CO as a proxy for emissions), and tropospheric ozone amounts. Figure 5 

follows the analyses of Figures 3 and 4 by showing composite anomaly (from monthly 2002/3-2022 climatology) daily Level 

3 500 hPa AIRS CO data. As expected, the high ozone clusters at both stations are associated with positive mid-tropospheric 215 

CO anomalies of +5 to +10 nmol mol-1 (Fig 5c, d) found throughout the ESEA region. The lack of convection (Figs 3 and 4) 
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allows a build-up of tropospheric CO in addition to ozone, likely preceded by and coincident with periods of enhanced biomass 

burning and accumulation of pollution. The AIRS CO corresponding to the low ozone cluster 1 shows differing patterns 

between the two stations. Tropospheric ozone over Kuala Lumpur is evidently more closely linked to anomalously low CO 

amounts, with roughly -6 to -8 nmol mol-1 anomalies near the station. The low ozone cluster 1 profiles at Watukosek are 220 

associated with near-average CO amounts, indicating that low CO over Watukosek is not necessarily a reliable predictor of 

low tropospheric ozone amounts. 

Figures 2-5 all fit the conceptual model for tropospheric ozone variability in this region of the tropics. In addition to seasonal 

changes in convection, transport, and biomass burning, anomalous conditions often associated with ENSO and the MJO cause 

large perturbations to the ozone profile. This conceptual model was visualized here by linking the ozonesonde SOM output to 225 

composites of reduced and enhanced convection (11 µm Tb and VP200) and reduced and enhanced tropospheric pollution 

resulting from the convective conditions (AIRS 500 hPa CO), which cause either a “cleaning out” (enhanced convection) or 

accumulation of pollution (reduced convection) in the troposphere. Now that the convection/tropospheric pollution links have 

been demonstrated via the SOM analysis, we follow with MLR trend analyses to determine how changes in Tb, VP200, and 

AIRS CO correspond the seasonal trends in tropospheric ozone at the KL-Java stations. 230 

3.2 Trends in FT Ozone and Ancillary Datasets 

We present the updated (from T21) MLR monthly ozone trends for the combined KL-Java SHADOZ sites in Figure 6, both 

in nmol mol-1 (Fig 6a) and percent per decade (Fig 6b) for 1998-2022. We focus on the 5-15 km region as with our previous 

SOM analyses, but Figure 6a includes the near-surface to enable comparisons with other recent studies (e.g., Gaudel et al., 

2020). The near-surface shows positive trends of +4 nmol mol-1 per decade or greater in every month except December, 235 

maximizing at over +8 nmol mol-1 per decade in March and April below 1 km. The vertical pattern of trends in Figure 6a 

agrees with Gaudel et al., (2020) who showed the largest IAGOS ozone trends over Malaysia were located below 700 hPa, 

with more modest trends above that level. For our altitudes of interest from 5-15 km (shown by the black dashed box on Figure 

6a), the largest positive FT ozone trends, often exceeding the 95% confidence interval shown by the cyan hatching, are found 

in the months of February-April, with a maximum in March and April near 15 km of over +4 nmol mol-1 per decade. The 240 

percentage trends in Figure 6b show that the mixing ratio trends equate to about +10 to +15% per decade. Trends are weak 

throughout the rest of the year, generally within ±5% per decade and rarely exceeding the 95% confidence interval. We 

hypothesize that the large, early year, positive FT ozone trends can be linked to trends in the datasets shown in previous figures. 

More specifically, we will show in the following results that there is a clear relationship between declining convective activity 

and increasing tropospheric ozone above KL-Java in the early months of the year. 245 

The following five figures show MLR monthly trends calculated for our convective proxies shown previously, with the 

addition of OLR and MERRA-2 PWAT. The trends are presented for four months: March, June, September, and December. 

Figure 7 shows the 1998-2022 MLR trends results for the GridSat-B1 11µm Tb over the ESEA region in K per decade. Here, 
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the black stippling indicates trends that do not exceed the 95% confidence interval. The March Tb trends (Fig 7a), when KL-

Java tropospheric ozone trends are highest, are positive (+3 to +5 K per decade) above KL and Java and throughout the region 250 

and exceed the 95% confidence interval. The Tb trends in other months are weak, with the exception of the negative Tb trends 

south of Java in December (Fig 7d). We interpret the March large positive Tb trends as a shift toward less intense and/or less 

frequent convective activity, which Figure 3 showed is associated with high tropospheric ozone amounts over KL-Java. The 

analyses for other datasets will show similar results, as well as similar spatial patterns to the trends shown for Tb. 

Figure 8 presents the 1998-2022 NOAA OLR monthly MLR trends in W m-2 per decade to supplement the Tb trends and add 255 

confidence to our results. The spatial patterns of the OLR trends are nearly identical to Tb, with large positive trends (+10 or 

more W m-2 per decade) found in March (Fig 8a), and much weaker trends in other months. There are again large negative 

trends of up to -10 W m-2 per decade observed to the south of Java in December (Fig 8d). The large positive March OLR 

trends over ESEA are another indication that convective activity in the early months of the year has waned over the past 25 

years. Figures 7 and 8 show how analogous datasets arrive at this same conclusion. 260 

The 1998-2022 MERRA-2 VP200 MLR trends on Figure 9 describe how synoptic scale conditions have changed since 1998, 

and whether large-scale upper tropospheric winds are becoming more or less favorable for convective activity. The March 

(Fig 9a) VP200 trends are highly positive, with per decade changes on the order of the anomalies shown on Figure 4. This is 

a clear sign that upper tropospheric convergence has increased in March, supressing convection as shown on Figures 7 and 8, 

and causing the accumulation of tropospheric ozone and positive ozone trends in the early part of the year. The VP200 trends 265 

in other months of the year (Fig 9b-d) are weak and do not exceed the 95% confidence interval above KL and Java. These 

results point to the need to understand potential shifts in the evolution and/or magnitude of the MJO, a primary driver of 

convective activity over ESEA, over the last 25 years. 

The final convective indicator that we examine, MERRA-2 PWAT, is shown on Figure 10. PWAT describes the total water 

vapor content of the atmosphere which generally increases during conditions associated with deep tropical convection. Just as 270 

with Figures 7-9, the March trends in PWAT point to a large decrease in moisture availability and convective activity, with 

decreases beyond the 95% confidence interval of -1 to -3 kg m-2 over ESEA in March (Fig 10a) since 1998. Again, the trends 

in later months of the year (Fig 10b-d) are much weaker with inconclusive results. Taken together, Figures 7-10 indicate that 

in the early months of the year there are robust decreases in the strength and frequency of convection, synoptic-scale conditions 

that have become less favorable for convection, and a drying of the troposphere over KL (yellow box), Java (cyan box), and 275 

the ESEA region (black dashed box) as whole. 

Over the past ~two decades, emissions controls have substantially decreased the global burden of tropospheric CO. Therefore, 

we expect to find similar decreases from the 2002/3-2022 AIRS 500 hPa CO MLR trends shown in Figure 11 (AIRS data are 

available since September 2002). Indeed, Figure 11 shows large decreases in tropospheric CO, particularly over China and 

Australia for most months of the year. Over ESEA, the trends are weaker. However, the positive trends that exceed the 95% 280 
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confidence interval near India in March (Fig 11a) are notable deviation from this pattern. While not observed directly over our 

region of interest, these positive CO trends near India in March would act to increase the regional background of ozone, likely 

contributing to the increases in tropospheric ozone over ESEA. A detailed analysis into whether an increase in biomass burning 

in the early parts of the year in this region are to blame is beyond the scope of our paper, although the combined effects of 

decreasing convection and increasing regional CO in the early part of the year evidently both contribute to the accumulation 285 

of tropospheric ozone above KL and Java, leading to the large positive ozone trends observed over the last 25 years. 

A summary of all monthly trends for the boxed regions shown on previous figures is given in Figure 12. Here, the individual 

data grid points for Tb, OLR, VP200, PWAT, and AIRS 500 hPa CO are averaged within the KL (yellow), Java (cyan), and 

larger region (black) areas, and MLR trends are computed in the same manner as before with the 95% confidence intervals 

shown as error bars. Figure 12a-d panels show that the datasets we use to convey changes in convective activity peak in 290 

March, and for all three regions considered exceed the 95% confidence interval. While AIRS 500 hPa CO (Fig 12e) shows 

decreases in nearly every month of the year for the three regions, the weakest trends for all regions coincide with the largest 

decreases in convection, with even a small positive trend noted over Java (cyan; Fig 12e) in April. The lofting and venting of 

tropospheric pollution (i.e., ozone and CO) has evidently been reduced because of the marked decline in convection in 

~February-April, with possible contributions from enhanced biomass burning under the waning convective activity. 295 

4 Summary and Conclusions 

We used a SOM clustering algorithm and ancillary datasets to describe the relationship between tropospheric ozone, 

convection, and CO pollution over two tropical ESEA SHADOZ ozonesonde stations, Kuala Lumpur (KL) and Watukosek 

(Java). The low and high tropospheric ozone clusters are clearly distinguishable by the corresponding anomalies in Tb and 

VP200 (indicators of convection) and AIRS tropospheric CO (pollution tracer). The low ozone clusters result from a highly 300 

convective environment that is low in background CO due to the lofting of near-surface air and redistribution of pollutants 

throughout the atmospheric column and downwind. The high ozone clusters are associated with suppressed convective 

conditions that allow a build-up of pollution (CO), and thus ozone. 

Monthly 5-15 km KL-Java ozonesonde profile trends computed with the NASA/GSFC MLR model over the period 1998-2022 

show large ozone increases of +4 nmol mol-1 or +10 to +15% per decade, primarily confined to the months of February to 305 

April. Because the early part of the year is generally convectively active at these stations, we sought to answer whether 

decreases in convection have led to the observed positive free-tropospheric ozone trends. The MLR trends analysis for the 

convective indicators Tb, OLR, VP200, and PWAT clearly point to the affirmative, and our results show that since 1998 there 

have been strong decreases in convective activity in the early months of the year. There have been robust increases in average 

cloud top brightness temperatures (Tb) in conjunction with large OLR and VP200 increases, and decreases in tropospheric 310 

moisture content (PWAT) in March.  
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AIRS 500 hPa CO, while showing negative trends for most months of the year, has increased near India in March, and the 

overall weakest trends over ESEA are found in March-May with a small increase above Java in April. The combined effect of 

these trends leads to the accumulation of tropospheric ozone and the +10 to +15% per decade ozone trends found above KL-

Java in February-April. In summary, the seasonal pattern of positive free-tropospheric ozone trends since 1998 over ESEA are 315 

largely explained by meteorological, not necessarily chemical, factors. However, possible increases in regional biomass 

burning (e.g., peat and forest fires) resulting from the reduced convection must be considered. Nonetheless, changing dynamics 

appear to be a primary driver. Future studies should examine meteorological changes when diagnosing regional tropospheric 

ozone trends and potential shifts in the timing and spatial patterns of biomass burning and ozone precursor emissions in the 

tropics through analysis of datasets such as the Global Fire Emissions Database (GFED; van der Werf et al., 2017). Note that 320 

all the meteorological data, our monthly sonde data and model output are available for comparison to chemistry-climate 

models. 

Our results demonstrate the utility (or advantages) of monthly resolved trends analysis, particularly because trends for both 

ozone and dynamical indicators were generally weak outside of February-April. Therefore, we strongly recommend that 

monthly or seasonal analyses be employed when seeking to attribute observed ozone trends, particularly for regions where 325 

tropospheric ozone is highly meteorologically dependent, and emissions changes are less obvious (e.g., compare emissions 

reductions and large and predictable seasonal tropospheric ozone variations over North America and Europe), such as ESEA 

and the KL-Java SHADOZ stations. 

The 25-yr trends computed here for KL-Java are similar to those determined in T21 where 22 years of profiles were analyzed. 

They also resemble trends that Gaudel et al. (2020; 2023) have derived from SHADOZ sondes and IAGOS aircraft profiles 330 

measured over Malaysia and Indonesia using the quantile regression (QR) method recommended in Chang et al. (2022) and 

Chang et al. (2023). As part of our work with the TOAR-II Harmonization and Evaluation of Ground-based Instruments for 

Free Tropospheric Ozone Measurements (HEGIFTOM) activity, we have begun to use QR analysis to examine the 25-yr 

SHADOZ ozone profile record. Preliminary results from QR, annually averaged, resemble those from the MLR and provide 

useful complementary information. In general, for SHADOZ stations, including those with smaller trends than KL-Java, the 335 

most positive trends from QR over 1998-2022 are strongly represented at the minimum-ozone quantiles (largest increases are 

found for the lowest ozone amounts). The latter data correspond to the early time of year (February-April) when the convective 

indicators over the same period are most strongly perturbed over ESEA.  

 

Data availability All datasets used in this study are openly and publicly accessible: 340 

• Kuala Lumpur and Watukosek V06 SHADOZ Data: https://tropo.gsfc.nasa.gov/shadoz/Archive.html  

• GridSat-B1: https://www.ncei.noaa.gov/data/geostationary-ir-channel-brightness-temperature-gridsat-b1/access/  

• NOAA CDR OLR: https://www.ncei.noaa.gov/data/outgoing-longwave-radiation-monthly/access/  

• AIRS v7 L3 Daily CO: https://acdisc.gesdisc.eosdis.nasa.gov/opendap/Aqua_AIRS_Level3/AIRS3STM.7.0/  
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• MERRA-2 M2I3NPASM: 345 

https://disc.gsfc.nasa.gov/datasets/M2I3NPASM_5.12.4/summary?keywords=%22MERRA-2  

• MERRA-2 M2TMNXSLV: 

https://disc.gsfc.nasa.gov/datasets/M2TMNXSLV_5.12.4/summary?keywords=tavgM_2d_slv_Nx  

• MODIS FIRMS hotspots (shown as an illustration on Figure 1 only): 

https://firms.modaps.eosdis.nasa.gov/download/   350 

 

Acknowledgments.  We are grateful to NASA’s UACO and SAGE-III/ISS programs for support to RMS, AMT, and DEK.  

We thank NOAA/GML for logistics assistance and support to BJJ and PDC. Many thanks to operators and BRIN and the 

Malaysia Meteorological Department for outstanding data over many years.  

 355 

Author contributions RMS and AMT conceived of the study. RMS performed the analysis and composed the first draft. DEK 

processed and archived the SHADOZ ozonesonde data. NK, HKA, and DYR collected the ozonesonde data at and operate the 

Watukosek SHADOZ station. AD, AFJ, MKS, and NBZ collected the ozonesonde data at and operate the Kuala Lumpur 

SHADOZ station. BJJ and PDC process and quality assure the data sent from and manage logistics for the Watukosek 

SHADOZ station. All authors contributed initial comments during the conception of the study and provided edits to the initial 360 

paper draft. 

 

Competing interests The authors declare no competing interests. 

References 

Archibald, A. T., Neu, J. L., Elshorbany, Y. F., Cooper, O. R., Young, P. J., Akiyoshi, H., Cox, R. A., Coyle, M., Derwent, 365 

R. G., Deushi, M., Finco, A., Frost, G. J., Galbally, I. E., Gerosa, G., Granier, C., Griffiths, P. T., Hossaini, R., Hu, L., 

Jöckel, P., Josse, B., Lin, M. Y., Mertens, M., Morgenstern, O., Naja, M., Naik, V., Oltmans, S., Plummer, D. A., 

Revell, L. E., Saiz-Lopez, A., Saxena, P., Shin, Y. M., Shahid, I., Shallcross, D., Tilmes, S., Trickl, T., Wallington, T. 

J., Wang, T., Worden, H. M. and Zeng, G.: Tropospheric Ozone Assessment Report: A critical review of changes in 

the tropospheric ozone burden and budget from 1850 to 2100, Elementa: Science of the Anthropocene, 8(1), 370 

doi:10.1525/elementa.2020.034, 2020.  

Aumann, H. H., Chahine, M. T., Gautier, C., Goldberg, M. D., Kalnay, E., McMillin, L. M., Revercomb, H., Rosenkranz, P. 

W., Smith, W. L., Staelin, D. H., Strow, L. L. and Susskind, J.: Airs/AMSU/HSB on the Aqua Mission: Design, 

science objectives, Data Products, and Processing Systems, IEEE Transactions on Geoscience and Remote Sensing, 

41(2), 253–264, doi:10.1109/tgrs.2002.808356, 2003. 375 

Chang, K.-L., Cooper, O. R., Gaudel, A., et al.: Impact of the COVID-19 economic downturn on tropospheric ozone trends: 

an uncertainty weighted data synthesis for quantifying regional anomalies above western North America and Europe, 

AGU Advances, e2021AV000542, doi:10.1029/2021AV000542, 2022. 

https://doi.org/10.5194/egusphere-2023-2618
Preprint. Discussion started: 4 December 2023
c© Author(s) 2023. CC BY 4.0 License.



 

 

13 

 

Chang, K., Cooper, O. R., Rodriguez, G., Iraci, L. T., Yates, E. L., Johnson, M. S., Gaudel, A., Jaffe, D. A., Bernays, N., 

Clark, H., Effertz, P., Leblanc, T., Petropavlovskikh, I., Sauvage, B. and Tarasick, D. W.: Diverging ozone trends 380 

above Western North America: Boundary layer decreases versus free tropospheric increases, Journal of Geophysical 

Research: Atmospheres, 128(8), doi:10.1029/2022jd038090, 2023. 

Fleming, Z. L., Doherty, R. M., von Schneidemesser, E., Malley, C. S., Cooper, O. R., Pinto, J. P., Colette, A., Xu, X., 

Simpson, D., Schultz, M. G., Lefohn, A. S., Hamad, S., Moolla, R., Solberg, S. and Feng, Z.: Tropospheric Ozone 

Assessment Report: Present-day ozone distribution and trends relevant to human health, Elementa: Science of the 385 

Anthropocene, 6, doi:10.1525/elementa.273, 2018a.  

de F. Forster, P. M. and Shine, K. P.: Radiative forcing and temperature trends from stratospheric ozone changes, Journal of 

Geophysical Research: Atmospheres, 102(D9), 10841–10855, doi:10.1029/96jd03510, 1997.  

Gaudel, A., Cooper, O. R., Ancellet, G., Barret, B., Boynard, A., Burrows, J. P., Clerbaux, C., Coheur, P.-F., Cuesta, J., 

Cuevas, E., Doniki, S., Dufour, G., Ebojie, F., Foret, G., Garcia, O., Granados-Muñoz, M. J., Hannigan, J. W., Hase, 390 

F., Hassler, B., Huang, G., Hurtmans, D., Jaffe, D., Jones, N., Kalabokas, P., Kerridge, B., Kulawik, S., Latter, B., 

Leblanc, T., Le Flochmoën, E., Lin, W., Liu, J., Liu, X., Mahieu, E., McClure-Begley, A., Neu, J. L., Osman, M., 

Palm, M., Petetin, H., Petropavlovskikh, I., Querel, R., Rahpoe, N., Rozanov, A., Schultz, M. G., Schwab, J., Siddans, 

R., Smale, D., Steinbacher, M., Tanimoto, H., Tarasick, D. W., Thouret, V., Thompson, A. M., Trickl, T., 

Weatherhead, E., Wespes, C., Worden, H. M., Vigouroux, C., Xu, X., Zeng, G. and Ziemke, J.: Tropospheric Ozone 395 

Assessment Report: Present-day distribution and trends of tropospheric ozone relevant to climate and Global 

Atmospheric Chemistry Model Evaluation, Elementa: Science of the Anthropocene, 6, doi:10.1525/elementa.291, 

2018.  

Gaudel, A., Cooper, O. R., Chang, K.-L., Bourgeois, I., Ziemke, J. R., Strode, S. A., Oman, L. D., Sellitto, P., Nédélec, P., 

Blot, R., Thouret, V. and Granier, C.: Aircraft observations since the 1990s reveal increases of tropospheric ozone at 400 

multiple locations across the Northern Hemisphere, Science Advances, 6(34), doi:10.1126/sciadv.aba8272, 2020.  

Gaudel, A., Sauvage, B., and TOAR II/OPT Team (2023). Trends of tropical tropospheric ozone and its precursors, EGU 

General Assembly, EGU23-9365.  https://doi.org/10.5194/egusphere-egu23-9365 

Gelaro, R., McCarty, W., Suárez, M. J., Todling, R., Molod, A., Takacs, L., Randles, C. A., Darmenov, A., Bosilovich, M. 

G., Reichle, R., Wargan, K., Coy, L., Cullather, R., Draper, C., Akella, S., Buchard, V., Conaty, A., da Silva, A. M., 405 

Gu, W., Kim, G.-K., Koster, R., Lucchesi, R., Merkova, D., Nielsen, J. E., Partyka, G., Pawson, S., Putman, W., 

Rienecker, M., Schubert, S. D., Sienkiewicz, M. and Zhao, B.: The modern-era retrospective analysis for research and 

applications, version 2 (merra-2), Journal of Climate, 30(14), 5419–5454, doi:10.1175/jcli-d-16-0758.1, 2017.  

Jensen, A. A., Thompson, A. M. and Schmidlin, F. J.: Classification of ascension island and natal ozonesondes using self-

organizing maps, Journal of Geophysical Research: Atmospheres, 117(D4), doi:10.1029/2011jd016573, 2012.  410 

Knapp, K. R., Ansari, S., Bain, C. L., Bourassa, M. A., Dickinson, M. J., Funk, C., Helms, C. N., Hennon, C. C., Holmes, C. 

D., Huffman, G. J., Kossin, J. P., Lee, H.-T., Loew, A. and Magnusdottir, G.: Globally gridded satellite observations 

for climate studies, Bulletin of the American Meteorological Society, 92(7), 893–907, doi:10.1175/2011bams3039.1, 

2011. 

Kohonen, T.: The Basic SOM, Self-Organizing Maps, 77–130, doi:10.1007/978-3-642-97610-0_3, 1995.  415 

https://doi.org/10.5194/egusphere-2023-2618
Preprint. Discussion started: 4 December 2023
c© Author(s) 2023. CC BY 4.0 License.



 

 

14 

 

Lacis, A. A., Wuebbles, D. J. and Logan, J. A.: Radiative forcing of climate by changes in the vertical distribution of ozone, 

Journal of Geophysical Research: Atmospheres, 95(D7), 9971–9981, doi:10.1029/jd095id07p09971, 1990.  

Lee, H.-T. and NOAA CDR Program: NOAA Climate Data Record (CDR) of monthly outgoing longwave radiation (OLR), 

version 2.7, Home Page [online] Available from: https://doi.org/10.7289/V5W37TKD (Accessed 15 June 2023), 

2018.  420 

Lee, S., Shelow, D. M., Thompson, A. M. and Miller, S. K.: QBO and ENSO variability in temperature and ozone from 

SHADOZ, 1998–2005, Journal of Geophysical Research, 115(D18), doi:10.1029/2009jd013320, 2010.  

Mills, G., Pleijel, H., Malley, C. S., Sinha, B., Cooper, O. R., Schultz, M. G., Neufeld, H. S., Simpson, D., Sharps, K., Feng, 

Z., Gerosa, G., Harmens, H., Kobayashi, K., Saxena, P., Paoletti, E., Sinha, V. and Xu, X.: Tropospheric Ozone 

Assessment Report: Present-day tropospheric ozone distribution and trends relevant to vegetation, Elementa: Science 425 

of the Anthropocene, 6, doi:10.1525/elementa.302, 2018.  

Oltmans, S. J., Johnson, B. J., Harris, J. M., Vömel, H., Thompson, A. M., Koshy, K., Simon, P., Bendura, R. J., Logan, J. 

A., Hasebe, F., Shiotani, M., Kirchhoff, V. W., Maata, M., Sami, G., Samad, A., Tabuadravu, J., Enriquez, H., 

Agama, M., Cornejo, J. and Paredes, F.: Ozone in the Pacific tropical troposphere from ozonesonde observations, 

Journal of Geophysical Research: Atmospheres, 106(D23), 32503–32525, doi:10.1029/2000jd900834, 2001.  430 

Oman, L. D., Douglass, A. R., Ziemke, J. R., Rodriguez, J. M., Waugh, D. W. and Nielsen, J. E.: The ozone response to 

ENSO in aura satellite measurements and a chemistry-climate simulation, Journal of Geophysical Research: 

Atmospheres, 118(2), 965–976, doi:10.1029/2012jd018546, 2013.  

Skeie, R. B., Myhre, G., Hodnebrog, Ø., Cameron-Smith, P. J., Deushi, M., Hegglin, M. I., Horowitz, L. W., Kramer, R. J., 

Michou, M., Mills, M. J., Olivié, D. J., Connor, F. M., Paynter, D., Samset, B. H., Sellar, A., Shindell, D., Takemura, 435 

T., Tilmes, S. and Wu, T.: Historical total ozone radiative forcing derived from CMIP6 simulations, npj Climate and 

Atmospheric Science, 3(1), doi:10.1038/s41612-020-00131-0, 2020.  

Staniaszek, Z., Griffiths, P. T., Folberth, G. A., O’Connor, F. M., Abraham, N. L. and Archibald, A. T.: The role of future 

anthropogenic methane emissions in air quality and climate, npj Climate and Atmospheric Science, 5(1), 

doi:10.1038/s41612-022-00247-5, 2022.  440 

Stauffer, R. M., Thompson, A. M. and Young, G. S.: Tropospheric ozonesonde profiles at long‐term U.S. monitoring sites: 

1. A climatology based on self‐organizing maps, Journal of Geophysical Research: Atmospheres, 121(3), 1320–1339, 

doi:10.1002/2015jd023641, 2016.  

Stauffer, R. M., Thompson, A. M., Oltmans, S. J. and Johnson, B. J.: Tropospheric ozonesonde profiles at long-term U.S. 

monitoring sites: 2. links between Trinidad head, CA, profile clusters and inland surface ozone measurements, 445 

Journal of Geophysical Research: Atmospheres, 122(2), 1261–1280, doi:10.1002/2016jd025254, 2017.  

Stauffer, R. M., Thompson, A. M. and Witte, J. C.: Characterizing global ozonesonde profile variability from surface to the 

UT/LS with a clustering technique and Merra‐2 reanalysis, Journal of Geophysical Research: Atmospheres, 123(11), 

6213–6229, doi:10.1029/2018jd028465, 2018.  

Tarasick, D., Galbally, I. E., Cooper, O. R., Schultz, M. G., Ancellet, G., Leblanc, T., Wallington, T. J., Ziemke, J., Liu, X., 450 

Steinbacher, M., Staehelin, J., Vigouroux, C., Hannigan, J. W., García, O., Foret, G., Zanis, P., Weatherhead, E., 

https://doi.org/10.5194/egusphere-2023-2618
Preprint. Discussion started: 4 December 2023
c© Author(s) 2023. CC BY 4.0 License.



 

 

15 

 

Petropavlovskikh, I., Worden, H., Osman, M., Liu, J., Chang, K.-L., Gaudel, A., Lin, M., Granados-Muñoz, M., 

Thompson, A. M., Oltmans, S. J., Cuesta, J., Dufour, G., Thouret, V., Hassler, B., Trickl, T. and Neu, J. L.: 

Tropospheric Ozone Assessment Report: Tropospheric ozone from 1877 to 2016, observed levels, trends and 

uncertainties, Elementa: Science of the Anthropocene, 7, doi:10.1525/elementa.376, 2019.  455 

Thompson, A. M., Tao, W.-K., Pickering, K. E., Scala, J. R. and Simpson, J.: Tropical deep convection and ozone formation, 

Bulletin of the American Meteorological Society, 78(6), 1043–1054, doi:10.1175/1520-

0477(1997)078<1043:tdcaof>2.0.co;2, 1997.  

Thompson, A. M., Witte, J. C., Hudson, R. D., Guo, H., Herman, J. R. and Fujiwara, M.: Tropical tropospheric ozone and 

biomass burning, Science, 291(5511), 2128–2132, doi:10.1126/science.291.5511.2128, 2001.  460 

Thompson, A. M.: Southern Hemisphere additional ozonesondes (SHADOZ) 1998–2000 tropical ozone climatology 1. 

comparison with total ozone mapping spectrometer (TOMS) and ground-based measurements, Journal of 

Geophysical Research, 108(D2), doi:10.1029/2001jd000967, 2003.  

Thompson, A. M., Allen, A. L., Lee, S., Miller, S. K. and Witte, J. C.: Gravity and rossby wave signatures in the tropical 

troposphere and lower stratosphere based on Southern Hemisphere additional Ozonesondes (SHADOZ), 1998–2007, 465 

Journal of Geophysical Research, 116(D5), doi:10.1029/2009jd013429, 2011.  

Thompson, A. M., Miller, S. K., Tilmes, S., Kollonige, D. W., Witte, J. C., Oltmans, S. J., Johnson, B. J., Fujiwara, M., 

Schmidlin, F. J., Coetzee, G. J., Komala, N., Maata, M., bt Mohamad, M., Nguyo, J., Mutai, C., Ogino, S.-Y., Da 

Silva, F. R., Leme, N. M., Posny, F., Scheele, R., Selkirk, H. B., Shiotani, M., Stübi, R., Levrat, G., Calpini, B., 

Thouret, V., Tsuruta, H., Canossa, J. V., Vömel, H., Yonemura, S., Diaz, J. A., Tan Thanh, N. T. and Thuy Ha, H. T.: 470 

Southern Hemisphere additional Ozonesondes (SHADOZ) ozone climatology (2005-2009): Tropospheric and tropical 

tropopause layer (TTL) profiles with comparisons to omi-based ozone products, Journal of Geophysical Research: 

Atmospheres, 117(D23), doi:10.1029/2011jd016911, 2012.  

Thompson, A. M., Stauffer, R. M., Wargan, K., Witte, J. C., Kollonige, D. E. and Ziemke, J. R.: Regional and seasonal 

trends in tropical ozone from Shadoz Profiles: Reference for models and satellite products, Journal of Geophysical 475 

Research: Atmospheres, 126(22), doi:10.1029/2021jd034691, 2021.  

van der Werf, G. R., Randerson, J. T., Giglio, L., van Leeuwen, T. T., Chen, Y., Rogers, B. M., Mu, M., van Marle, M. J., 

Morton, D. C., Collatz, G. J., Yokelson, R. J. and Kasibhatla, P. S.: Global Fire Emissions Estimates during 1997–

2016, Earth System Science Data, 9(2), 697–720, doi:10.5194/essd-9-697-2017, 2017.  

Wilks, D. S.: Resampling hypothesis tests for autocorrelated fields, Journal of Climate, 10(1), 65–82, doi:10.1175/1520-480 

0442(1997)010<0065:rhtfaf>2.0.co;2, 1997.  

Witte, J. C., Thompson, A. M., Smit, H. G., Fujiwara, M., Posny, F., Coetzee, G. J., Northam, E. T., Johnson, B. J., Sterling, 

C. W., Mohamad, M., Ogino, S.-Y., Jordan, A. and da Silva, F. R.: First reprocessing of Southern Hemisphere 

additional ozonesondes (SHADOZ) profile records (1998-2015): 1. methodology and evaluation, Journal of 

Geophysical Research: Atmospheres, 122(12), 6611–6636, doi:10.1002/2016jd026403, 2017.  485 

Zhang, Y., Cooper, O. R., Gaudel, A., Thompson, A. M., Nédélec, P., Ogino, S.-Y. and West, J. J.: Tropospheric ozone 

change from 1980 to 2010 dominated by equatorward redistribution of emissions, Nature Geoscience, 9(12), 875–

879, doi:10.1038/ngeo2827, 2016.  

https://doi.org/10.5194/egusphere-2023-2618
Preprint. Discussion started: 4 December 2023
c© Author(s) 2023. CC BY 4.0 License.



 

 

16 

 

Ziemke, J. R., Chandra, S., McPeters, R. D. and Newman, P. A.: Dynamical proxies of column ozone with applications to 

Global Trend Models, Journal of Geophysical Research: Atmospheres, 102(D5), 6117–6129, doi:10.1029/96jd03783, 490 

1997. 

Ziemke, J. R., Douglass, A. R., Oman, L. D., Strahan, S. E. and Duncan, B. N.: Tropospheric ozone variability in the tropics 

from ENSO to MJO and shorter timescales, Atmospheric Chemistry and Physics, 15(14), 8037–8049, 

doi:10.5194/acp-15-8037-2015, 2015.  

Ziemke, J. R., Oman, L. D., Strode, S. A., Douglass, A. R., Olsen, M. A., McPeters, R. D., Bhartia, P. K., Froidevaux, L., 495 

Labow, G. J., Witte, J. C., Thompson, A. M., Haffner, D. P., Kramarova, N. A., Frith, S. M., Huang, L.-K., Jaross, G. 

R., Seftor, C. J., Deland, M. T. and Taylor, S. L.: Trends in global tropospheric ozone inferred from a composite 

record of Toms/OMI/MLS/omps satellite measurements and the MERRA-2 GMI Simulation, Atmospheric Chemistry 

and Physics, 19(5), 3257–3269, doi:10.5194/acp-19-3257-2019, 2019.  

 500 

https://doi.org/10.5194/egusphere-2023-2618
Preprint. Discussion started: 4 December 2023
c© Author(s) 2023. CC BY 4.0 License.



 

 

17 

 

 

Figure 1: Map of the study region including average monthly Fire Information for Resource Management System (FIRMS) fire 

hotspot count from MODIS on the Terra and Aqua satellites for 2000-2022. The boxes indicate specific regions for which monthly 

trends will later be examined in greater detail. These include Kuala Lumpur (KL; yellow), Watukosek (Java; cyan), and the larger 505 
area outlined by the white dashed box. 
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Figure 2: The four left panels show ozone mixing ratio SOM output for Kuala Lumpur (a, b) and Watukosek (e, f). The first (low 

ozone) and fourth (high ozone) nodes are shown for both SHADOZ stations. Grey profiles indicate all members of the respective 510 
nodes, with thick black lines showing node mean profiles, and cyan thick and dashed lines showing the average, 20th, and 80th 

percentile ozone for all profiles from the station. Text in each panel indicates the percent membership and total number of profiles 

for each node. The right four panels are the percent frequency according to month of the member profiles shown to their left for 

Kuala Lumpur (c, d) and Watukosek (g, h). 
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Figure 3: Composite anomalies from daily climatology (computed for 1991-2020) of GridSat-B1 11 µm brightness temperatures that 

correspond to the dates of the SOM node member ozonesonde profiles shown on Figure 2. The yellow, cyan, and black dashed boxes 

highlight the same regions as in Figure 1. 
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Figure 4: The same as shown in Figure 3, but for anomalies of daily MERRA-2 velocity potential at 200 hPa (VP200). 
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Figure 5: The same as shown in Figures 3 and 4, but for anomalies of daily AIRS Level 3 carbon monoxide at the 500 hPa level. 525 
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Figure 6: 1998-2022 monthly multiple linear regression (MLR) model ozone trends for the merged Kuala Lumpur/Watukosek (KL-

Java) ozonesonde data in nmol mol-1 (a) and percent (b) per decade. Panel (a) includes the lowest 5 km, but our focus is on 5-15 km 

altitudes as indicated by the black dashed box on (a) and shown in (b). Cyan hatching indicates trends beyond the 95% confidence 530 
interval (i.e., historically referred to as statistically significant). 
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Figure 7: 1998-2022 MLR trends of GridSat-B1 11 µm brightness temperature in Kelvin per decade for March (a), June (b), 

September (c), and December (d). The yellow, cyan, and black dashed boxes highlight the same regions as in Figure 1. Stippling 535 
indicates trends within the 95% confidence interval (i.e., historically referred to as statistically insignificant). 
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Figure 8: The same as shown in Figure 7, but for NOAA Climate Data Record (CDR) Outgoing Longwave Radiation (OLR) in Watts 

per square meter per decade. 540 
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Figure 9: The same as shown in Figures 7 and 8, but for MERRA-2 velocity potential at 200 hPa (VP200) in meters squared per 

second per decade. 
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Figure 10: The same as shown in Figures 7-9, but for MERRA-2 precipitable water (PWAT) in kilograms per square meter per 

decade. 
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 550 

Figure 11: The same as shown in Figures 7-10, but for AIRS CO at 500 hPa in nmol mol-1 per decade. 
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Figure 12: Monthly average trends with 95% confidence interval (error bars) for the three regions highlighted on the maps of 

previous Figures (yellow = Kuala Lumpur; cyan = Watukosek; black = larger region). The monthly trends are presented for GridSat-555 
B1 11 µm Tb (a), NOAA OLR (b), MERRA-2 VP200 (c), MERRA-2 PWAT (d), and AIRS 500 hPa CO (e). All trends are for 1998-

2022, except for AIRS CO (e) for which data are only available since September 2002. 
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