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Abstract. The thermodynamic phase of clouds in low and middle levels over the Southern Ocean and the Arctic Ocean is

poorly known, leading to uncertainties in the radiation budget in weather and climate models. To improve the knowledge of the

cloud phase, we analyse two years of the raDAR-liDAR (DARDAR) dataset based on active satellite instruments. We classify

clouds according to their base and top height and focus on low-, mid- and mid-low-level clouds as they are most frequent in the

mixed-phase temperature regime. Low-level single-layer clouds occur in 22-26
::::
8-15% of all profiles, but single-layer clouds5

spanning the mid-level also amount to approx. 15%. Liquid clouds show mainly a smaller vertical extent, but a horizontally

larger extent compared to ice clouds. The results show the highest liquid fractions for low-level and mid-level clouds. Two local

minima in the liquid fraction are observed around cloud top temperatures of -15 ◦C and -5 ◦C. Mid-level and mid-low-level

clouds over the Southern Ocean and low-level clouds in both polar regions show higher liquid fractions if they occur over sea

ice compared to open ocean. Low-level clouds and mid-low-level clouds with high sea salt concentrations, used as a proxy10

for sea spray, show reduced liquid fractions. In mid-level clouds, dust shows the largest correlations with liquid fraction with

a lower liquid fraction for a higher dust aerosol concentration. Low-level clouds clearly show the largest contribution to the

shortwave cloud radiative effect in both polar regions followed by mid-low-level clouds.

1 Introduction

Cloud phase has a major influence on the Earth’s radiation budget due to different scattering, absorption and emission properties15

of liquid droplets and ice particles. Weather and climate models show strong biases in the shortwave radiation over the Southern

Ocean related to biases in the representation of clouds and their phase (e.g. Cesana et al., 2022; Forbes and Ahlgrimm, 2014).

Although in the recent sixth phase of the Coupled Model Intercomparison Project (CMIP6), models have improved their

representation of clouds compared to the results of CMIP5, the cloud feedback remains the largest source of uncertainty in

climate feedbacks (Arias et al., 2021; Forster et al., 2021). The CMIP5 results (Taylor et al., 2012) showed large radiative20

biases over the Southern Ocean caused by a lack of supercooled liquid water mainly in the cold sector of cyclones (Arias et al.,

2021; McFarquhar et al., 2021; Bodas-Salcedo et al., 2016). Cesana et al. (2022) showed that CMIP6 simulations reduced the
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average radiative bias over the Southern Ocean by increasing the number of low- and mid-level clouds. Models with more

complex microphysics than only temperature dependent liquid and ice partitioning tend to show a better representation of

the liquid phase fraction, but all models struggle to generate the correct shortwave reflection south of 55 ◦S (Cesana et al.,25

2022). Zelinka et al. (2020) showed that the spread of radiative cloud feedback between different models increased from

CMIP5 to CMIP6. Contrary to previous results, where "too few and too bright" stratocumulus clouds were simulated, CMIP6

results show too many stratocumulus clouds over the Southern Ocean, which are not bright enough compared to observations

(Schuddeboom and McDonald, 2021). To improve the radiative balance over the Southern Ocean, the accurate representation

of stratocumulus clouds in simulations should remain a priority (Schuddeboom and McDonald, 2021). Desai et al. (2023)30

showed the underestimation of the ice phase below cloud top in low-level clouds over the Southern Ocean in the Energy

Exascale Earth System Model version 1 (E3SMv1). Besides low-level clouds, CMIP6 models also struggle to simulate the

correct optical properties and regime variability of mid-level topped clouds forming in the boundary layer over the Southern

Ocean leading to errors in the shortwave reflection (Cesana et al., 2022). Based on the different definitions of cloud types,

the results of previous papers differ in finding the source of the radiative biases either in low-level stratocumuls clouds only35

(Schuddeboom and McDonald, 2021) or in low-level and mid-level clouds (Cesana et al., 2022). Furthermore, there is a lack

of studies investigating mid-level clouds, which were described as the "forgotten clouds" by Vonder Haar et al. (1997). Until

now the number of studies on mid-level clouds (Alexander and Protat, 2018; Kayetha and Collins, 2016; Mason et al., 2014;

Sassen and Wang, 2012; Zhang et al., 2010; Smith et al., 2009; Fleishauer et al., 2002) is limited and they often only examine

case studies, or focus on specific mid-level clouds, such as optically thin ice clouds or liquid-layer topped clouds.40

Besides the large errors over the Southern Ocean, the representation of low-level clouds in the Arctic also shows large

uncertainties in model simulations (Taylor et al., 2019). Taylor et al. (2019) also pinpoint the need of an improved understanding

of the ice formation and the cloud phase partitioning. Wei et al. (2021) showed a too high cloud fraction over the Arctic in

CMIP6 simulations compared to various satellite observations leading to the underestimation of the shortwave radiation at the

surface. Tjernström et al. (2021) showed that the Integrated Forecasting System (IFS) of the European Centre for Medium-45

Range Weather Forecasts (ECMWF) shows too much cloud occurrence below 3km and not enough between 3km and 5km.

A too high cloud cover below 3km was also seen by McCusker et al. (2023) in the Met Office Unified Model (UM) and in

the IFS. Comparing model results with observations from the Multidisciplinary drifting Observatory for the Study of Arctic

Climate expedition (MOSAiC, see Shupe et al. (2022)) during winter, all operational and experimental forecast system models

underestimated the liquid water path (LWP) and overestimated the ice water path (IWP) (Solomon et al., 2023). Klein et al.50

(2009) showed as well too small LWP in cloud-resolving model and single-column model simulations compared to observations

for a case study of Arctic single-layer clouds, but simulated IWP being generally consistent with observations.

Cloud phase is influenced by the temperature with increasing freezing probability for lower temperatures. Nevertheless,

supercooled liquid clouds occur quite frequently in polar regions at lower temperatures (D’Alessandro et al., 2021; Bodas-

Salcedo et al., 2016; Hu et al., 2010). Besides temperature, cloud phase is also influenced by the availability of ice nucleating55

particles (INPs) and their composition, as well as by other ice formation processes depending on liquid particle properties and

supersaturation. Especially marine organics including biological parts seem to play an important role as INPs in polar regions
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(Ickes et al., 2020; McCluskey et al., 2018; DeMott et al., 2016; Wilson et al., 2015; Burrows et al., 2013). A previous study

suggested an influence of sea ice coverage on the availability of sea spray aerosols and thereby an effect on the cloud phase of

low-level clouds over both hemispheres (Carlsen and David, 2022). Papakonstantinou-Presvelou et al. (2022) found higher ice60

number concentrations in Arctic low-level ice clouds over sea ice compared to Arctic low-level clouds over the ocean. Zhang

et al. (2019) and Lenaerts et al. (2017) compare clouds between both polar regions. Zhang et al. (2019) use ground-based remote

sensing instruments while Lenaerts et al. (2017) compare satellite observations with reanalysis and climate simulations.

Due to the lack of a consistent cloud classification, it is hard to compare the results of studies using different classifications.

Cloud classifications are often dependent on the datasets used in the studies. Passive satellite observations mainly provide65

cloud top information or vertically integrated cloud water contents, while active instruments provide vertically resolved in-

formation, but have a less good temporal resolution compared to geostationary passive satellite observations. Many studies

based on passive satellite observations are based on the ISCCP cloud regimes (Rossow and Schiffer, 1999) only using cloud

top pressure and optical thickness for the cloud classifications. Even for studies using active instruments, cloud type definitions

vary, as e.g. low-level clouds are defined by the cloud top height (CTH) smaller or equal than 3km in Danker et al. (2021)70

::::::::::::::::
Danker et al. (2022), while many CloudSat products use the classification of Wang and Sassen (2001), which includes various

parameters like the cloud base height (CBH), rain, horizontal and vertical cloud dimensions, and the LWP. There is certainly

a need for a more uniform definition of specific cloud types and the parameters they depend on. This study investigates all

cloud types having a low or middle cloud base height, but also considers various cloud tops enabling a more detailed analysis

considering various cloud extensions. To distinguish cloud types, we use the cloud top height as well as cloud base height and75

divide the troposphere into 3 layers (low, middle, high) similar to the definitions by the World Meteorological Organization

(2017). Detailed definitions are described in Sec. 3.

The main objective of this paper is to systematically investigate the occurrence of cloud types with low and middle cloud

base heights and to improve the knowledge about their phase distribution over the Southern
:::::
Ocean and the Arctic Ocean

::::::
marine

::::::
regions. Section 2 describes the data which are used for this analysis. Section 3 follows with a description of the methods used80

to distinguish cloud types and to investigate the cloud phase. The main results are then described and discussed in Sec. 5, split

into different subsections. Section 5.1 presents the frequency of occurrence of the different cloud types and Sec. 5.2 focuses

on the thermodynamic phase of the different cloud types with several subsections investigating the influence and correlation

of various parameters on the cloud phase. Section 5.3 covers the cloud radiative effects of the different cloud types and its

correlation with the cloud phase. Section 4 states some uncertainties of the datasets, the method, and the results. Lastly, Sec. 685

summarises the major results.

2 Data

2.1 Cloud phase classification

The raDAR-liDAR (DARDAR) dataset is based on measurements of the CloudSat (Stephens et al., 2002) satellite based radar

and the Cloud-Aerosol Lidar with Orthogonal Polarization (CALIOP) onboard the Cloud-Aerosol Lidar and Infrared Pathfinder90
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Satellite Observation (CALIPSO) satellite (Winker et al., 2009). DARDAR provides a detailed cloud phase categorisation (see

Tab.1) based on a retrieval scheme using a combination of the radar reflectivity and the lidar backscatter. While the radar is

more sensitive to ice particles due to their larger size, the lidar shows a strong enhancement in the backscatter when liquid

droplets are observed. Details on the retrieval of the phase categorisation can be found in Delanoë and Hogan (2010, 2008).

For our study we use the second version of the DARDAR classification described and validated in Ceccaldi et al. (2013).95

Furthermore, collocated ECMWF AUXillary (ECMWF-AUFX) data are used within the retrieval process to categorise the

cloud phase (Delanoë and Hogan, 2010). Temperature from this dataset is included in the DARDAR dataset and also used for

further analysis. The dataset has a vertical resolution of 60m and a horizontal resolution of about 1.5 km along the track of the

polar-orbiting satellites.

2.2 Sea ice data100

We use daily sea ice concentrations from Nimbus-7 SMMR and DMSP SSM/I-SSMIS Passive Microwave Data, Version 1

(Cavalieri et al., 1996), which have an original horizontal resolution of 25 km. This is much coarser compared to the DARDAR

dataset, but is suitable for our analysis focusing on the influence of aerosol emissions distributed in the boundary layer. As

sea ice is also temporally more homogeneous than clouds, we think a daily resolution of sea ice is sufficient for our purpose.

Furthermore, while the coarse resolution is not sufficient to identify small fractures in sea ice coverage, it can provide general105

information on the coverage of the ocean by sea ice. The advantage of the microwave instrument is that the sea ice concentra-

tions can also be observed in cases where clouds are above the sea ice, which is of special interest for our study investigating

the correlation of sea ice with the cloud phase.

2.3 Aerosol data

The ECMWF Atmospheric Composition Reanalysis 4 (EAC4) (Inness et al., 2019) from the Copernicus Atmosphere Monitor-110

ing Service (CAMS) provides mixing ratios of different aerosol types: dust, sea salt, organic matter, black carbon, and sulphate

aerosol. The horizontal resolution is about 80 km and the temporal resolution is 3-hourly (Inness et al., 2019). The aerosol op-

tical depth (AOD) from the Moderate Resolution Imaging Spectroradiometer (MODIS) and from the Advanced Along-Track

Scanning Radiometer (AATSR) is assimilated by a 4D-Var data assimilation system of ECMWF’s IFS (Inness et al., 2019).

Lapere et al. (2023) compare CAMS sea salt reanalysis with a few station observations in the Arctic and Antarctic and show115

in their Fig. 7 that most stations show strong Pearson correlation coefficients despite partly high normalised mean biases.

2.4 Cloud radiative effects

We analyse the cloud radiative effect (CRE) of various cloud types at the top of the atmosphere (TOA) using the version

P1_R05 of the CloudSat 2B-FLXHR-LIDAR product (Henderson et al., 2013; L’Ecuyer et al., 2008). The cloud radiative

effect is defined as the difference between the net flux in clear-sky conditions and the net flux in all-sky conditions. The net120

flux is calculated as the difference between the upward flux (F↑) and the downward flux (F↓) (see Eq. 1) (L’Ecuyer et al.,
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2008).

CRE = (F↑ −F↓)clear−sky − (F↑ −F↓)all−sky (1)

The radiative transfer algorithm estimates radiative fluxes based on CloudSat, CALIPSO, and MODIS products including

cloud information like the ice water content, the liquid water content and the effective radius, precipitation information, but125

also aerosol information from CALIPSO, as well as temperature and humidity profiles from ECMWF analyses (Henderson

et al., 2013). Further flux calculations are performed after removing all clouds to calculate the CRE.

The net cloud radiative effect (NETCRE) is calculated by summing up the longwave cloud radiative effect (LWCRE) and

the shortwave cloud radiative effect (SWCRE).

2.5 Time and region130

We use data from all products between the years 2007 and 2008, because the data availability of CloudSat/CALIPSO products

is optimal for these years as there are no large data gaps due to instrument failures or satellite issues. The region of the Southern

Ocean is defined as latitudes from 40 °S to 82 °S
::::::
similar

::
to

:::::::
previous

::::::
studies

:::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::
(Cesana et al., 2023; D’Alessandro et al., 2021; Bodas-Salcedo et al., 2016)

. The poleward boundary is based on the availability of the dataset from active sensors on polar orbiting satellites. Data over

land are excluded, which leads to a boundary between 70 °S and 80 °S, following the coast of Antarctica. The Arctic Ocean135

is
::::::
marine

::::::
regions

:::
are

:
defined from 60 °N to the northern boundary of the dataset at around 82 °N

:::
and

:::
are

::::::::
hereafter

:::::::
referred

::
to

::
as

:::
the

:::::
Arctic

::::::
Ocean,

:::::::
similar

::
to

:::
the

::::::::
definition

::
of

:::
the

:::::::::::
International

:::::::::::
Hydrographic

:::::::::::
Organization

::::::::::::::::::::
(Jakobsson et al., 2004). Both

regions
:::::
cover

::::::
various

:::::::::
conditions

::
in
:::
the

:::::::::
parameter

:::::
space

::
of

::::::::
different

::::::
surface

::::::::::
conditions,

::::::
aerosol

::::::::
contents,

:::
and

:::::::::::::
meteorological

::::::::
dynamical

::::::::::
conditions.

::::
Both

::::::
regions

:
are illustrated in Fig. 1 highlighting the sea ice variation between the seasons.

3 Methodology140

As a first step, we collocate the DARDAR data with the 2B-CLDCLASS-LIDAR dataset, which means that only profiles

are considered that occur in both datasets. We only consider profiles with a single cloud layer to reduce uncertainties and

the influence of overlapping clouds. This means profiles that contain a single connected cloud layer from the phase mask

of DARDAR without any gaps in between, as discontinuities don’t allow a continuous analysis of e.g. the vertical phase

distribution within a cloud. Thereby, multi-layer clouds are excluded from this study, which reduces the number of cloud145

profiles by about 50%. Table 1 shows all categories from the DARDAR-MASK v2 classification and describes which of them

we consider as a cloud and as which thermodynamic cloud phase they are assigned to. We calculate the CBH, the CTH, and

the vertical extent for each cloud profile.

To distinguish between cloud types, we use the CBH and the CTH. Figure 2 shows a schematic of the cloud types we

investigate in this paper. The troposphere is divided into three layers. The lower troposphere layer is defined from 0 km to150

2 km. The middle troposphere layer is defined from 2 km to a threshold Zmax, which increases from 4 km at the pole to 7 km

at 40 ◦ based on the latitude (lat), see Eq. (2). The highest layer in the troposphere is then consequently defined by heights
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Figure 1. Map of the Southern Ocean and the Arctic Ocean with sea ice concentrations in March and September averaged for 2007 and 2008

to illustrate sea ice cover over both regions. Data are from (Cavalieri et al., 1996) (version 1) provided by the National Snow and Ice Data

Centre (NSIDC).

Figure 2. Schematic of the different cloud types classified by their top and base heights. The upper threshold Zmax is a value between 4 km

and 7 km depending on the latitude and described in Sec. 3.
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Table 1. DARDAR-MASK categories and how they are considered for the cloud phase analysis in this study

DARDAR-MASK v2 Considered Phase

Presence of liquid unknown -

Surface and subsurface -

Clear sky -

Ice clouds Ice

Spherical or 2D ice Ice

Supercooled water Liquid

Supercooled + ice Mixed

Cold rain -

Aerosol -

Warm rain -

Stratospheric clouds -

Highly concentrated ice Ice

Top of convective towers -

Liquid cloud Liquid

Warm rain + liquid clouds Liquid

Cold rain + liquid clouds Liquid

Rain may be mixed with liquid Liquid

Multiple scattering due to supercooled water Liquid

larger than the previously described threshold Zmax. The two thresholds Zmax and 2 km defining the three tropospheric layers,

are also shown in Fig. 3 with the dashed lines. The thresholds for the definitions are based on the definitions from the World

Meteorological Organization (2017). Regarding the vertical distribution of the annual mean temperatures in Fig. 3, the threshold155

Zmax is also mostly parallel to the isotherms, which shows one of the reasons for the chosen threshold decreasing polewards.

Furthermore, the threshold Zmax is in the upper part of the mixed-phase temperature regime.

Zmax =

4km+ 7km−4km
−40°−(−90°) · (90°− lat) , if lat > 0.

4km+ 7km−4km
−40°−(−90°) · (90°+ lat) , if lat < 0.

(2)

Low-level clouds (L) are defined by a CBH and CTH between 0
:::
500m and 2 km, compare first column in Fig. 2.

::::::
Clouds

::::
with

::::
CBH

:::::
below

::::
500m

:::
are

:::::::
excluded

:::::
from

:::
the

::::
study

::
to

::::::
reduce

:::::::::::
uncertainties

:::::::::
introduced

::
by

::::::
ground

::::::
clutter

::
in

:::
the

::::::::
CloudSat

:::::
signal160

:::::::::::::::::::::::::::::::::::::::::::::
(Bertrand et al., 2024; Liu, 2022; Blanchard et al., 2014)

:
. The second column in Fig. 2 shows mid-low-level clouds (ML) with

CBH below
:::::::
between

::::
500m

:::
and

:
2 km and CTH between 2 km and Zmax. Clouds with CBH between 0

:::
500m and 2 km and

CTH larger than Zmax are called high-mid-low-level clouds (HML), see third column in Fig. 2. Mid-level clouds (M) have
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Figure 3. Zonal mean temperature over the Southern Ocean (a) and the Arctic Ocean (b). The coloured contours show the zonal mean

temperature averaged between 2007 and 2008. The data are based on ECMWF reanalysis data, which are collocated to the DARDAR

dataset. The black dashed lines indicate the thresholds of the atmosphere layers, to define the different cloud types. The lower threshold is at

2 km, the upper threshold height decreases polewards following Eq. 2.

their CBH and their CTH between 2 km and Zmax, shown in the forth column in Fig. 2. The last column in Fig. 2 shows

high-mid-level clouds (HM) with CTH larger than Zmax and CBH between 2 km and Zmax. We generally use two approaches,165

(1) the statistical analysis of individual cloud profiles, and (2) the analysis of cloud objects, which are horizontally connected

cloud profiles. In most parts of the paper approach (1) is used, while in Sec. 5.2.1 approach (2) is used.

The liquid fraction f is calculated for each vertical cloud column by

f =
nliq +0.5 ·nmix

nliq +nmix +nice
(3)

with nliq being the number of liquid vertical bins of the cloud profile, nmix being the number of mixed-phase vertical bins, and170

nice as the number of ice vertical bins. Due to the absence of better information it is assumed that half of each mixed-phase

vertical bin consists of liquid droplets and half of it consists of frozen ice crystals, as the mixed-phase category is mainly based

on a signal from both the radar and the lidar. Based on these calculations, a liquid fraction which is larger than 0 and less than

1 refers to mixed-phase cloud profiles. In the following, „liquid fractions“ or „vertical liquid fractions“ refer to this definition

of f , unless otherwise stated.175

The cloud top liquid fraction fCT is calculated with Eq. 4 only considering the cloud top phase, i.e., the uppermost 60-m

layer in each column that DARDAR defines as cloud. In Eq. 4 Nliq is the total number of liquid cloud top bins, Nmix is the

total number of mixed-phase cloud top bins, and Nice is the total number of ice bins at cloud top. fCT is not meaningful for a

single cloudy bin, but is statistically evaluated for all clouds with a given cloud top temperature.

fCT =
Nliq +0.5 ·Nmix

Nliq +Nmix +Nice
(4)180

8



We use the sea ice concentration closest to each cloud profile to analyse a possible influence of sea ice on the cloud phase (see

Sec. 5.2.4). We further distinguish between open and sea-ice-covered ocean. Open ocean is defined by a sea ice concentration

of 0%. For our analysis we consider sea ice concentration larger or equal than 80% as sea-ice covered, which is based on

the nomenclature from the World Meteorological Organisation (JCOMM Expert Team on Sea Ice, 2009). Over the Southern

Ocean 72
::
75% to 82

::
86% of the cloud profiles occur over open ocean, 10

:
8% to 16

::
14% of the cloud profiles are over closed sea185

ice with the interval referring to the fraction for different cloud types. 8
:
6% to 13

::
12% of the cloud profiles over the Southern

Ocean are over open ice with a sea ice concentration larger than 0 and lower than 80%, which are not analysed in this study.

Over the Arctic Ocean the fraction of cloud profiles over open ocean is much lower with 33
::
34% to 37%, a higher fraction of

the cloud profiles (43
::
42% - 50

::
49%) is over sea ice, and 17% -23% of the cloud profiles occur over open ice. To investigate

the differences in cloud phase depending on the sea ice concentration, the mean liquid fraction of cloud profiles over the open190

ocean are compared with the mean liquid fraction of cloud profiles over sea ice. For each CTT-bin of 2 ◦C the distribution of

the liquid fraction over ocean are compared to the distribution of the liquid fraction over sea ice, and it has been tested if the

two distributions differ significantly using a Z-test and a p-value of 0.05.

We collocate the CAMS reanalysis to the DARDAR profiles. The mixing ratio of the different size modes of each aerosol

type are summed up, to only consider aerosol types, without a size dependence. For the analysis the mean aerosol mixing ratios195

in the cloud profiles observed by the DARDAR dataset are calculated. We calculate the difference between the mean liquid

fraction of clouds with a high aerosol type mixing ratio, greater than the 75th percentile, and the mean liquid fraction of clouds

with a low aerosol type mixing ratio, less than the 25th percentile, as a function of the CTT with a bin size of 2 ◦C.

For both the ocean-sea ice comparison as well as the low-high aerosol comparison, we only calculate the difference of the

liquid fractions if there are at least 500 cloud profiles in both categories for each CTT bin. These analysis are based on the200

statistics of individual profiles and no spatial analysis is done for this part.

In Sec. 5.2.1, we investigate the horizontal extent of the various cloud types and the correlation of the cloud phase with

the horizontal extent. For this analysis cloud objects (approach (2)) are analysed. To examine the horizontal cloud extent, we

analyse the time difference between a specific cloud profile and the next cloud profile of the same cloud type along the satellite

track. If this time difference is less or equal than 0.2 s, which is the usual time difference to the next profile and corresponds to205

the resolution of the CloudSat profiles, the cloud profiles are considered as the same cloud. Time differences larger than 0.2 s

indicate a gap of about 1 km between the cloud profiles, and the cloud profiles are therefore considered as separate clouds in

absence of better information. Based on this separation, the phase of one cloud object, consisting of horizontally connected

cloud profiles, is investigated. Only if all profiles are fully liquid, the cloud is considered as a liquid cloud. The same is valid

for an ice cloud. Mixed-phase cloud objects either consist of ice profiles next to liquid profiles, or contain any mixed-phase210

profiles. In addition to the horizontal extent of the cloud, we also calculate the vertical extent by subtracting CBH from CTH

for each vertical profile. For each cloud object, based on horizontally "connected" cloud profiles, we calculate the mean of

the vertical extent of the single profiles to obtain the mean vertical extent of the cloud object. The horizontally connected

profiles are only used for the analysis in Sec. 5.2.1. All other results are based on the single cloud profiles, no matter if they are

connected or not.215
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4 Uncertainties

The combination of the different resolutions of the various datasets used in this study introduces uncertainties. While the

DARDAR dataset has a very high spatial resolution (△h= 60m,△x= 1.5km), sea ice data and CAMS reanalysis have a

much coarser spatial resolution. The temporal resolutions are also different, as the sea ice concentration is only available on a

daily basis. Nevertheless, we think that due to the coarser resolution the temporal difference might play a minor role, as the sea220

ice concentration is only used to distinguish between sea ice conditions and open ocean. We don’t consider small leads, cracks,

etc., but rather want to distinguish between mostly sea-ice-covered ocean and open ocean.

For the aerosol reanalysis, the temporal resolution is 3-hourly and thereby introduces a temporal shift to the detection of

single cloud profiles from the active satellite observations. Similar to the sea ice, the spatial resolution is rather coarse with

80 km. However, we don’t investigate the total value of a mixing ratio within single cloud profiles, but rather investigate them225

in a statistical sense considering the upper and lower concentration quartiles (see Sec.5.2.4). Furthermore, we investigate the

mean of aerosol mixing ratios in specific cloud types.

One of the largest uncertainties regarding the phase detection is the strong attenuation and partly full extinction of the

lidar signal in supercooled liquid layers. This uncertainty is well known, but in combination with studies using ground based

observations the satellite perspective is still very useful and can lead to an improved understanding. Furthermore, we can230

interpret the liquid fraction used in this study as a lower boundary, which would even increase, if we could correct the lidar

extinction and thereby the possible underestimation of the liquid phase. To examine the range of uncertainty, Fig. A1 and Fig.

A2 show the results for the liquid fractions in the cloud types as a function of CTT, considering only profiles where the lidar

is not fully attenuated, compared to considering all cloud profiles. Minor uncertainties are the extinction or attenuation of the

radar signal in heavily raining clouds or deep convective systems, but as we focus more on shallow clouds and not tropical235

deep convective systems, this only plays a minor role. Another uncertainty is introduced by ground-clutter of the CloudSat

radar signal, but that also highlights the advantage of the usage of several instruments for the cloud phase determination.

Nevertheless, the clutter of the radar signal introduces uncertainty
:
.
:::
We

::::
have

:::::::::
attempted

::
to

::::::
reduce

:::
the

::::::
impact

::
of

::::::
ground

::::::
clutter

::
by

::::::::
excluding

::::::
clouds

:::::
with

:
a
:::::
cloud

::::
base

::::::
below

::::
500m

:
,
:::
but

::::
also

::::::
clouds

:::::
above

::::
this

::::::::
threshold

:::::
could

::
be

::::::::
impacted

::
to
:::::

some
::::::
extent

:::::::::::::::::::::::::::::::::::::
(Blanchard et al., 2014; Marchand et al., 2008). Alexander and Protat (2018) showed that DARDAR underestimates clouds at240

heights of 0.2 km to 1.0 km by a factor of 3 compared to a surface-based lidar at Cape Grim, Australia from July 2013-February

2014.

An uncertainty in the analysis of the cloud radiative effect is based on the assumptions made in the retrieval process of the

2B-FLXHR-LIDAR dataset. As the retrieval assumes a certain profile including liquid water content and ice water content

based on different CloudSat products, such as the 2B-CWC or 2B-GEOPROF, this may not be consistent with the DARDAR245

dataset, which we use to calculate the liquid fraction for each cloud profile. However, we expect only minor differences as

both, the 2B-FLXHR-LIDAR retrieval and the DARDAR retrieval are mainly based on CloudSat and CALIPSO observations.
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5 Results and discussion

5.1 Cloud type occurrence frequency

Figure 4 shows the occurrence frequency of the different cloud types in the two years 2007 and 2008 with respect to the total250

number of observed DARDAR profiles including cloud-free profiles. Low-level clouds are most frequent with an occurrence of

25.6
:::
15.8% over the Southern Ocean and 21.5

::
8.6% over the Arctic Ocean, see magenta colour in Fig. 4. Mid-low-level clouds

occur in about 8.1
:::
6.5% of the profiles over the Southern Ocean and in about 6.9

::
5.5% over the Arctic Ocean. Mid-level clouds

are much less frequent compared to low-level clouds. Nevertheless, they are not negligible and show similar frequencies as

high-mid-level clouds, while high-mid-low-level clouds are twice as
::::::
slightly

:::::
more

:
frequent. The fraction of multi-layer and255

other clouds is slightly larger over the Southern Ocean with 44.7% compared to 40.4% over the Arctic Ocean. The "Multi-

layer/Others" category is not comparable to a proper multi-layer cloud category, as there is neither a threshold for the minimum

vertical extent of a cloud layer nor for the cloud-free layer. Even small cloud-free gaps of 60m within a cloud layer fall into

this category, because we exclude such profiles in our analysis as our focus in this study is on single-layer clouds and we

want to reduce uncertainties introduced by discontinuities. Future studies could analyse the "Multi-layer / Others" category in260

more detail and investigate the sensitivity of the fractions to thresholds for a minimum vertical extent of cloud layers and gaps

between cloud layers to distinguish between vertically overlapping cloud layers and smaller discontinuities in cloud layers.

::::
12.6

::
to

::::
15.1%

::
of

:::
the

::::
data

:::
are

::::::
clouds

::::
with

::
a
:::::
CBH

:::::
lower

::::
than

::::
500m

:::::
which

:::
are

:::
not

::::::
further

::::::::
analysed

::
in

::::
this

::::
study

:::::::
because

:::
of

::::
large

:::::::::::
uncertainties

:::
due

::
to
:::::::

ground
::::::
clutter.

::::::
Further

:::::::
analysis

::::::::
showed,

:::
that

:::::
most

::
of

:::::
these

:::::
cloud

::::::
profiles

:::::
have

:::
low

:::::
cloud

::::
tops

::::
and

:::::
would

::::
refer

::
to

:::
the

::::::::
low-level

:::::
cloud

::::
type

::::::::
category. The fraction of clear-sky profiles is higher over the Arctic Ocean with 19.9%265

compared to 10.6% over the Southern Ocean. Generally, the cloud type occurrence frequencies over the Southern Ocean are

very similar to the ones over the Arctic Ocean except for a slightly higher occurrence of low-level and mid-low-level clouds

over the Southern Ocean.

Sassen and Wang (2008) investigated the frequency of specific cloud types as a function of the latitude with the 2B-

CLDCLASS dataset based on global CloudSat observations from 15 June 2006 to 15 June 2007 distinguishing between clouds270

over ocean and clouds over land. Although the cloud type definition and distinction criteria differ to the ones we use we still

compare some similar cloud types. Our frequency of the low-level cloud category compares quite well to the stratus and stra-

tocumulus (St+Sc) with frequencies between 20 and 30% in similar latitudes over ocean. They find a higher fraction of high

clouds between 1% and 10% compared to our result of about 1.4%. The mid-level and mid-low-level clouds can be best

compared to altocumulus (Ac) (≈ 5%) and altostratus (As)(≈ 20%) clouds which both show higher frequencies compared to275

our results. The way how multi-layer clouds are considered in our study and the study of Sassen and Wang (2008) introduces

a bias, because Sassen and Wang (2008) would still classify the overlapping cloud types, which leads to higher frequencies in

their cloud categories compared to our results, as we consider them in a separate category as multi-layer clouds. This could

explain some of the discrepancies between the observed numbers. Mace and Zhang (2014) also showed a cloud coverage of

about 35% of clouds with cloud tops lower than 3 km over the Southern Ocean and 25% over the Arctic Ocean, which is280

similar to our result including the fact that the
:::::
higher

:::::::::
compared

::
to

:::
our

::::::
results,

:::
but

:::
the

:
definitions differ to ours.

11
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Figure 4. Frequency of different cloud type occurrence. The frequency is calculated as the total number of DARDAR-profiles containing

a specific cloud type, observed during two years 2007 - 2008, and divided by the total number of DARDAR-profiles available including

cloud-free profiles.

The temperature has a large influence on cloud phase, as mixed-phase clouds can only exist in the temperature range be-

tween 0 °C and -38 °C. Therefore, we investigate the relative frequencies of the different cloud types with respect to the total

number of single-layer cloud profiles, as a function of their cloud top temperature (CTT), shown in Fig.5. In the mixed-phase

temperature regime the fraction of low-level clouds is high. The relative frequency of low-level clouds is slightly higher over285

the Arctic Ocean compared to the Southern Ocean for CTT colder than -13
:::
-15 ◦C. Mid-low-level clouds also show a high

frequency reaching a maximum of 0.6 over the Southern Ocean and 0.4 over the Arctic Ocean respectively at a temperature

of around -30 ◦C. We see higher fractions of mid-level clouds over the Southern Ocean than over the Arctic Ocean for CTT

colder than -15 ◦C, where already high-mid-level clouds exist over the Arctic Ocean. Regarding the mixed-phase tempera-

ture regime, low-level, mid-low-level and mid-level clouds are the dominating types of single-layer clouds in this temperature290

range. Therefore, further analysis and interpretations in this paper will focus on these cloud types.

5.2 Cloud phase

We will now investigate the thermodynamic phase of the different cloud types (Fig. 6).

12



60 40 20 0
CTT in C

0.0

0.2

0.4

0.6

0.8

1.0

Fr
eq

ue
nc

y

(a) Southern Ocean

60 40 20 0
CTT in C

0.0

0.2

0.4

0.6

0.8

1.0
(b) Arctic Ocean

Mid-level
High-mid-level

Low-level
Mid-low-level

High-mid-low-level
High-level

Figure 5. Stacked bars of the relative frequency of different cloud types only considering single-layer clouds as a function of cloud top

temperatures (CTTs). The black line shows the lower temperature boundary of the mixed-phase temperature regime at -38 °C.

Low-level clouds are mainly
:::::
About

::::
half

::
of

::::::::
low-level

::::::
clouds

:::
are

:
liquid clouds with a percentage of 62-63

::::
40-53%, a third

:::
half

:
of them (28-32

:::::
41-52%) are mixed-phase clouds, and a small fraction are pure ice clouds (6-8

:::
6-9%). The inner pie295

charts in Fig. 6 consider only cloud profiles where the lidar is not fully attenuated. We can see a decrease in the fraction

of mixed-phase clouds to a percentage of 10-12
:::::
14-29% for low-level clouds. Contrarily, the relative ice fraction and liquid

fraction increases when considering only profiles where the lidar is not fully attenuated. Regarding the mid-low-level clouds in

the second column of Fig. 6 a high fraction are mixed-phase profiles (72-73
:::::
72-74%), a small fraction (5-8

::::
6-10%) are liquid

profiles, while 20-23
:::::
18-20% are ice profiles. High-mid-low-level are mainly ice profiles (60-71

::::
60-74%) and a smaller fraction300

(29-40
:::::
26-40%) of mixed-phase profiles, but no liquid profiles. Mid-level clouds are liquid profiles in 36-37% of the cases. A

larger proportion of the mid-level clouds are mixed-phase profiles with a frequency of 37-41%. 23-27% of mid-level clouds are

ice profiles. Regarding the differences for mid-level cloud profiles where the lidar signal is not fully attenuated the fraction of

mixed-phase profiles decreases, while the fraction of ice profiles increases, and the fraction of liquid profiles slightly decreases

over the Arctic Ocean. High-mid-level clouds show a similar distribution to high-mid-low-level clouds with large fraction of305

64-78% being ice profiles, and 21-35% being mixed-phase profiles, but almost no liquid profiles (0-1%) probably due to low

cloud top temperatures with homogeneous ice formation.

Regarding the differences in the results considering all profiles of a cloud type, shown in the outer pie charts in Fig. 6 and

only considering profiles where the lidar is not fully attenuated, we can generally see a decrease of the fraction of mixed-phase

profiles, which indicates that in mixed-phase profiles the lidar is frequently attenuated. The reduction of the absolute numbers310

of profiles is strongest for mixed-phase clouds, which is the reason for the decrease of the relative fraction of mixed-phase
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Figure 6. Cloud phase distributions of various cloud types (columns
:::
rows) over the Southern Ocean

::::
Arctic

:::::
ocean (lower row

::
left

::::::
column) and

the Arctic
::::::
Southern

:
Ocean (upper

:::
right

:
row). The outer pie charts include all cloud profiles of a cloud type, while the inner pie charts only

consider cloud profiles, where the lidar signal is not fully attenuated by the cloud. The phases liquid, ice, and mixed-phase refer to the liquid

fraction described in Sec. 3 and Eq. 3. Liquid corresponds to a liquid fraction of 1, ice to a liquid fraction of 0, and the mixed-phase category

refers to liquid fractions larger than 0 but smaller than 1.
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profiles, while the relative fraction of ice and liquid profiles mostly increases. This might lead to uncertainties in the further

analysis.

In general, all cloud types show quite high fractions of mixed-phase cloud profiles. The frequencies of the different phases

are very similar between the Southern Ocean and the Arctic Ocean.315

We don’t compare the fractions of the cloud phase to previous literature (Mayer et al., 2023; Listowski et al., 2019; Huang

et al., 2012) at this point, as the percentages strongly depend on the definitions and considerations of the cloud types and on the

calculation and consideration of cloud phases, which vary a lot in the different studies. More detailed comparisons to previous

research will be done in the following subsections investigating different aspects of the cloud phase, such as the cloud phase as

a function of cloud top temperature.320

5.2.1 Cloud phase correlation with the vertical and horizontal cloud extent

We now investigate if clouds consisting of different phases and at different levels show differences in their horizontal and

vertical extent. The calculation of the horizontal and the vertical extent of the cloud objects is described in Sec. 3.

Figure 7 shows the results for the Southern Ocean and the Arctic Ocean. In general, ice clouds have a larger vertical extent,

while liquid clouds show only a small vertical extent, but reach a larger horizontal extent compared to ice clouds.325

Mixed-phase clouds show a broader distribution and can reach both large vertical and/or horizontal extent. In mid-low-level

(ML) clouds the horizontal extent is larger for mixed-phase clouds compared to liquid clouds, both over the Southern Ocean and

the Arctic Ocean. The horizontal extent of liquid and
::::::
clouds

:
is
:::::::
smaller

::::
than

::
in mixed-phase clouds of the same cloud typeare

similar. Comparing the horizontal extent of mixed-phase and ice clouds, we can see that mixed-phase high-mid-low-level

(HML) clouds have a smaller
::::::
clouds

::::
have

::::::
mainly

:
a
::::::
larger horizontal extent compared to ice-phase HML clouds. Other cloud330

types show the opposite signal with mixed-phase clouds having a larger horizontal extent compared to ice clouds of the same

cloud type
::::::
clouds, except for high-mid-level (HM ) clouds , which have a similar horizontal extent

:::::
HML

:::
and

::::
HM

::::::
clouds

::::
over

::
the

::::::
Arctic

::::::
Ocean

:::::::
showing

:::
the

:::::::
opposite

:::::
signal.

The results are very similar between clouds over the Southern Ocean and the Arctic Ocean. Regarding the difference between

the cloud types, the vertical structure is mainly forced by the definition of the cloud types, based on cloud base heights and335

cloud top heights, which also constrain the maximum vertical extent. The vertical extent of mixed-phase and ice clouds is

generally very similar.

The small vertical extent of liquid clouds is probably influenced by different factors. The liquid phase of the investigated

clouds is presumably dominated by smaller supercooled liquid droplets. These are mainly detected by the lidar, while the

radar is able to detect the liquid phase for larger droplets and rain. Therefore, the extinction of the lidar signal, due to strong340

attenuation, probably has a strong influence on the result of the small vertical extent of the liquid clouds. Thus, this result is at

least partly coming from the limited penetration depth of the lidar signal in supercooled liquid clouds. Nevertheless, there have

been studies using other observation techniques, such as ground-based remote sensing, showing that supercooled liquid cloud

layers tend to be shallow (Ansmann et al., 2009).
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Figure 7. 2-dimensional histogram of clouds with different phases regarding their horizontal and vertical extent. Minimum extent are 2

vertical layers, each 60m, and 2 horizontal profiles. Cloud profiles are considered as the same cloud, if the time difference to the next profile

of the same cloud type is less or equal than 0.2 s (see. Sec.3). The unit of the horizontal extent is km, assuming one vertical profile having

a horizontal distance of about 1.1 km to the next profile. h describes the mean horizontal extent in number of profiles, v describes the mean

vertical extent.
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Mixed-phase clouds show a larger vertical extent compared to liquid clouds in all cloud types and both over the Southern345

Ocean and the Arctic Ocean. This is also in line with theoretical knowledge about polar mixed-phase clouds. Typically, het-

erogeneous ice nucleation occurs in the supercooled liquid layer, the Wegener-Bergeron-Findeisen process leads to the growth

of the ice crystals, which then fall from these liquid layers and form virga. Including the virga in the cloud extent, the cloud

extent increases with the formation of ice compared to the supercooled liquid cloud.

Zhang et al. (2014) investigated the spatial scales of altocumulus clouds with globally collocated CloudSat/CALIPSO ob-350

servations and found a vertical extent of 1.96 km (± 1.10 km) and a horizontal extent of 40.2 km (± 52.3 km). The results for

the vertical extension matches quite well, with our result for mid-level clouds being slightly smaller, while the mean horizontal

extent in our analysis is smaller (3.89 km-6.24 km). However, the horizontal extent is strongly influenced by excluding specific

cases like multi-layer cloud profiles, which could lead to shorter horizontal scales, due to an overlap with a different cloud

layer. Other uncertainties occur in clouds having CTH and CBH close to the thresholds of the cloud type definition, which for355

example can lead to a cloud being partly classified as low-level and partly as mid-low-level by increasing CTH. This cloud

would be considered as two separate clouds, as they aren’t considered as the same cloud type.

5.2.2 Cloud phase dependence on the cloud top temperature

We now investigate how the cloud phase correlates with the cloud top temperature, especially in the mixed-phase temperature

regime between -35
:::
-38 ◦C and 0 ◦C. Figure 8 shows the cloud phase as a function of the CTT for the different cloud types in360

panel (a), and the liquid fraction of cloud top phase in panel (b), as it was explained in Sec. 3.

First of all, we can see the high liquid fraction in low-level clouds especially over the Southern Ocean at relatively low

temperatures between -40 ◦C and -17 ◦C in Fig. 8. Mid-level clouds show high liquid fractions as well, while mid-low-level

clouds show rather small liquid fractions. A small liquid fraction can also be observed for high-mid-level clouds, with high-

mid-level clouds occurring at lower temperature compared to mid-low-level clouds. Regarding the cloud top liquid fraction365

fCT in panel (b) in Fig. 8, the liquid fraction increases for all cloud types compared to the vertical liquid fraction f , indicating

a preferential occurrence of liquid at the cloud top.

Thinner cloud layers (L,M) have a higher liquid fraction compared to thicker cloud layers (HM, ML, HML) extending over

several troposphere layers, which was already described in Sec. 5.2.1. We can even see this, if we only consider the cloud top

phase, where the uncertainty introduced by the lidar extinction has no influence.370

In general, the liquid fractions of clouds over the Southern Ocean are higher compared to the liquid fractions of clouds over

the Arctic Ocean for CTT <−10◦C, while for high temperatures (CTT >−10◦C) the liquid fraction in clouds over the Arctic

Ocean is larger compared to the Southern Ocean.

Further important features are the local minima in the liquid fraction mainly seen at a CTT around -15 ◦C and partly around -

5 ◦C. Interestingly, this feature has already been seen in many other studies (Nagao and Suzuki, 2022; Danker et al., 2021; Zhang et al., 2019; Alexander and Protat, 2018; Zhang et al., 2014; Riley and Mapes, 2009)375

:::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::::
(Nagao and Suzuki, 2022; Danker et al., 2022; Zhang et al., 2019; Alexander and Protat, 2018; Zhang et al., 2014; Riley and Mapes, 2009)

, but has only partly been investigated and sometimes not even described. Zhang et al. (2014) saw a similar peak in the mixed-

phase fraction at -15 ◦C, investigating the vertical and horizontal scales of Ac clouds, but focused more on the differences
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Figure 8. Mean liquid fraction of profiles of different cloud types as a function of the cloud top temperatures (CTT). In panel (a) the liquid

fraction f is calculated for each vertical cloud column and then averaged for each 1 ◦C bin of the CTT. The liquid fraction of each profile

is calculated as described in Sec. 3, Eq. 3. In panel (b) only the cloud top phase is considered and the liquid fraction fCT is calculated as

described in Eq. 4, but only using the phase of all cloud top bins of one specific cloud type.

between different regions. Danker et al. (2021)
:::::::::::::::::
Danker et al. (2022) also showed the phenomena of increased ice formation at

-15 ◦C and -5 ◦C and discussed many other studies, which have shown this behaviour or which explain possible reasons. In the380

following, we will mention a few of them.

Riley and Mapes (2009) found an unexpected peak at -15 ◦C in the CloudSat echo, but studies have also shown the peak

using lidar observations (Nagao and Suzuki, 2022), which hints that this effect is not due to an issue of a specific instrument.

Regarding this temperature range, there are various studies describing different processes occurring around these temperatures,

maybe even interacting and causing other processes. The ice habits strongly depend on the temperature, with column-needles385

occurring/growing at temperatures around -5 ◦C and plate-stellar dendrites around temperatures of -15 ◦C (Avramov and Har-

rington, 2010; Fukuta and Takahashi, 1999). Especially, the dendritic growth zone occurring at -15 ◦C has also been inves-

tigated by other studies (von Terzi et al., 2022; Silber et al., 2021) and might lead to this increased ice fraction. The strong

growth of the ice crystals around these temperatures also leads to an increased signal in the remote sensing instruments and

therefore to an increased detection of ice. Another process correlating with dendritic ice crystals is an increased aggregation390
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Figure 9. Phase fraction at normalised cloud heights for mixed-phase clouds. Cloud types over the Southern Ocean are shown in panel a),

cloud types over the Arctic Ocean in panel b). The solid lines show the fraction of liquid vertical bins at certain normalised heights, while

the dotted lines show the fraction of mixed-phase vertical bins. The normalised height at the y axis is from 0 to 1 and values are calculated in

steps of 0.1.

rate (Chellini et al., 2022), but also the possibility of secondary ice formation (Mignani et al., 2019; Sullivan et al., 2018) due

to small fragments in case of collisions.

All of these processes might play a role as they affect each other. From the satellite perspective it is hard to pinpoint the

increased ice fraction to specific processes, because it could even be a combination of processes and the relevance of processes

might also vary depending on a specific region, time, and the conditions there. Nevertheless, the potential to even see these395

increased ice productions at specific temperatures is not yet fully exploited. The combination of this knowledge with other

ground based observations or laboratory experiments could improve our understanding of the cloud phase. This improved

process understanding can also lead to a better representation in models, which contrary to our results show a rather smooth

phase partitioning (e.g. McCoy et al., 2016).

5.2.3 Vertical phase distribution of mixed-phase clouds400

We now investigate how the phase is distributed vertically within the clouds. For this purpose, we limit our analysis to mixed-

phase clouds, as pure ice and pure liquid cloud profiles don’t show a vertical phase distribution. We only consider cloud profiles,

where the lidar is not fully attenuated to reduce the resulting uncertainties in the vertical phase distribution. To investigate the

vertical phase distribution of mixed-phase clouds we analyse all cloud profiles in which either both liquid vertical bins and ice

vertical bins are observed, or any mixed-phase vertical bins are observed in one vertical cloud column. Normalising the height405
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within the cloud, we calculate the fraction of liquid vertical bins at specific heights within the clouds, as well as the fraction of

mixed-phase vertical bins (see Fig. 9).

Most of the mixed-phase clouds show an increased liquid fraction at cloud top, and it strongly decreases towards lower

heights within the cloud, except for low-level clouds which show highest
:::::
similar

:
liquid fractions at lower heights of the cloud.

Further investigations (not shown) of low-level clouds have shown that this might mainly be based on the category ’Multiple410

scattering due to supercooled liquid’ (see Tab. 1). Most cloud types show also an increase of the liquid fraction at cloud base.

Both, the increased liquid fraction at cloud base, and the generally high liquid fraction in low-level clouds at lower heights

persist, if we restrict our analysis to cloud profiles with a maximum temperature of 0 ◦C, and are therefore not related to

melting. So far, it is not yet clear if the increased liquid fraction at lower heights is based on uncertainties like ground clutter

or actually due to more liquid water in clouds and further research is needed.415

The maximum of the fraction of mixed-phase vertical bins is located slightly below cloud top and most of the mixed-phase

vertical bins are located in the upper half of the cloud. The structure of mixed-phase clouds with an increased liquid fraction

at cloud top has been already seen in many other observations (Zhang et al., 2019; Carey et al., 2008; Fleishauer et al., 2002).

Studies based on ground-based remote sensing instruments also observed liquid cloud tops with ice mainly below in mixed-

phase clouds (Zhang et al., 2017; Kalesse et al., 2016; de Boer et al., 2011).420

The increased fraction of liquid and mixed-phase bins at cloud top is in line with the results found in Sec. 5.2.2 showing an

increased cloud top liquid fraction compared to the vertical liquid fraction. The high frequency of supercooled liquid at cloud

top was also shown by Schima et al. (2022) using airborne radar, lidar, and in-situ measurements collected during the Southern

Ocean Clouds, Radiation, Aerosol Transport Experimental Study (SOCRATES).

5.2.4 Cloud phase as a function of the sea ice concentration and the aerosol concentration425

To investigate the differences in cloud phase as a function of the sea ice concentration, the mean liquid fraction of clouds over

the open ocean are compared with the mean liquid fraction of clouds over sea ice. The detailed method is described in Sec.

3. Figure 10 shows the significant differences between the mean liquid fractions in clouds over ocean and the mean liquid

fraction in clouds over sea ice for different cloud types as a function of the cloud top temperature. It’s important to address

the behaviour at different temperatures, otherwise the generally lower temperatures over sea ice will naturally lead to a higher430

proportion of ice clouds.

Over the Southern Ocean the liquid fraction of clouds over sea ice is significantly higher compared to the clouds over the

open ocean especially in low-level clouds, but also in mid-level and mid-low-level clouds. Over the Arctic Ocean we can

see the same behaviour for low-level clouds, but mid-level and mid-low-level clouds only show small signals for cloud top

temperatures warmer than -10 °C. Furthermore, the difference of the liquid fractions
::::
over

:::
the

::::::::
Southern

::::::
Ocean is higher in435

low-level
:::
and

::::::::
mid-level clouds, compared to mid-level or mid-low-level clouds. A similar result for low-level clouds has been

found by Carlsen and David (2022) using a similar dataset based on CloudSat and CALIPSO observations, but a different

metric for the cloud phase. The hypothesis proposed in Carlsen and David (2022) is that due to the coverage of the ocean by
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Figure 10. Difference between the mean liquid fraction of clouds over ocean and the mean liquid fraction of clouds over sea ice as a function

of the cloud top temperature. The significance of the two distributions of liquid fractions of clouds over ocean and clouds over sea ice is

investigated using a Z-test with a p-value of 0.05 for each CTT-bin. Panel a) shows the results for the Southern Ocean, panel b) shows results

for the Arctic Ocean. Data are only shown if there are at least 500 cloud profiles over ocean and 500 profiles over sea ice.

sea ice, less sea spray aerosols can be released, which leads to less INPs over sea ice and thereby a higher fraction of liquid

clouds.440

Comparing CAMS reanalysis data in clouds over sea ice and in clouds over the ocean Fig. 11 shows a systematic difference

in the sea salt concentration over sea ice and over open ocean with less sea salt over sea ice, which supports the hypothesis of

Carlsen and David (2022). Sea salt acts hereby as a proxy for sea spray aerosols, as the ice nucleating part of the aerosols are

usually biological components from the sea surface microlayer, like microorganisms acting as INP at high temperatures (Porter

et al., 2022; Burrows et al., 2013; Després et al., 2012). Figure 11 also shows that in mid-level clouds over the Arctic sea ice,445

the mixing ratio of sea salt is slightly lower than the mixing ratio of organic matter, while in mid-level clouds over the Southern

Ocean, sea salt shows much higher values compared to other aerosol types. The role of other aerosol types than sea salt may

be higher in the Arctic compared to the Southern Ocean. This would also explain the missing correlation of sea ice with these

clouds, which is shown in Fig. 10 (right panel, blue line). Furthermore, the transport of other aerosol types like dust is more

important in the Arctic compared to the Southern Ocean. As the long-range transport occurs usually above the boundary layer,450

this is more relevant for mid-level or mid-low-level clouds or even higher clouds and might also reduce the effect of locally

emitted sea spray aerosols for these clouds.
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Figure 11. Vertically averaged aerosol mixing ratios (MR) within the heights of a cloud column for different aerosol types. Shown is the

mean for different categories, namely the Southern Ocean (SO - darker colours), Arctic Ocean (AO - lighter colour), clouds over sea ice (dots

and squares) and clouds over the open ocean (plus and cross), and various cloud types (colours).

Nevertheless, a recent study of Papakonstantinou-Presvelou et al. (2022) investigated ice number concentrations in Arc-

tic boundary layer ice clouds and found a higher ice number concentration in clouds over sea ice compared to clouds over

ocean, especially in the latitudes between 60 ° N and 70 ° N and for temperatures between -10 °C and 0 °C, which may seem455

contradictory to our results of a lower liquid fraction over ocean and the assumption of less INPs over sea ice. The results

of Papakonstantinou-Presvelou et al. (2022) may be influenced by secondary ice production caused by blowing snow parti-

cles, which is dependent on the wind velocity and is especially relevant for low-level clouds close to the ground. In addition,

Papakonstantinou-Presvelou et al. (2022) investigate only ice clouds, while our study investigates the general cloud phase.

Furthermore, Papakonstantinou-Presvelou et al. (2022) found the strongest difference in ice number concentrations at cloud460

top temperatures larger than -10 °C, while we found the strongest difference of cloud phase over open ocean and cloud phase
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over sea ice at lower temperatures. Nevertheless, the discrepancy of the different results show the need of further research to

improve our understanding of the processes most relevant for cloud phase in remote regions.

We now investigate the correlation of the aerosol concentrations with the cloud phase. Figure 12 shows that low-level, mid-

low-level and mid-level clouds show a stronger correlation with aerosol concentrations compared to high-mid-level clouds,465

which show a small signal over the Southern Ocean. High-mid-low-level clouds show no signal, possibly because they mostly

consist of ice (see Fig. 8), but the attenuation of the remote sensing signals may introduce uncertainties here. The negative

values in general show the decrease of the liquid fraction with high aerosol concentration and thereby a higher ice fraction,

which is in line with the assumption of additional aerosols acting as additional INPs. Furthermore, the liquid fraction in low-

level clouds over the Southern Ocean is lower in high sea salt conditions compared to low sea salt conditions. The content of470

other aerosol types only shows small changes in the liquid fraction (compare panel (i) in Fig. 12). Note, that we interpret sea

salt here as a proxy for sea spray aerosols including biological parts, which can act as INP. The liquid fraction in low-level

clouds over the Southern Ocean is lower if there are high sea salt concentrations compared to low sea salt concentrations, while

the concentrations of other aerosol types only shows small differences in the liquid fraction. The liquid fraction in low-level

clouds over the Arctic Ocean is lower in high sea salt conditionsfor a CTT larger than -28 , but there, other aerosol types may475

play a role (panel (j)). This could be explained by the fact that other aerosol sources are much closer and the transport plays

probably a larger role there, compared to the very remote Southern Ocean. In mid-low-level clouds, sea salt aerosols show

the largest differences in the liquid fraction between low and high aerosol conditions, but a generally smaller difference in the

liquid fraction based on the sea salt conditions compared to low-level clouds.

In mid-level clouds over the Southern Ocean dust concentrations seem to play a large role, but also other aerosol types480

like black carbon or sea salt correlate with the liquid fraction. Over the Arctic Ocean mid-level clouds are as well influenced

by many aerosol types and sea salt may play a minor role there. Interestingly, the correlation of sea salt, as a proxy for sea

spray, with the cloud phase matches quite well with the correlation of sea ice with the phase regarding the different cloud types

(compare Fig. 10). This supports the hypothesis of Carlsen and David (2022) that sea spray particles acting as INP foster the

glaciation of low-level clouds.485

Additional support for the hypothesis that sea spray aerosol strongly impact the phase of polar low clouds is given by the

work of Griesche et al. (2021), who found a dependence of the Arctic cloud phase on the surface coupling, connected with

marine INPs, but only for temperatures warmer than -15 °C, while we see a correlation of sea salt aerosol with the cloud

phase for much lower temperatures. Griesche et al. (2021) observed a higher frequency of ice containing clouds, if the clouds

are coupled to the surface compared to decoupled clouds using radiosonde data, and ground-based lidar and radar data. They490

propose increased marine biological INPs in the surface coupled boundary layer as the reason on the basis of recent in situ INP

measurements in the Arctic. As this study takes place during the Arctic summer, temperatures close to the surface are rather

high, compared to the winter season. Since our study uses a two-year dataset, we assume that the influence of these marine

biological INPs is also relevant at lower temperatures compared to Griesche et al. (2021). The relevant factor is probably the

proximity of the cloud to the surface. This would also explain, why we see an influence of sea salt on the cloud phase at lower495

temperatures compared to Griesche et al. (2021).

23



40 20 00.5

0.0

0.5

f M
R

P7
5

f M
R

P2
5

HM

(a) Southern Ocean

40 20 00.5

0.0

0.5(b) Arctic Ocean

40 20 00.5

0.0

0.5

f M
R

P7
5

f M
R

P2
5

M

(c)

40 20 00.5

0.0

0.5(d)

40 20 00.5

0.0

0.5
f M

R
P7

5
f M

R
P2

5

HML

(e)

40 20 00.5

0.0

0.5(f)

40 20 00.5

0.0

0.5

f M
R

P7
5

f M
R

P2
5

ML

(g)

40 20 00.5

0.0

0.5(h)

40 20 0
CTT in C

0.5

0.0

0.5

f M
R

P7
5

f M
R

P2
5

L

(i)

40 20 0
CTT in C

0.5

0.0

0.5(j)

Sea Salt
Dust
Organic Matter
Black Carbon
Sulphate Aerosol
Significant
Not significant

Figure 12. Difference of the mean liquid fraction of clouds collocated with high mixing ratio of an aerosol type, larger than the 75th per-

centile, and the mean liquid fraction of a cloud collocated with low aerosol mixing ratio, lower than the 25th percentile. Negative values

correspond to an increased ice fraction with higher aerosol concentrations. A Z-test with a p-value of 0.05 is used to investigate the signif-

icance of the difference. Data are only shown if there are at least 500 cloud profiles with low aerosol concentrations and 500 cloud profiles

with high aerosol concentrations.
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Figure 13. Pearson’s correlation coefficient of the mean mixing ratios of different aerosol categories within a cloud. Left panel shows results

for the Southern Ocean, right panel for the Arctic Ocean.

To make sure that the phase influence is based on the aerosol concentration of a specific aerosol type and not just based on

correlations between different aerosol types, we calculated the correlations coefficients of the different aerosol types within

the different cloud types (see Fig. 13). Regarding correlations with sea salt, we can clearly see that there are only very low

correlation coefficients with a most negative value of -0.08
::::
-0.11. Highest correlations (0.96) can be seen between organic500

matter and black carbon in the Arctic Ocean, but also over the Southern Ocean (0.77
:::
0.78). Sulphate also correlates partly

with organic matter or black carbon (0.45
::::
0.46 - 0.58

:::
0.63). Dust shows generally lower correlations with other aerosol types,

with maximum correlations of 0.31
::::
0.33 with sulphate aerosol. This strengthens the previously described hypothesis that sea

spray seems to be an important INP in low-level and mid-low-level clouds with high concentrations leading to a reduced liquid

fraction, and similar for dust in mid-level clouds.505

5.3 Cloud radiative effect

We now investigate the cloud radiative effect (CRE) of the different cloud types and examine the influence of the cloud phase

on the CRE. We further investigate the contribution of various cloud types to the total CRE over the Southern Ocean and the

Arctic Ocean. To make the incoming solar radiation comparable between the Southern Ocean and the Arctic Ocean, we use

equal latitude bands in this section for the two regions, namely 60 ◦S/N to 82 ◦S/N. In all other sections, the Southern Ocean510

is defined from 40 ◦S to 82 ◦S, as it is described in the Sec. 3. Nevertheless, there are still biases due to the different land

distribution over the Southern Ocean and the Arctic Ocean, which leads to a higher cloud frequency in high latitudes over

the Arctic Ocean compared to the Southern Ocean, because land surfaces like the Antarctic continent are excluded. For this

analysis we consider both cloud profiles over the open ocean and cloud profiles over sea ice.
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Figure 14. Cloud radiative effects of different cloud types and with different cloud phases. The upper row shows the mean of the top of the

atmosphere cloud radiative effect (TOACRE) for different cloud types, with the error bars showing the 25th and 75th percentiles. The lower

row shows the mean top of the atmosphere cloud radiative effects (TOACRE) for various cloud types as a function of cloud phase. Shortwave

cloud radiative effect (SWCRE) is shown in blue colours, longwave cloud radiative effect (LWCRE) is shown in orange colours, and net

cloud radiative effect (NETCRE) in grey colours. The left column (panel (a) and (c)) shows the results for the Southern Ocean, while the

right column shows the results for the Arctic Ocean (panel (b) and (d)). Note that there are no bars for liquid high-mid-low-level clouds in

panel (c) and (d), as they don’t occur.

5.3.1 Mean cloud radiative effect of different cloud types515

Panels (a) and (b) in Fig. 14 show the mean shortwave CRE (SWCRE), the longwave CRE (LWCRE), and the net CRE

(NETCRE) of the different cloud types. High-mid-low-level and mid-low-level clouds show the highest SWCRE over the
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Southern Ocean, while over the Arctic Ocean mid-level clouds show the highest SWCREs
::::
have

:
a
::::::
similar

::::::::
SWCREs

:::::::::
compared

::
to

:::::::::::::::
high-mid-low-level

::::
and

:::::::::::
mid-low-level

::::::
clouds

::::
over

:::
the

::::::
Arctic

:::::
Ocean. Over the Southern Ocean , the cloud types having high

SWCRE are similar
::
the

::::::::
SWCRE

::
is

::::::::
generally

:::::::
stronger

:::::::::
compared

:
to the results from Oreopoulos et al. (2017), who investi-520

gated the CRE
:::::::
SWCRE of similar cloud types globally with the same dataset. ,

:::
but

:::::::::::::::::::::
Oreopoulos et al. (2017)

:::
also

::::::
found

:::
the

:::::::
strongest

::::::::
SWCRE

::
for

::::::::::::::::
high-mid-low-level

:::::::
clouds. Over the Arctic Ocean, the SWCRE of the different cloud types is very sim-

ilar and doesn’t vary much. We find a generally stronger SWCRE over the Arctic Ocean compared to the global average from

Oreopoulos et al. (2017), except for high-mid-low-level clouds over the Arctic Ocean. We can see that high-mid-low-level,

mid-low-level and low-level clouds show a higher SWCRE over the Southern Ocean compared to the Arctic Ocean. A possible525

reason could be the distribution of sea ice, as the SWCRE is lower for clouds over sea ice compared to clouds over open ocean.

The fraction of observed cloud profiles over sea ice is larger over the Arctic Ocean compared to the Southern Ocean due to the

different land distribution in the two hemispheres. Contrarily, high-mid-level and mid-level clouds have a higher SWCRE over

the Arctic Ocean compared to the Southern Ocean. Further analysis shows that this difference persists when we only consider

cloud profiles over ocean and analyse the SWCRE as a function of the latitude (not shown). This hints at cloud property differ-530

ences over the Arctic Ocean and the Southern Ocean such as vertical extent but also optical properties which may be related

to aerosols. In both regions high-mid-low-level clouds and high-mid-level clouds show the highest LWCRE. The LWCRE are

similar over the Arctic Ocean and the Southern Ocean, with slightly larger effects over the Southern Ocean. McFarquhar et al.

(2021) showed a lower SWCRE and a higher LWCRE of low clouds over the Southern Ocean observed during SOCRATES

compared to our results, but differences in cloud type definitions, seasons, and regions might introduce large uncertainties to535

the comparison of averaged values.

5.3.2 Dependence of the cloud radiative effect on the cloud phase

The phase of clouds has a large effect on their CRE, because numerous small liquid droplets are optically thicker than (few

large) ice particles. Therefore, we investigate now the influence of the cloud phase on the CRE, shown in panel (c) and (d) in

Fig. 14.540

The highest SWCRE in all cloud types is observed from mixed-phase clouds, except for mid-level
:::
and

::::::::
low-level

:
clouds

over the Southern Ocean (see second column in panel (c), Fig. 14), where liquid clouds show a higher SWCRE compared

to mixed-phase clouds. Matus and L’Ecuyer (2017) investigated the global TOACRE of different cloud phases with the same

dataset, but didn’t distinguish different cloud types and found the general highest SWCRE for liquid clouds, which highlights

the complexity and dependence of the SWCRE on the region, the cloud types and their optical properties. Comparing the545

SWCREs of ice and liquid clouds, we can see that in most cloud types, the SWCRE is higher for liquid clouds compared to

ice clouds, except for high-mid-level clouds, where ice clouds show a higher SWCRE. The behaviour of the high-mid-level

clouds was unexpected, because cloud layers consisting of liquid droplets are in general optically thicker and should therefore

show a stronger negative SWCRE compared to cloud layers containing ice particles, which are optically thinner. The stronger

SWCRE of high-mid-level ice clouds compared to liquid clouds is probably explained by the larger vertical extent of ice clouds.550

Furthermore, the different vertical resolutions of the CloudSat radar and the Caliop
::::::::
CALIOP lidar can have an influence on
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the calculation of the vertical thickness and the calculated CREs. Oreopoulos et al. (2017) shows the strong correlation of the

vertical thickness on the TOA SWCRE. This is probably also the reason, why mixed-phase clouds show mainly a stronger

SWCRE compared to liquid clouds. The strong extinction of the lidar signal leads probably to an underestimation of the

vertical thickness of the liquid clouds. Nevertheless, liquid clouds usually are not as vertically thick as ice clouds. Therefore,555

the possible underestimation of the vertical extent due to lidar extinction is not the main reason for the lower SWCRE in liquid

clouds compared to mixed-phase clouds. It is rather the larger vertical extent in mixed-phase clouds due to precipitating ice

virga and a thereby increased optical thickness.

Regarding the differences between the Southern Ocean and the Arctic Ocean, it can be seen that both the SWCRE and the

LWCRE are mainly larger over the Southern Ocean compared to the Arctic Ocean. It can be also seen that over the Southern560

Ocean the SWCRE of clouds with low cloud bases (HML, ML, L) are quite high, while over the Arctic Ocean clouds with

middle cloud base heights (HM, M) show high SWCRE
:::::
similar

::::::::
SWCRE

::::::::
compared

::
to

::::::
clouds

::::
with

:::
low

::::::
clouds

:::::
bases. Generally,

it can be seen that the cloud phase, but also the vertical extent of the cloud, has a large influence on the CREs of the different

cloud types.

5.3.3 Contribution of different cloud types to the total SWCRE and LWCRE565

To investigate the contribution of the different cloud types to the total SWCRE and LWCRE, we calculate the total sum of

the SWCRE and the total sum of the LWCRE over the full two years 2007 and 2008 and normalise it by the total number

of observed cloud profiles. The numbers are shown in Tab. A1. We also calculate the total sum of the SWCRE and LWCRE

of different cloud types. Figure 15 shows the contribution of the different cloud types to the total SWCRE and LWCRE as a

percentage and indicates the large contribution of the low-level clouds with 26.0
::::
17.7% in the Southern Ocean and 33.3

::::
16.6%570

in the Arctic Ocean to the total SWCRE. This is related to their high occurrence shown in Fig. 4 and similarly shown by

McFarquhar et al. (2021). Besides low-level clouds, mid-low-level and high-mid-low-level clouds show a large contribution to

the SWCRE, but show higher LWCRE, compensating SWCRE. Mid-level clouds only contribute to a minor role to the total

SWCRE with 2.2% in the Southern Ocean, but show a higher contribution of 5.4% in the Arctic Ocean. The contribution

to the LWCRE of mid-level clouds over the Southern Ocean is 1.4% and slightly larger over the Arctic Ocean with 2.5%.575

The contribution of high-mid-level clouds to the SWCRE is small (1.2%) over the Southern Ocean, but larger over the Arctic

Ocean (5.2%) with LWCRE contribution of 2.8% over the Southern Ocean and 7.0% over the Arctic Ocean.

Regarding the total NETCRE (not shown), low-level clouds have the largest (negative) effect followed by mid-low-level

clouds.

In summary, from an examination of various aspects of the cloud radiative effect, we see that mid-low-level clouds over the580

Southern Ocean have the highest net CRE, while over the Arctic Ocean mid-level clouds have the highest net CRE (see Fig.

14). In general mixed-phase clouds show a more negative SWCRE compared to ice and liquid clouds except for mid-level
:::
and

:::::::
low-level

:
clouds over the Southern Ocean. Therefore, mixed-phase and liquid clouds show a higher net CRE compared to ice

clouds. In general clouds over the Southern Ocean show a higher CRE compared to clouds over the Arctic Ocean. Investigating
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Figure 15. Contribution of different cloud types to the total cloud radiative effects over 2 years at the top of the atmosphere over the Southern

Ocean (SO) and the Arctic Ocean (AO) in percent.

the contribution of different cloud types to the total CRE over the Southern Ocean and the Arctic Ocean, the low-level clouds585

contribute most in both regions due to their higher frequency compared to other cloud types (see Fig. 15).

6 Conclusions

Climate models struggle to correctly simulate the cloud phases, which leads to radiative biases, especially over the Southern

Ocean and the ArcticOcean. We investigated two years of the cloud phase over the Southern Ocean and the Arctic Ocean

::::::
marine

::::::
regions

:
with the DARDAR dataset based on CloudSat and Caliop

:::::::
CALIOP

:
observations. We focus on clouds having590

low or middle cloud base heights, as these clouds are often misrepresented in climate models. High-mid-low-level, high-mid-

level, mid-low-level, mid-level, and low-level cloud types are defined by their cloud base height and their cloud top height. We

further used various datasets for the cloud radiative effect (CRE) (2B-FLXHR-LIDAR), sea ice concentration (Cavalieri et al.,
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1996), and aerosol reanalysis (CAMS) to investigate their possible influence and connections to cloud phase. Our findings are

summarised below:595

– Cloud type occurrence:

High frequencies of low-level clouds (24.6 - 27.9 ) can be observed over the Southern Ocean and the Arctic Ocean
:::::
(15.8%)

::::
while

::::
over

:::
the

::::::
Arctic

::::::
marine

::::::
regions

::::::::
low-level

:::::
clouds

:::::
occur

::
in

::::
8.6%

:
of

:::
all

:::::::
observed

:::::::
profiles. Mid-low-level clouds occur

in more than 8
:
5% of the profiles. High-mid-low-level clouds occur in about 4.7

:::
3.3 - 5.3

::
3.5% of the profiles. Mid-level

or high-mid-level clouds are found in 2.6-2.7
::::::
2.2-2.6% of the observations, but regarding uncertainties due to the wrong600

representation of the cloud phase, mid-level clouds together with mid-low-level and low-level clouds are most important,

as they occur in the mixed-phase temperature regime in these regions.

– Cloud phase:

– All investigated cloud types show a high fraction (≥ 24%) of mixed-phase clouds.

– Cloud phase strongly correlates with the vertical and the horizontal extent of the cloud. Liquid clouds are usually605

vertically thinner, but have a larger horizontal extent compared to ice clouds except for liquid high-mid-level clouds,

which are horizontally larger compared to ice-phase high-mid-level clouds. Mixed-phase clouds show generally a

high vertical and horizontal extent.

– The liquid fraction strongly decreases between -10 °C and -15 °C and around -5 °C, which hints to ice formation

processes occurring in these clouds, especially at these temperature ranges. Habit dependent vapour growth or610

secondary ice production are discussed as possible processes being the reason, but further laboratory experiments

and simulations are needed to verify.

– Higher liquid fractions in clouds over sea ice compared to the open ocean have been found in low-level, mid-level,

and mid-low-level clouds over the Southern Ocean. The same behaviour has been seen in low-level clouds over

the Arctic Ocean
:::::
marine

:::::::
regions. The hypothesis of Carlsen and David (2022) explains this with the prevention of615

the release of sea spray aerosol, acting as INP, due to sea ice coverage. The investigation of the aerosol content

with CAMS reanalysis, especially sea salt as a proxy for sea spray aerosols acting as INP, supports the hypothesis.

We could see lower sea salt concentration in clouds over sea ice compared to clouds over the ocean, particularly

in low-level clouds. In higher altitudes, the relevance of other aerosol types like organic matter or dust increases,

probably related to aerosol transport. In mid-level clouds differences in dust conditions coincide with the largest620

difference in the liquid fraction compared to other aerosol types.

– We found in general higher liquid fractions in clouds over the Southern Ocean compared to the Arctic Ocean
:::::
marine

::::::
regions for cloud top temperatures colder than -10 °C, while for warmer cloud top temperatures than -10 ◦C, clouds

in the Arctic Ocean
::::::
marine

::::::
regions

:
show a higher liquid fraction than clouds over the Southern Ocean. The reason

for this is still an open question and should be investigated further in future studies. Possible influences might625
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be specific aerosols occurring in the different regions and acting as INP at different temperatures, but also other

influences like dynamics have to be investigated in future research.

– The liquid phase mainly occurs at cloud top in mixed-phase clouds with mixed-phase vertical bins in the upper half

of the cloud and precipitating ice below, which is the typical mixed-phase cloud structure in polar regions. Only

low-level clouds show also liquid phase in lower parts of the cloud due to multiple scattering.630

– Cloud radiative effect (CRE):

Regarding the CRE of the different cloud types, high-mid-low-level, and mid-low-level clouds show the highest short-

wave CRE over the Southern Ocean, while the CREs of the different cloud types over the Arctic Ocean
:::::
marine

:::::::
regions

are in a more similar range. Nevertheless, including the occurrence of the different cloud types, low-level clouds clearly

show the largest contribution to the shortwave CRE in both polar regions followed by mid-low-level clouds.635

::::::
Overall,

:::::
cloud

:::::::::
properties

::
are

::::::::::
remarkably

::::::
similar

:::::::
between

:::
the

:::
two

::::::::::
investigated

::::::
regions

:::
on

:::
the

:::::::
Northern

:::
and

::::::::
Southern

:::::::::::
hemispheres,

:::::::
implying

::::
that

::::
they

::::
are

::::::::
governed

:::
by

:::
the

:::::
same

:::::
cloud

::::::::
physical

::::::::
processes

:::::::
despite

:::::::::
differences

:::
in

::::::::::::
meteorological

::::
and

:::::::
surface

:::::::::
conditions.

:
In future studies the results of this systematic analysis should be compared with model simulations to identify

differences and improve the representation of these clouds in climate and weather models. An improved representation of

the mid-low-level, low-level, and mid-level cloud phase over the Southern and Arctic Ocean is needed in weather and climate640

models to reduce the uncertainties in the radiative balance. In order to provide a more reasonable representation of cloud phase,

a more realistic representation of aerosols and their influence on the cloud phase by acting as INPs is required in models.

Data availability. The DARDAR products are available on the Aeris/ICARE data center (https://www.icare.univ-lille.fr/dardar/), (Sourdeval

et al., 2018; Delanoë and Hogan, 2010; Ceccaldi et al., 2013). The two CloudSat products 2B-FLXHR-LIDAR_R05 (Henderson et al., 2013;

L’Ecuyer et al., 2008) and 2B-CLDCLASS-LIDAR_R05 (Sassen and Wang, 2008) are available on the website of the CloudSat Data Process-645

ing Center (DPC) (https://www.cloudsat.cira.colostate.edu/). The Sea Ice Concentration from Nimbus-7 SMMR and DMSP SSM/I-SSMIS

Passive Microwave Data Version 1 are available on the website of the National Snow and Ice Data Center (https://nsidc.org/data/nsidc-

0051/versions/1) (Cavalieri et al., 1996). The aerosol mixing ratios from the CAMS reanalysis data (Inness et al., 2019) are available on the

CAMS Atmosphere Data Store (ADS) website (https://ads.atmosphere.copernicus.eu/cdsapp#!/dataset/cams-global-reanalysis-eac4?tab=overview).
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Mid-level, Southern Ocean
High-mid-level, Southern Ocean
Low-level, Southern Ocean
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Mid-level, Arctic Ocean
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Figure A1. Mean liquid fraction of all profiles for different cloud top temperatures (CTT). The liquid fraction is calculated for each vertical

cloud column and then averaged for each 1 ◦C bin of the CTT. The liquid fraction of each profiles is calculated as described in Sec. 3 and

Eq. 3. Panel (a) includes all cloud profiles, while panel (b) considers only profiles where the lidar is not fully attenuated.
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Figure A2. Mean liquid fraction based on the phase of all cloud top bins and cloud top temperature (CTT). Panel (a) shows all cloud profiles,

while panel (b) considers only profiles where the lidar signal is not fully attenuated.

Table A1. Cloud radiative effect summed up over two years and normalised by the total number of observed cloud profiles.

Shortwave Longwave Net

Arctic Ocean -39.1Wm−2 18.7Wm−2 -20.4Wm−2

Southern Ocean -43.2Wm−2 24.9Wm−2 -18.3Wm−2

33



Author contributions. BD performed the data analysis and wrote the initial version of the paper. OS provided the combined dataset of

DARDAR-MASK, DARDAR-CLOUD and DARNI, as well as the collocated CAMS aerosol reanalysis data. CH supervised the work and

contributed to the conceptualization and design of the study. CH and OS provided feedback on the manuscript. All authors discussed the

results and the manuscript and thereby contributed to the writing.

Competing interests. CH and OS are members of the editorial board of Atmospheric Chemistry and Physics, and the authors have also no655

other competing interests to declare.

Acknowledgements. This project has received funding from the European Research Council (ERC) under the European Union’s Horizon

2020 research and innovation programme under grant agreement No 714062 (ERC Starting Grant "C2Phase") and under grant agreement

No 821205 (FORCeS). OS acknowledges funding by the ANR (ANR-20-CE92-0008) for project "CDNC4ACI" and support from CNES

through the "EECLAT" project. We thank the ICARE Data and Services Center for providing access to the data used in this study. This660

paper contains modified Copernicus Atmosphere Monitoring Service information (2019). Neither the European Commission nor ECMWF

is responsible for any use that may be made of the information it contains. We would like to thank the CloudSat science team for providing

the data products.

34



References

Alexander, S. P. and Protat, A.: Cloud Properties Observed From the Surface and by Satellite at the Northern Edge of the Southern Ocean,665

Journal of Geophysical Research: Atmospheres, 123, 443–456, https://doi.org/10.1002/2017JD026552, https://agupubs.onlinelibrary.

wiley.com/doi/abs/10.1002/2017JD026552, 2018.

Ansmann, A., Tesche, M., Seifert, P., Althausen, D., Engelmann, R., Fruntke, J., Wandinger, U., Mattis, I., and Müller, D.: Evolution of the

Ice Phase in Tropical Altocumulus: SAMUM Lidar Observations over Cape Verde, Journal of Geophysical Research: Atmospheres, 114,

https://doi.org/10.1029/2008JD011659, https://onlinelibrary.wiley.com/doi/abs/10.1029/2008JD011659, 2009.670

Arias, P., Bellouin, N., Coppola, E., Jones, R., Krinner, G., Marotzke, J., Naik, V., Palmer, M., Plattner, G.-K., Rogelj, J., Rojas, M., Sillmann,

J., Storelvmo, T., Thorne, P., Trewin, B., Achuta Rao, K., Adhikary, B., Allan, R., Armour, K., Bala, G., Barimalala, R., Berger, S.,

Canadell, J., Cassou, C., Cherchi, A., Collins, W., Collins, W., Connors, S., Corti, S., Cruz, F., Dentener, F., Dereczynski, C., Di Luca,

A., Diongue Niang, A., Doblas-Reyes, F., Dosio, A., Douville, H., Engelbrecht, F., Eyring, V., Fischer, E., Forster, P., Fox-Kemper, B.,

Fuglestvedt, J., Fyfe, J., Gillett, N., Goldfarb, L., Gorodetskaya, I., Gutierrez, J., Hamdi, R., Hawkins, E., Hewitt, H., Hope, P., Islam,675

A., Jones, C., Kaufman, D., Kopp, R., Kosaka, Y., Kossin, J., Krakovska, S., Lee, J.-Y., Li, J., Mauritsen, T., Maycock, T., Meinshausen,

M., Min, S.-K., Monteiro, P., Ngo-Duc, T., Otto, F., Pinto, I., Pirani, A., Raghavan, K., Ranasinghe, R., Ruane, A., Ruiz, L., Sallée, J.-B.,

Samset, B., Sathyendranath, S., Seneviratne, S., Sörensson, A., Szopa, S., Takayabu, I., Tréguier, A.-M., van den Hurk, B., Vautard, R.,

von Schuckmann, K., Zaehle, S., Zhang, X., and Zickfeld, K.: Technical Summary, in: Climate Change 2021: The Physical Science Basis.

Contribution of Working Group I to the Sixth Assessment Report of the Intergovernmental Panel on Climate Change, edited by Masson-680

Delmotte, V., Zhai, P., Pirani, A., Connors, S., Péan, C., Berger, S., Caud, N., Chen, Y., Goldfarb, L., Gomis, M., Huang, M., Leitzell,

K., Lonnoy, E., Matthews, J., Maycock, T., Waterfield, T., Yelekçi, O., Yu, R., and Zhou, B., pp. 33–144, Cambridge University Press,

Cambridge, United Kingdom and New York, NY, USA, https://doi.org/10.1017/9781009157896.002, 2021.

Avramov, A. and Harrington, J. Y.: Influence of Parameterized Ice Habit on Simulated Mixed Phase Arctic Clouds, Journal of Geophysi-

cal Research: Atmospheres, 115, https://doi.org/10.1029/2009JD012108, https://onlinelibrary.wiley.com/doi/abs/10.1029/2009JD012108,685

2010.

Bertrand, L., Kay, J. E., Haynes, J., and de Boer, G.: A Global Gridded Dataset for Cloud Vertical Structure from Combined CloudSat and

CALIPSO Observations, Earth System Science Data, 16, 1301–1316, https://doi.org/10.5194/essd-16-1301-2024, https://essd.copernicus.

org/articles/16/1301/2024/, 2024.

Blanchard, Y., Pelon, J., Eloranta, E. W., Moran, K. P., Delanoë, J., and Sèze, G.: A Synergistic Analysis of Cloud Cover and Vertical690

Distribution from A-Train and Ground-Based Sensors over the High Arctic Station Eureka from 2006 to 2010, Journal of Applied Mete-

orology and Climatology, 53, 2553–2570, https://doi.org/10.1175/JAMC-D-14-0021.1, https://journals.ametsoc.org/view/journals/apme/

53/11/jamc-d-14-0021.1.xml, 2014.

Bodas-Salcedo, A., Hill, P. G., Furtado, K., Williams, K. D., Field, P. R., Manners, J. C., Hyder, P., and Kato, S.: Large Contri-

bution of Supercooled Liquid Clouds to the Solar Radiation Budget of the Southern Ocean, Journal of Climate, 29, 4213–4228,695

https://doi.org/10.1175/JCLI-D-15-0564.1, https://journals.ametsoc.org/view/journals/clim/29/11/jcli-d-15-0564.1.xml, 2016.

Burrows, S. M., Hoose, C., Pöschl, U., and Lawrence, M. G.: Ice Nuclei in Marine Air: Biogenic Particles or Dust?, Atmospheric Chemistry

and Physics, 13, 245–267, https://doi.org/10.5194/acp-13-245-2013, https://acp.copernicus.org/articles/13/245/2013/, 2013.

Carey, L. D., Niu, J., Yang, P., Kankiewicz, J. A., Larson, V. E., and Haar, T. H. V.: The Vertical Profile of

Liquid and Ice Water Content in Midlatitude Mixed-Phase Altocumulus Clouds, Journal of Applied Meteorology and700

35

https://doi.org/10.1002/2017JD026552
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2017JD026552
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2017JD026552
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2017JD026552
https://doi.org/10.1029/2008JD011659
https://onlinelibrary.wiley.com/doi/abs/10.1029/2008JD011659
https://doi.org/10.1017/9781009157896.002
https://doi.org/10.1029/2009JD012108
https://onlinelibrary.wiley.com/doi/abs/10.1029/2009JD012108
https://doi.org/10.5194/essd-16-1301-2024
https://essd.copernicus.org/articles/16/1301/2024/
https://essd.copernicus.org/articles/16/1301/2024/
https://essd.copernicus.org/articles/16/1301/2024/
https://doi.org/10.1175/JAMC-D-14-0021.1
https://journals.ametsoc.org/view/journals/apme/53/11/jamc-d-14-0021.1.xml
https://journals.ametsoc.org/view/journals/apme/53/11/jamc-d-14-0021.1.xml
https://journals.ametsoc.org/view/journals/apme/53/11/jamc-d-14-0021.1.xml
https://doi.org/10.1175/JCLI-D-15-0564.1
https://journals.ametsoc.org/view/journals/clim/29/11/jcli-d-15-0564.1.xml
https://doi.org/10.5194/acp-13-245-2013
https://acp.copernicus.org/articles/13/245/2013/


Climatology, 47, 2487–2495, https://doi.org/10.1175/2008JAMC1885.1, https://journals.ametsoc.org/jamc/article/47/9/2487/12992/

The-Vertical-Profile-of-Liquid-and-Ice-Water, 2008.

Carlsen, T. and David, R. O.: Spaceborne Evidence That Ice-Nucleating Particles Influence High-Latitude Cloud Phase, Geophys-

ical Research Letters, 49, e2022GL098 041, https://doi.org/10.1029/2022GL098041, https://onlinelibrary.wiley.com/doi/abs/10.1029/

2022GL098041, 2022.705

Cavalieri, D., Parkinson, C., Gloersen, P., and Zwally, H. J.: Sea Ice Concentrations from Nimbus-7 SMMR and DMSP SSM/I-

SSMIS Passive Microwave Data, Version 1, NASA National Snow and Ice Data Center Distributed Active Archive Center,

https://doi.org/10.5067/8GQ8LZQVL0VL, http://nsidc.org/data/NSIDC-0051/versions/1, 1996.

Ceccaldi, M., Delanoë, J., Hogan, R. J., Pounder, N. L., Protat, A., and Pelon, J.: From CloudSat-CALIPSO to EarthCare: Evolution of

the DARDAR Cloud Classification and Its Comparison to Airborne Radar-Lidar Observations, Journal of Geophysical Research: Atmo-710

spheres, 118, 7962–7981, https://doi.org/10.1002/jgrd.50579, https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/jgrd.50579, 2013.

Cesana, G. V., Khadir, T., Chepfer, H., and Chiriaco, M.: Southern Ocean Solar Reflection Biases in CMIP6 Models Linked to Cloud Phase

and Vertical Structure Representations, Geophysical Research Letters, 49, e2022GL099 777, https://doi.org/10.1029/2022GL099777,

https://onlinelibrary.wiley.com/doi/abs/10.1029/2022GL099777, 2022.

Cesana, G. V., Pierpaoli, O., Ottaviani, M., Vu, L., and Jin, Z.: The Correlation between Arctic Sea Ice, Cloud Phase and Radiation Using715

A-train Satellites, EGUsphere, pp. 1–17, https://doi.org/10.5194/egusphere-2023-2940, https://egusphere.copernicus.org/preprints/2023/

egusphere-2023-2940/, 2023.

Chellini, G., Gierens, R., and Kneifel, S.: Ice Aggregation in Low-Level Mixed-Phase Clouds at a High Arctic Site: Enhanced by

Dendritic Growth and Absent Close to the Melting Level, Journal of Geophysical Research: Atmospheres, 127, e2022JD036 860,

https://doi.org/10.1029/2022JD036860, https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD036860, 2022.720

D’Alessandro, J. J., McFarquhar, G. M., Wu, W., Stith, J. L., Jensen, J. B., and Rauber, R. M.: Characterizing the Occurrence and Spa-

tial Heterogeneity of Liquid, Ice, and Mixed Phase Low-Level Clouds Over the Southern Ocean Using in Situ Observations Acquired

During SOCRATES, Journal of Geophysical Research: Atmospheres, 126, e2020JD034 482, https://doi.org/10.1029/2020JD034482,

https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2020JD034482, 2021.

Danker, J., Sourdeval, O., McCoy, I. L., Wood, R., and Possner, A.: Exploring Relations between Cloud Morphology, Cloud Phase,725

and Cloud Radiative Properties in Southern Ocean Stratocumulus Clouds, Atmospheric Chemistry and Physics Discussions, pp. 1–26,

https://doi.org/10.5194/acp-2021-926, https://acp.copernicus.org/preprints/acp-2021-926/, 2021.

Danker, J., Sourdeval, O., McCoy, I. L., Wood, R., and Possner, A.: Exploring Relations between Cloud Morphology, Cloud Phase,

and Cloud Radiative Properties in Southern Ocean’s Stratocumulus Clouds, Atmospheric Chemistry and Physics, 22, 10 247–10 265,

https://doi.org/10.5194/acp-22-10247-2022, https://acp.copernicus.org/articles/22/10247/2022/, 2022.730

de Boer, G., Morrison, H., Shupe, M. D., and Hildner, R.: Evidence of Liquid Dependent Ice Nucleation in High-Latitude Stratiform Clouds

from Surface Remote Sensors, Geophysical Research Letters, 38, https://doi.org/10.1029/2010GL046016, https://agupubs.onlinelibrary.

wiley.com/doi/abs/10.1029/2010GL046016, 2011.

Delanoë, J. and Hogan, R. J.: A Variational Scheme for Retrieving Ice Cloud Properties from Combined Radar, Lidar, and Infrared Radiome-

ter, Journal of Geophysical Research: Atmospheres, 113, https://doi.org/10.1029/2007JD009000, https://agupubs.onlinelibrary.wiley.com/735

doi/abs/10.1029/2007JD009000, 2008.

36

https://doi.org/10.1175/2008JAMC1885.1
https://journals.ametsoc.org/jamc/article/47/9/2487/12992/The-Vertical-Profile-of-Liquid-and-Ice-Water
https://journals.ametsoc.org/jamc/article/47/9/2487/12992/The-Vertical-Profile-of-Liquid-and-Ice-Water
https://journals.ametsoc.org/jamc/article/47/9/2487/12992/The-Vertical-Profile-of-Liquid-and-Ice-Water
https://doi.org/10.1029/2022GL098041
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022GL098041
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022GL098041
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022GL098041
https://doi.org/10.5067/8GQ8LZQVL0VL
http://nsidc.org/data/NSIDC-0051/versions/1
https://doi.org/10.1002/jgrd.50579
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/jgrd.50579
https://doi.org/10.1029/2022GL099777
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022GL099777
https://doi.org/10.5194/egusphere-2023-2940
https://egusphere.copernicus.org/preprints/2023/egusphere-2023-2940/
https://egusphere.copernicus.org/preprints/2023/egusphere-2023-2940/
https://egusphere.copernicus.org/preprints/2023/egusphere-2023-2940/
https://doi.org/10.1029/2022JD036860
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD036860
https://doi.org/10.1029/2020JD034482
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2020JD034482
https://doi.org/10.5194/acp-2021-926
https://acp.copernicus.org/preprints/acp-2021-926/
https://doi.org/10.5194/acp-22-10247-2022
https://acp.copernicus.org/articles/22/10247/2022/
https://doi.org/10.1029/2010GL046016
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2010GL046016
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2010GL046016
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2010GL046016
https://doi.org/10.1029/2007JD009000
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2007JD009000
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2007JD009000
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2007JD009000


Delanoë, J. and Hogan, R. J.: Combined CloudSat-CALIPSO-MODIS Retrievals of the Properties of Ice Clouds, Journal of Geo-

physical Research: Atmospheres, 115, https://doi.org/10.1029/2009JD012346, https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/

2009JD012346, 2010.

DeMott, P. J., Hill, T. C. J., McCluskey, C. S., Prather, K. A., Collins, D. B., Sullivan, R. C., Ruppel, M. J., Mason, R. H., Irish, V. E.,740

Lee, T., Hwang, C. Y., Rhee, T. S., Snider, J. R., McMeeking, G. R., Dhaniyala, S., Lewis, E. R., Wentzell, J. J. B., Abbatt, J., Lee,

C., Sultana, C. M., Ault, A. P., Axson, J. L., Diaz Martinez, M., Venero, I., Santos-Figueroa, G., Stokes, M. D., Deane, G. B., Mayol-

Bracero, O. L., Grassian, V. H., Bertram, T. H., Bertram, A. K., Moffett, B. F., and Franc, G. D.: Sea Spray Aerosol as a Unique Source of

Ice Nucleating Particles, Proceedings of the National Academy of Sciences, 113, 5797–5803, https://doi.org/10.1073/pnas.1514034112,

https://www.pnas.org/doi/10.1073/pnas.1514034112, 2016.745

Desai, N., Diao, M., Shi, Y., Liu, X., and Silber, I.: Ship-Based Observations and Climate Model Simulations of Cloud Phase Over the

Southern Ocean, Journal of Geophysical Research: Atmospheres, 128, e2023JD038 581, https://doi.org/10.1029/2023JD038581, https:

//onlinelibrary.wiley.com/doi/abs/10.1029/2023JD038581, 2023.

Després, V. R., Huffman, J. A., Burrows, S. M., Hoose, C., Safatov, A. S., Buryak, G., Fröhlich-Nowoisky, J., Elbert, W., An-

dreae, M. O., Pöschl, U., and Jaenicke, R.: Primary Biological Aerosol Particles in the Atmosphere: A Review, 64, 15 598,750

https://doi.org/10.3402/tellusb.v64i0.15598, https://b.tellusjournals.se/articles/10.3402/tellusb.v64i0.15598, 2012.

Fleishauer, R. P., Larson, V. E., and Vonder Haar, T. H.: Observed Microphysical Structure of Midlevel, Mixed-Phase Clouds, Journal

of the Atmospheric Sciences, 59, 1779–1804, https://doi.org/10.1175/1520-0469(2002)059<1779:OMSOMM>2.0.CO;2, https://journals.

ametsoc.org/jas/article/59/11/1779/25097/Observed-Microphysical-Structure-of-Midlevel-Mixed, 2002.

Forbes, R. M. and Ahlgrimm, M.: On the Representation of High-Latitude Boundary Layer Mixed-Phase Cloud in the ECMWF755

Global Model, Monthly Weather Review, 142, 3425–3445, https://doi.org/10.1175/MWR-D-13-00325.1, https://journals.ametsoc.org/

mwr/article/142/9/3425/103686/On-the-Representation-of-High-Latitude-Boundary, 2014.

Forster, P., Storelvmo, T., Armour, K., Collins, W., Dufresne, J.-L., Frame, D., Lunt, D. J., Mauritsen, T., Palmer, M. D., Watan-

abe, M., Wild, M., and Zhang, H.: The Earth’s Energy Budget, Climate Feedbacks and Climate Sensitivity, in: Climate Change

2021 – The Physical Science Basis: Contribution of Working Group I to the Sixth Assessment Report of the Intergovernmen-760

tal Panel on Climate Change, edited by Masson-Delmotte, V., Zhai, P., Pirani, A., Connors, S., Péan, C., Berger, S., Caud, N.,

Chen, Y., Goldfarb, L., Gomis, M., Huang, M., Leitzell, K., Lonnoy, E., Matthews, J., Maycock, T., Waterfield, T., Yelekçi,

O., Yu, R., and Zhou, B., pp. 923–1054, Cambridge University Press, Cambridge, United Kingdom and New York, NY, USA,

https://doi.org/10.1017/9781009157896.009, https://www.cambridge.org/core/books/climate-change-2021-the-physical-science-basis/

earths-energy-budget-climate-feedbacks-and-climate-sensitivity/AE57C97E588FF3060C7C7E47DD4F3C6E, 2021.765

Fukuta, N. and Takahashi, T.: The Growth of Atmospheric Ice Crystals: A Summary of Findings in Vertical Supercooled Cloud Tunnel

Studies, Journal of the Atmospheric Sciences, 56, 1963–1979, https://doi.org/10.1175/1520-0469(1999)056<1963:TGOAIC>2.0.CO;2,

https://journals.ametsoc.org/view/journals/atsc/56/12/1520-0469_1999_056_1963_tgoaic_2.0.co_2.xml, 1999.

Griesche, H. J., Ohneiser, K., Seifert, P., Radenz, M., Engelmann, R., and Ansmann, A.: Contrasting Ice Formation in Arctic Clouds:

Surface-Coupled vs. Surface-Decoupled Clouds, Atmospheric Chemistry and Physics, 21, 10 357–10 374, https://doi.org/10.5194/acp-21-770

10357-2021, https://acp.copernicus.org/articles/21/10357/2021/, 2021.

Henderson, D. S., L’Ecuyer, T., Stephens, G., Partain, P., and Sekiguchi, M.: A Multisensor Perspective on the Radiative Impacts of Clouds

and Aerosols, Journal of Applied Meteorology and Climatology, 52, 853–871, https://doi.org/10.1175/JAMC-D-12-025.1, https://journals.

ametsoc.org/view/journals/apme/52/4/jamc-d-12-025.1.xml, 2013.

37

https://doi.org/10.1029/2009JD012346
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2009JD012346
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2009JD012346
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2009JD012346
https://doi.org/10.1073/pnas.1514034112
https://www.pnas.org/doi/10.1073/pnas.1514034112
https://doi.org/10.1029/2023JD038581
https://onlinelibrary.wiley.com/doi/abs/10.1029/2023JD038581
https://onlinelibrary.wiley.com/doi/abs/10.1029/2023JD038581
https://onlinelibrary.wiley.com/doi/abs/10.1029/2023JD038581
https://doi.org/10.3402/tellusb.v64i0.15598
https://b.tellusjournals.se/articles/10.3402/tellusb.v64i0.15598
https://doi.org/10.1175/1520-0469(2002)059%3C1779:OMSOMM%3E2.0.CO;2
https://journals.ametsoc.org/jas/article/59/11/1779/25097/Observed-Microphysical-Structure-of-Midlevel-Mixed
https://journals.ametsoc.org/jas/article/59/11/1779/25097/Observed-Microphysical-Structure-of-Midlevel-Mixed
https://journals.ametsoc.org/jas/article/59/11/1779/25097/Observed-Microphysical-Structure-of-Midlevel-Mixed
https://doi.org/10.1175/MWR-D-13-00325.1
https://journals.ametsoc.org/mwr/article/142/9/3425/103686/On-the-Representation-of-High-Latitude-Boundary
https://journals.ametsoc.org/mwr/article/142/9/3425/103686/On-the-Representation-of-High-Latitude-Boundary
https://journals.ametsoc.org/mwr/article/142/9/3425/103686/On-the-Representation-of-High-Latitude-Boundary
https://doi.org/10.1017/9781009157896.009
https://www.cambridge.org/core/books/climate-change-2021-the-physical-science-basis/earths-energy-budget-climate-feedbacks-and-climate-sensitivity/AE57C97E588FF3060C7C7E47DD4F3C6E
https://www.cambridge.org/core/books/climate-change-2021-the-physical-science-basis/earths-energy-budget-climate-feedbacks-and-climate-sensitivity/AE57C97E588FF3060C7C7E47DD4F3C6E
https://www.cambridge.org/core/books/climate-change-2021-the-physical-science-basis/earths-energy-budget-climate-feedbacks-and-climate-sensitivity/AE57C97E588FF3060C7C7E47DD4F3C6E
https://doi.org/10.1175/1520-0469(1999)056%3C1963:TGOAIC%3E2.0.CO;2
https://journals.ametsoc.org/view/journals/atsc/56/12/1520-0469_1999_056_1963_tgoaic_2.0.co_2.xml
https://doi.org/10.5194/acp-21-10357-2021
https://doi.org/10.5194/acp-21-10357-2021
https://doi.org/10.5194/acp-21-10357-2021
https://acp.copernicus.org/articles/21/10357/2021/
https://doi.org/10.1175/JAMC-D-12-025.1
https://journals.ametsoc.org/view/journals/apme/52/4/jamc-d-12-025.1.xml
https://journals.ametsoc.org/view/journals/apme/52/4/jamc-d-12-025.1.xml
https://journals.ametsoc.org/view/journals/apme/52/4/jamc-d-12-025.1.xml


Hu, Y., Rodier, S., Xu, K.-m., Sun, W., Huang, J., Lin, B., Zhai, P., and Josset, D.: Occurrence, Liquid Water Content, and Fraction of775

Supercooled Water Clouds from Combined CALIOP/IIR/MODIS Measurements, Journal of Geophysical Research: Atmospheres, 115,

https://doi.org/10.1029/2009JD012384, https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2009JD012384, 2010.

Huang, Y., Siems, S. T., Manton, M. J., Protat, A., and Delanoë, J.: A Study on the Low-Altitude Clouds over the Southern Ocean Us-

ing the DARDAR-MASK, Journal of Geophysical Research: Atmospheres, 117, https://doi.org/10.1029/2012JD017800, https://agupubs.

onlinelibrary.wiley.com/doi/abs/10.1029/2012JD017800, 2012.780

Ickes, L., Porter, G. C. E., Wagner, R., Adams, M. P., Bierbauer, S., Bertram, A. K., Bilde, M., Christiansen, S., Ekman, A. M. L., Gorokhova,

E., Höhler, K., Kiselev, A. A., Leck, C., Möhler, O., Murray, B. J., Schiebel, T., Ullrich, R., and Salter, M. E.: The Ice-Nucleating

Activity of Arctic Sea Surface Microlayer Samples and Marine Algal Cultures, Atmospheric Chemistry and Physics, 20, 11 089–11 117,

https://doi.org/10.5194/acp-20-11089-2020, https://acp.copernicus.org/articles/20/11089/2020/, 2020.

Inness, A., Ades, M., Agustí-Panareda, A., Barré, J., Benedictow, A., Blechschmidt, A.-M., Dominguez, J. J., Engelen, R., Eskes, H., Flem-785

ming, J., Huijnen, V., Jones, L., Kipling, Z., Massart, S., Parrington, M., Peuch, V.-H., Razinger, M., Remy, S., Schulz, M., and Suttie, M.:

The CAMS Reanalysis of Atmospheric Composition, Atmospheric Chemistry and Physics, 19, 3515–3556, https://doi.org/10.5194/acp-

19-3515-2019, https://acp.copernicus.org/articles/19/3515/2019/, 2019.

Jakobsson, M., Grantz, A., Kristoffersen, Y., Macnab, R., MacDonald, R. W., Sakshaug, E., Stein, R., and Jokat, W.: The Arctic

Ocean: Boundary Conditions and Background Information, in: The Organic Carbon Cycle in the Arctic Ocean, edited by Stein, R.790

and MacDonald, R. W., pp. 1–32, Springer, Berlin, Heidelberg, https://doi.org/10.1007/978-3-642-18912-8_1, https://doi.org/10.1007/

978-3-642-18912-8_1, 2004.

JCOMM Expert Team on Sea Ice: WMO Sea-ice Nomenclature, WMO / OMM / BMO - No.259 Suppl.No.5. Linguistic Equivalents.,

https://doi.org/10.25607/OBP-1530, https://repository.oceanbestpractices.org/handle/11329/113, 2009.

Kalesse, H., de Boer, G., Solomon, A., Oue, M., Ahlgrimm, M., Zhang, D., Shupe, M. D., Luke, E., and Protat, A.: Understanding795

Rapid Changes in Phase Partitioning between Cloud Liquid and Ice in Stratiform Mixed-Phase Clouds: An Arctic Case Study, Monthly

Weather Review, 144, 4805–4826, https://doi.org/10.1175/MWR-D-16-0155.1, https://journals.ametsoc.org/view/journals/mwre/144/12/

mwr-d-16-0155.1.xml, 2016.

Kayetha, V. K. and Collins, R. L.: Optically Thin Midlevel Ice Clouds Derived from Cloud Aerosol Li-

dar and Infrared Pathfinder Satellite Observations, Journal of Applied Remote Sensing, 10, 046 007,800

https://doi.org/10.1117/1.JRS.10.046007, https://www.spiedigitallibrary.org/journals/journal-of-applied-remote-sensing/volume-10/

issue-4/046007/Optically-thin-midlevel-ice-clouds-derived-from-Cloud-Aerosol-Lidar/10.1117/1.JRS.10.046007.full, 2016.

Klein, S. A., McCoy, R. B., Morrison, H., Ackerman, A. S., Avramov, A., de Boer, G., Chen, M., Cole, J. N. S., Del Genio, A. D., Falk,

M., Foster, M. J., Fridlind, A., Golaz, J.-C., Hashino, T., Harrington, J. Y., Hoose, C., Khairoutdinov, M. F., Larson, V. E., Liu, X., Luo,

Y., McFarquhar, G. M., Menon, S., Neggers, R. A. J., Park, S., Poellot, M. R., Schmidt, J. M., Sednev, I., Shipway, B. J., Shupe, M. D.,805

Spangenberg, D. A., Sud, Y. C., Turner, D. D., Veron, D. E., von Salzen, K., Walker, G. K., Wang, Z., Wolf, A. B., Xie, S., Xu, K.-M., Yang,

F., and Zhang, G.: Intercomparison of Model Simulations of Mixed-Phase Clouds Observed during the ARM Mixed-Phase Arctic Cloud

Experiment. I: Single-Layer Cloud, Quarterly Journal of the Royal Meteorological Society, 135, 979–1002, https://doi.org/10.1002/qj.416,

https://onlinelibrary.wiley.com/doi/abs/10.1002/qj.416, 2009.

Lapere, R., Thomas, J. L., Marelle, L., Ekman, A. M. L., Frey, M. M., Lund, M. T., Makkonen, R., Ranjithkumar, A., Salter, M. E., Samset,810

B. H., Schulz, M., Sogacheva, L., Yang, X., and Zieger, P.: The Representation of Sea Salt Aerosols and Their Role in Polar Climate

38

https://doi.org/10.1029/2009JD012384
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2009JD012384
https://doi.org/10.1029/2012JD017800
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2012JD017800
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2012JD017800
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2012JD017800
https://doi.org/10.5194/acp-20-11089-2020
https://acp.copernicus.org/articles/20/11089/2020/
https://doi.org/10.5194/acp-19-3515-2019
https://doi.org/10.5194/acp-19-3515-2019
https://doi.org/10.5194/acp-19-3515-2019
https://acp.copernicus.org/articles/19/3515/2019/
https://doi.org/10.1007/978-3-642-18912-8_1
https://doi.org/10.1007/978-3-642-18912-8_1
https://doi.org/10.1007/978-3-642-18912-8_1
https://doi.org/10.1007/978-3-642-18912-8_1
https://doi.org/10.25607/OBP-1530
https://repository.oceanbestpractices.org/handle/11329/113
https://doi.org/10.1175/MWR-D-16-0155.1
https://journals.ametsoc.org/view/journals/mwre/144/12/mwr-d-16-0155.1.xml
https://journals.ametsoc.org/view/journals/mwre/144/12/mwr-d-16-0155.1.xml
https://journals.ametsoc.org/view/journals/mwre/144/12/mwr-d-16-0155.1.xml
https://doi.org/10.1117/1.JRS.10.046007
https://www.spiedigitallibrary.org/journals/journal-of-applied-remote-sensing/volume-10/issue-4/046007/Optically-thin-midlevel-ice-clouds-derived-from-Cloud-Aerosol-Lidar/10.1117/1.JRS.10.046007.full
https://www.spiedigitallibrary.org/journals/journal-of-applied-remote-sensing/volume-10/issue-4/046007/Optically-thin-midlevel-ice-clouds-derived-from-Cloud-Aerosol-Lidar/10.1117/1.JRS.10.046007.full
https://www.spiedigitallibrary.org/journals/journal-of-applied-remote-sensing/volume-10/issue-4/046007/Optically-thin-midlevel-ice-clouds-derived-from-Cloud-Aerosol-Lidar/10.1117/1.JRS.10.046007.full
https://doi.org/10.1002/qj.416
https://onlinelibrary.wiley.com/doi/abs/10.1002/qj.416


Within CMIP6, Journal of Geophysical Research: Atmospheres, 128, e2022JD038 235, https://doi.org/10.1029/2022JD038235, https:

//onlinelibrary.wiley.com/doi/abs/10.1029/2022JD038235, 2023.

L’Ecuyer, T. S., Wood, N. B., Haladay, T., Stephens, G. L., and Stackhouse, P. W.: Impact of Clouds on Atmospheric Heat-

ing Based on the R04 CloudSat Fluxes and Heating Rates Data Set, Journal of Geophysical Research: Atmospheres, 113,815

https://doi.org/10.1029/2008JD009951, 2008.

Lenaerts, J. T. M., Van Tricht, K., Lhermitte, S., and L’Ecuyer, T. S.: Polar Clouds and Radiation in Satellite Observations, Reanalyses, and

Climate Models, Geophysical Research Letters, 44, 3355–3364, https://doi.org/10.1002/2016GL072242, https://onlinelibrary.wiley.com/

doi/abs/10.1002/2016GL072242, 2017.

Listowski, C., Delanoë, J., Kirchgaessner, A., Lachlan-Cope, T., and King, J.: Antarctic Clouds, Supercooled Liquid Water and Mixed-820

Phase Investigated with DARDAR: Geographical and Seasonal Variations, Atmospheric Chemistry and Physics, 19, 6771–6808,

https://doi.org/10.5194/acp-19-6771-2019, https://www.atmos-chem-phys.net/19/6771/2019/, 2019.

Liu, Y.: Impacts of Active Satellite Sensors’ Low-Level Cloud Detection Limitations on Cloud Radiative Forcing in the Arctic, Atmospheric

Chemistry and Physics, 22, 8151–8173, https://doi.org/10.5194/acp-22-8151-2022, https://acp.copernicus.org/articles/22/8151/2022/,

2022.825

Mace, G. G. and Zhang, Q.: The CloudSat Radar-Lidar Geometrical Profile Product (RL-GeoProf): Updates, Improvements, and Selected

Results, Journal of Geophysical Research: Atmospheres, 119, 9441–9462, https://doi.org/10.1002/2013JD021374, https://onlinelibrary.

wiley.com/doi/abs/10.1002/2013JD021374, 2014.

Marchand, R., Mace, G. G., Ackerman, T., and Stephens, G.: Hydrometeor Detection Using Cloudsat—An Earth-Orbiting 94-GHz Cloud

Radar, Journal of Atmospheric and Oceanic Technology, 25, 519–533, https://doi.org/10.1175/2007JTECHA1006.1, https://journals.830

ametsoc.org/view/journals/atot/25/4/2007jtecha1006_1.xml, 2008.

Mason, S., Jakob, C., Protat, A., and Delanoë, J.: Characterizing Observed Midtopped Cloud Regimes Associated with Southern Ocean

Shortwave Radiation Biases, Journal of Climate, 27, 6189–6203, https://doi.org/10.1175/JCLI-D-14-00139.1, https://journals.ametsoc.

org/view/journals/clim/27/16/jcli-d-14-00139.1.xml, 2014.

Matus, A. V. and L’Ecuyer, T. S.: The Role of Cloud Phase in Earth’s Radiation Budget, Journal of Geophysical Research: Atmospheres,835

122, 2559–2578, https://doi.org/10.1002/2016JD025951, https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2016JD025951, 2017.

Mayer, J., Ewald, F., Bugliaro, L., and Voigt, C.: Cloud Top Thermodynamic Phase from Synergistic Lidar-Radar Cloud Prod-

ucts from Polar Orbiting Satellites: Implications for Observations from Geostationary Satellites, Remote Sensing, 15, 1742,

https://doi.org/10.3390/rs15071742, https://www.mdpi.com/2072-4292/15/7/1742, 2023.

McCluskey, C. S., Hill, T. C. J., Humphries, R. S., Rauker, A. M., Moreau, S., Strutton, P. G., Chambers, S. D., Williams, A. G., McRobert,840

I., Ward, J., Keywood, M. D., Harnwell, J., Ponsonby, W., Loh, Z. M., Krummel, P. B., Protat, A., Kreidenweis, S. M., and De-

Mott, P. J.: Observations of Ice Nucleating Particles Over Southern Ocean Waters, Geophysical Research Letters, 45, 11,989–11,997,

https://doi.org/10.1029/2018GL079981, https://onlinelibrary.wiley.com/doi/abs/10.1029/2018GL079981, 2018.

McCoy, D. T., Tan, I., Hartmann, D. L., Zelinka, M. D., and Storelvmo, T.: On the Relationships among Cloud Cover, Mixed-Phase Partition-

ing, and Planetary Albedo in GCMs, Journal of Advances in Modeling Earth Systems, 8, 650–668, https://doi.org/10.1002/2015ms000589,845

2016.

McCusker, G. Y., Vüllers, J., Achtert, P., Field, P., Day, J. J., Forbes, R., Price, R., O’Connor, E., Tjernström, M., Prytherch, J., Neely III, R.,

and Brooks, I. M.: Evaluating Arctic Clouds Modelled with the Unified Model and Integrated Forecasting System, Atmospheric Chemistry

and Physics, 23, 4819–4847, https://doi.org/10.5194/acp-23-4819-2023, https://acp.copernicus.org/articles/23/4819/2023/, 2023.

39

https://doi.org/10.1029/2022JD038235
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD038235
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD038235
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD038235
https://doi.org/10.1029/2008JD009951
https://doi.org/10.1002/2016GL072242
https://onlinelibrary.wiley.com/doi/abs/10.1002/2016GL072242
https://onlinelibrary.wiley.com/doi/abs/10.1002/2016GL072242
https://onlinelibrary.wiley.com/doi/abs/10.1002/2016GL072242
https://doi.org/10.5194/acp-19-6771-2019
https://www.atmos-chem-phys.net/19/6771/2019/
https://doi.org/10.5194/acp-22-8151-2022
https://acp.copernicus.org/articles/22/8151/2022/
https://doi.org/10.1002/2013JD021374
https://onlinelibrary.wiley.com/doi/abs/10.1002/2013JD021374
https://onlinelibrary.wiley.com/doi/abs/10.1002/2013JD021374
https://onlinelibrary.wiley.com/doi/abs/10.1002/2013JD021374
https://doi.org/10.1175/2007JTECHA1006.1
https://journals.ametsoc.org/view/journals/atot/25/4/2007jtecha1006_1.xml
https://journals.ametsoc.org/view/journals/atot/25/4/2007jtecha1006_1.xml
https://journals.ametsoc.org/view/journals/atot/25/4/2007jtecha1006_1.xml
https://doi.org/10.1175/JCLI-D-14-00139.1
https://journals.ametsoc.org/view/journals/clim/27/16/jcli-d-14-00139.1.xml
https://journals.ametsoc.org/view/journals/clim/27/16/jcli-d-14-00139.1.xml
https://journals.ametsoc.org/view/journals/clim/27/16/jcli-d-14-00139.1.xml
https://doi.org/10.1002/2016JD025951
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2016JD025951
https://doi.org/10.3390/rs15071742
https://www.mdpi.com/2072-4292/15/7/1742
https://doi.org/10.1029/2018GL079981
https://onlinelibrary.wiley.com/doi/abs/10.1029/2018GL079981
https://doi.org/10.1002/2015ms000589
https://doi.org/10.5194/acp-23-4819-2023
https://acp.copernicus.org/articles/23/4819/2023/


McFarquhar, G. M., Bretherton, C. S., Marchand, R., Protat, A., DeMott, P. J., Alexander, S. P., Roberts, G. C., Twohy, C. H., Toohey, D.,850

Siems, S., Huang, Y., Wood, R., Rauber, R. M., Lasher-Trapp, S., Jensen, J., Stith, J. L., Mace, J., Um, J., Järvinen, E., Schnaiter, M.,

Gettelman, A., Sanchez, K. J., McCluskey, C. S., Russell, L. M., McCoy, I. L., Atlas, R. L., Bardeen, C. G., Moore, K. A., Hill, T. C. J.,

Humphries, R. S., Keywood, M. D., Ristovski, Z., Cravigan, L., Schofield, R., Fairall, C., Mallet, M. D., Kreidenweis, S. M., Rainwater, B.,

D’Alessandro, J., Wang, Y., Wu, W., Saliba, G., Levin, E. J. T., Ding, S., Lang, F., Truong, S. C. H., Wolff, C., Haggerty, J., Harvey, M. J.,

Klekociuk, A. R., and McDonald, A.: Observations of Clouds, Aerosols, Precipitation, and Surface Radiation over the Southern Ocean: An855

Overview of CAPRICORN, MARCUS, MICRE, and SOCRATES, Bulletin of the American Meteorological Society, 102, E894–E928,

https://doi.org/10.1175/BAMS-D-20-0132.1, https://journals.ametsoc.org/view/journals/bams/102/4/BAMS-D-20-0132.1.xml, 2021.

Mignani, C., Creamean, J. M., Zimmermann, L., Alewell, C., and Conen, F.: New Type of Evidence for Secondary Ice Formation at around -

15&thinsp;◦C in Mixed-Phase Clouds, Atmospheric Chemistry and Physics, 19, 877–886, https://doi.org/10.5194/acp-19-877-2019, https:

//acp.copernicus.org/articles/19/877/2019/, 2019.860

Nagao, T. M. and Suzuki, K.: Characterizing Vertical Stratification of the Cloud Thermodynamic Phase With a Combined Use

of CALIPSO Lidar and MODIS SWIR Measurements, Journal of Geophysical Research: Atmospheres, 127, e2022JD036 826,

https://doi.org/10.1029/2022JD036826, https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD036826, 2022.

Oreopoulos, L., Cho, N., and Lee, D.: New Insights about Cloud Vertical Structure from CloudSat and CALIPSO Observations, Journal of

Geophysical Research: Atmospheres, 122, 9280–9300, https://doi.org/10.1002/2017JD026629, https://agupubs.onlinelibrary.wiley.com/865

doi/abs/10.1002/2017JD026629, 2017.

Papakonstantinou-Presvelou, I., Sourdeval, O., and Quaas, J.: Strong Ocean/Sea-Ice Contrasts Observed in Satellite-Derived Ice

Crystal Number Concentrations in Arctic Ice Boundary-Layer Clouds, Geophysical Research Letters, 49, e2022GL098 207,

https://doi.org/10.1029/2022GL098207, https://onlinelibrary.wiley.com/doi/abs/10.1029/2022GL098207, 2022.

Porter, G. C. E., Adams, M. P., Brooks, I. M., Ickes, L., Karlsson, L., Leck, C., Salter, M. E., Schmale, J., Siegel, K., Sikora, S. N. F.,870

Tarn, M. D., Vüllers, J., Wernli, H., Zieger, P., Zinke, J., and Murray, B. J.: Highly Active Ice-Nucleating Particles at the Summer North

Pole, Journal of Geophysical Research: Atmospheres, 127, e2021JD036 059, https://doi.org/10.1029/2021JD036059, https://onlinelibrary.

wiley.com/doi/abs/10.1029/2021JD036059, 2022.

Riley, E. M. and Mapes, B. E.: Unexpected Peak near -15◦C in CloudSat Echo Top Climatology, Geophysical Research Letters, 36,

https://doi.org/10.1029/2009GL037558, https://onlinelibrary.wiley.com/doi/abs/10.1029/2009GL037558, 2009.875

Rossow, W. B. and Schiffer, R. A.: Advances in Understanding Clouds from ISCCP, Bulletin of the American Meteorological Society,

80, 2261–2288, https://doi.org/10.1175/1520-0477(1999)080<2261:AIUCFI>2.0.CO;2, https://journals.ametsoc.org/bams/article/80/11/

2261/56953/Advances-in-Understanding-Clouds-from-ISCCP, 1999.

Sassen, K. and Wang, Z.: Classifying Clouds around the Globe with the CloudSat Radar: 1-Year of Results, Geophysical Research Letters,

35, https://doi.org/10.1029/2007GL032591, https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2007GL032591, 2008.880

Sassen, K. and Wang, Z.: The Clouds of the Middle Troposphere: Composition, Radiative Impact, and Global Distribution, Surveys in

Geophysics, 33, 677–691, https://doi.org/10.1007/s10712-011-9163-x, https://doi.org/10.1007/s10712-011-9163-x, 2012.

Schima, J., McFarquhar, G., Romatschke, U., Vivekanandan, J., D’Alessandro, J., Haggerty, J., Wolff, C., Schaefer, E., Järvinen, E., and

Schnaiter, M.: Characterization of Southern Ocean Boundary Layer Clouds Using Airborne Radar, Lidar, and In Situ Cloud Data: Results

From SOCRATES, Journal of Geophysical Research: Atmospheres, 127, e2022JD037 277, https://doi.org/10.1029/2022JD037277, https:885

//onlinelibrary.wiley.com/doi/abs/10.1029/2022JD037277, 2022.

40

https://doi.org/10.1175/BAMS-D-20-0132.1
https://journals.ametsoc.org/view/journals/bams/102/4/BAMS-D-20-0132.1.xml
https://doi.org/10.5194/acp-19-877-2019
https://acp.copernicus.org/articles/19/877/2019/
https://acp.copernicus.org/articles/19/877/2019/
https://acp.copernicus.org/articles/19/877/2019/
https://doi.org/10.1029/2022JD036826
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD036826
https://doi.org/10.1002/2017JD026629
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2017JD026629
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2017JD026629
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2017JD026629
https://doi.org/10.1029/2022GL098207
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022GL098207
https://doi.org/10.1029/2021JD036059
https://onlinelibrary.wiley.com/doi/abs/10.1029/2021JD036059
https://onlinelibrary.wiley.com/doi/abs/10.1029/2021JD036059
https://onlinelibrary.wiley.com/doi/abs/10.1029/2021JD036059
https://doi.org/10.1029/2009GL037558
https://onlinelibrary.wiley.com/doi/abs/10.1029/2009GL037558
https://doi.org/10.1175/1520-0477(1999)080%3C2261:AIUCFI%3E2.0.CO;2
https://journals.ametsoc.org/bams/article/80/11/2261/56953/Advances-in-Understanding-Clouds-from-ISCCP
https://journals.ametsoc.org/bams/article/80/11/2261/56953/Advances-in-Understanding-Clouds-from-ISCCP
https://journals.ametsoc.org/bams/article/80/11/2261/56953/Advances-in-Understanding-Clouds-from-ISCCP
https://doi.org/10.1029/2007GL032591
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2007GL032591
https://doi.org/10.1007/s10712-011-9163-x
https://doi.org/10.1007/s10712-011-9163-x
https://doi.org/10.1029/2022JD037277
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD037277
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD037277
https://onlinelibrary.wiley.com/doi/abs/10.1029/2022JD037277


Schuddeboom, A. J. and McDonald, A. J.: The Southern Ocean Radiative Bias, Cloud Compensating Errors, and Equilibrium Climate Sensi-

tivity in CMIP6 Models, Journal of Geophysical Research: Atmospheres, 126, e2021JD035 310, https://doi.org/10.1029/2021JD035310,

https://onlinelibrary.wiley.com/doi/abs/10.1029/2021JD035310, 2021.

Shupe, M. D., Rex, M., Blomquist, B., Persson, P. O. G., Schmale, J., Uttal, T., Althausen, D., Angot, H., Archer, S., Bariteau, L., Beck, I.,890

Bilberry, J., Bucci, S., Buck, C., Boyer, M., Brasseur, Z., Brooks, I. M., Calmer, R., Cassano, J., Castro, V., Chu, D., Costa, D., Cox, C. J.,

Creamean, J., Crewell, S., Dahlke, S., Damm, E., de Boer, G., Deckelmann, H., Dethloff, K., Dütsch, M., Ebell, K., Ehrlich, A., Ellis,

J., Engelmann, R., Fong, A. A., Frey, M. M., Gallagher, M. R., Ganzeveld, L., Gradinger, R., Graeser, J., Greenamyer, V., Griesche, H.,

Griffiths, S., Hamilton, J., Heinemann, G., Helmig, D., Herber, A., Heuzé, C., Hofer, J., Houchens, T., Howard, D., Inoue, J., Jacobi, H.-

W., Jaiser, R., Jokinen, T., Jourdan, O., Jozef, G., King, W., Kirchgaessner, A., Klingebiel, M., Krassovski, M., Krumpen, T., Lampert, A.,895

Landing, W., Laurila, T., Lawrence, D., Lonardi, M., Loose, B., Lüpkes, C., Maahn, M., Macke, A., Maslowski, W., Marsay, C., Maturilli,

M., Mech, M., Morris, S., Moser, M., Nicolaus, M., Ortega, P., Osborn, J., Pätzold, F., Perovich, D. K., Petäjä, T., Pilz, C., Pirazzini, R.,

Posman, K., Powers, H., Pratt, K. A., Preußer, A., Quéléver, L., Radenz, M., Rabe, B., Rinke, A., Sachs, T., Schulz, A., Siebert, H., Silva, T.,

Solomon, A., Sommerfeld, A., Spreen, G., Stephens, M., Stohl, A., Svensson, G., Uin, J., Viegas, J., Voigt, C., von der Gathen, P., Wehner,

B., Welker, J. M., Wendisch, M., Werner, M., Xie, Z., and Yue, F.: Overview of the MOSAiC Expedition: Atmosphere, Elementa: Science900

of the Anthropocene, 10, 00 060, https://doi.org/10.1525/elementa.2021.00060, https://doi.org/10.1525/elementa.2021.00060, 2022.

Silber, I., McGlynn, P. S., Harrington, J. Y., and Verlinde, J.: Habit-Dependent Vapor Growth Modulates Arctic Supercooled Water Occur-

rence, Geophysical Research Letters, 48, e2021GL092 767, https://doi.org/10.1029/2021GL092767, https://onlinelibrary.wiley.com/doi/

abs/10.1029/2021GL092767, 2021.

Smith, A. J., Larson, V. E., Niu, J., Kankiewicz, J. A., and Carey, L. D.: Processes That Generate and Deplete Liquid Water and Snow in905

Thin Midlevel Mixed-Phase Clouds, Journal of Geophysical Research: Atmospheres, 114, https://doi.org/10.1029/2008JD011531, https:

//agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2008JD011531, 2009.

Solomon, A., Shupe, M. D., Svensson, G., Barton, N. P., Batrak, Y., Bazile, E., Day, J. J., Doyle, J. D., Frank, H. P., Keeley, S., Remes, T., and

Tolstykh, M.: The Winter Central Arctic Surface Energy Budget: A Model Evaluation Using Observations from the MOSAiC Campaign,

Elementa: Science of the Anthropocene, 11, 00 104, https://doi.org/10.1525/elementa.2022.00104, https://doi.org/10.1525/elementa.2022.910

00104, 2023.

Sourdeval, O., Gryspeerdt, E., Krämer, M., Goren, T., Delanoë, J., Afchine, A., Hemmer, F., and Quaas, J.: Ice Crystal Number Concentration

Estimates from Lidar–Radar Satellite Remote Sensing – Part 1: Method and Evaluation, Atmospheric Chemistry and Physics, 18, 14 327–

14 350, https://doi.org/10.5194/acp-18-14327-2018, https://acp.copernicus.org/articles/18/14327/2018/, 2018.

Stephens, G. L., Vane, D. G., Boain, R. J., Mace, G. G., Sassen, K., Wang, Z., Illingworth, A. J., O’connor, E. J., Rossow, W. B., Durden,915

S. L., Miller, S. D., Austin, R. T., Benedetti, A., and Mitrescu, C.: The Cloudsat Mission and the A-Train, Bulletin of the American

Meteorological Society, 83, 1771–1790, https://doi.org/10.1175/BAMS-83-12-1771, 2002.

Sullivan, S. C., Hoose, C., Kiselev, A., Leisner, T., and Nenes, A.: Initiation of Secondary Ice Production in Clouds, Atmospheric Chemistry

and Physics, 18, 1593–1610, https://doi.org/10.5194/acp-18-1593-2018, https://acp.copernicus.org/articles/18/1593/2018/, 2018.

Taylor, K. E., Stouffer, R. J., and Meehl, G. A.: An Overview of CMIP5 and the Experiment Design, Bulletin of the American Me-920

teorological Society, 93, 485–498, https://doi.org/10.1175/BAMS-D-11-00094.1, https://journals.ametsoc.org/view/journals/bams/93/4/

bams-d-11-00094.1.xml, 2012.

Taylor, P. C., Boeke, R. C., Li, Y., and Thompson, D. W. J.: Arctic Cloud Annual Cycle Biases in Climate Models, Atmospheric Chemistry

and Physics, 19, 8759–8782, https://doi.org/10.5194/acp-19-8759-2019, https://acp.copernicus.org/articles/19/8759/2019/, 2019.

41

https://doi.org/10.1029/2021JD035310
https://onlinelibrary.wiley.com/doi/abs/10.1029/2021JD035310
https://doi.org/10.1525/elementa.2021.00060
https://doi.org/10.1525/elementa.2021.00060
https://doi.org/10.1029/2021GL092767
https://onlinelibrary.wiley.com/doi/abs/10.1029/2021GL092767
https://onlinelibrary.wiley.com/doi/abs/10.1029/2021GL092767
https://onlinelibrary.wiley.com/doi/abs/10.1029/2021GL092767
https://doi.org/10.1029/2008JD011531
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2008JD011531
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2008JD011531
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2008JD011531
https://doi.org/10.1525/elementa.2022.00104
https://doi.org/10.1525/elementa.2022.00104
https://doi.org/10.1525/elementa.2022.00104
https://doi.org/10.1525/elementa.2022.00104
https://doi.org/10.5194/acp-18-14327-2018
https://acp.copernicus.org/articles/18/14327/2018/
https://doi.org/10.1175/BAMS-83-12-1771
https://doi.org/10.5194/acp-18-1593-2018
https://acp.copernicus.org/articles/18/1593/2018/
https://doi.org/10.1175/BAMS-D-11-00094.1
https://journals.ametsoc.org/view/journals/bams/93/4/bams-d-11-00094.1.xml
https://journals.ametsoc.org/view/journals/bams/93/4/bams-d-11-00094.1.xml
https://journals.ametsoc.org/view/journals/bams/93/4/bams-d-11-00094.1.xml
https://doi.org/10.5194/acp-19-8759-2019
https://acp.copernicus.org/articles/19/8759/2019/


Tjernström, M., Svensson, G., Magnusson, L., Brooks, I. M., Prytherch, J., Vüllers, J., and Young, G.: Central Arctic Weather Forecasting:925

Confronting the ECMWF IFS with Observations from the Arctic Ocean 2018 Expedition, Quarterly Journal of the Royal Meteorological

Society, 147, 1278–1299, https://doi.org/10.1002/qj.3971, https://onlinelibrary.wiley.com/doi/abs/10.1002/qj.3971, 2021.

von Terzi, L., Dias Neto, J., Ori, D., Myagkov, A., and Kneifel, S.: Ice Microphysical Processes in the Dendritic Growth Layer: A Statistical

Analysis Combining Multi-Frequency and Polarimetric Doppler Cloud Radar Observations, Atmospheric Chemistry and Physics, 22,

11 795–11 821, https://doi.org/10.5194/acp-22-11795-2022, https://acp.copernicus.org/articles/22/11795/2022/, 2022.930

Vonder Haar, T. H., Cox, S. K., Stephens, G. L., Davis, J. M., Schneider, T. L., Peterson, W. A., Huffman, A. C., Eis, K. E., Reinke, D. L., and

Forsythe, J. M.: Overview and Objectives of the DOD Center for Geosciences Sponsored “Complex Layered-Cloud Experiment’,’Paper

Presented at Cloud Impacts on DOD Operations and Systems Conference, Philips Lab, Newport, 1997.

Wang, Z. and Sassen, K.: Cloud Type and Macrophysical Property Retrieval Using Multiple Remote Sensors, Journal of Applied Meteorology

and Climatology, 40, 1665–1682, https://doi.org/10.1175/1520-0450(2001)040<1665:CTAMPR>2.0.CO;2, https://journals.ametsoc.org/935

view/journals/apme/40/10/1520-0450_2001_040_1665_ctampr_2.0.co_2.xml, 2001.

Wei, J., Wang, Z., Gu, M., Luo, J.-J., and Wang, Y.: An Evaluation of the Arctic Clouds and Surface Radiative Fluxes in CMIP6 Models,

Acta Oceanologica Sinica, 40, 85–102, https://doi.org/10.1007/s13131-021-1705-6, https://doi.org/10.1007/s13131-021-1705-6, 2021.

Wilson, T. W., Ladino, L. A., Alpert, P. A., Breckels, M. N., Brooks, I. M., Browse, J., Burrows, S. M., Carslaw, K. S., Huffman, J. A., Judd,

C., Kilthau, W. P., Mason, R. H., McFiggans, G., Miller, L. A., Nájera, J. J., Polishchuk, E., Rae, S., Schiller, C. L., Si, M., Temprado,940

J. V., Whale, T. F., Wong, J. P. S., Wurl, O., Yakobi-Hancock, J. D., Abbatt, J. P. D., Aller, J. Y., Bertram, A. K., Knopf, D. A., and Murray,

B. J.: A Marine Biogenic Source of Atmospheric Ice-Nucleating Particles, Nature, 525, 234–238, https://doi.org/10.1038/nature14986,

http://www.nature.com/articles/nature14986, 2015.

Winker, D. M., Vaughan, M. A., Omar, A., Hu, Y., Powell, K. A., Liu, Z., Hunt, W. H., and Young, S. A.: Overview of the

CALIPSO Mission and CALIOP Data Processing Algorithms, Journal of Atmospheric and Oceanic Technology, 26, 2310–2323,945

https://doi.org/10.1175/2009JTECHA1281.1, https://journals.ametsoc.org/view/journals/atot/26/11/2009jtecha1281_1.xml, 2009.

World Meteorological Organization: Definitions of Clouds, https://cloudatlas.wmo.int/clouds-definitions.html, 2017.

Zelinka, M. D., Myers, T. A., McCoy, D. T., Po-Chedley, S., Caldwell, P. M., Ceppi, P., Klein, S. A., and Taylor, K. E.: Causes of Higher

Climate Sensitivity in CMIP6 Models, Geophysical Research Letters, 47, e2019GL085 782, https://doi.org/10.1029/2019GL085782,

https://onlinelibrary.wiley.com/doi/abs/10.1029/2019GL085782, 2020.950

Zhang, D., Wang, Z., and Liu, D.: A Global View of Midlevel Liquid-Layer Topped Stratiform Cloud Distribution and Phase Partition from

CALIPSO and CloudSat Measurements, Journal of Geophysical Research: Atmospheres, 115, https://doi.org/10.1029/2009JD012143,

https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2009JD012143, 2010.

Zhang, D., Luo, T., Liu, D., and Wang, Z.: Spatial Scales of Altocumulus Clouds Observed with Collocated CALIPSO and CloudSat Measure-

ments, Atmospheric Research, 149, 58–69, https://doi.org/10.1016/j.atmosres.2014.05.023, http://www.sciencedirect.com/science/article/955

pii/S0169809514002324, 2014.

Zhang, D., Wang, Z., Luo, T., Yin, Y., and Flynn, C.: The Occurrence of Ice Production in Slightly Supercooled Arctic Stratiform Clouds

as Observed by Ground-Based Remote Sensors at the ARM NSA Site, Journal of Geophysical Research: Atmospheres, 122, 2867–2877,

https://doi.org/10.1002/2016JD026226, https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2016JD026226, 2017.

Zhang, D., Vogelmann, A., Kollias, P., Luke, E., Yang, F., Lubin, D., and Wang, Z.: Comparison of Antarctic and Arctic Single-Layer960

Stratiform Mixed-Phase Cloud Properties Using Ground-Based Remote Sensing Measurements, Journal of Geophysical Research: At-

42

https://doi.org/10.1002/qj.3971
https://onlinelibrary.wiley.com/doi/abs/10.1002/qj.3971
https://doi.org/10.5194/acp-22-11795-2022
https://acp.copernicus.org/articles/22/11795/2022/
https://doi.org/10.1175/1520-0450(2001)040%3C1665:CTAMPR%3E2.0.CO;2
https://journals.ametsoc.org/view/journals/apme/40/10/1520-0450_2001_040_1665_ctampr_2.0.co_2.xml
https://journals.ametsoc.org/view/journals/apme/40/10/1520-0450_2001_040_1665_ctampr_2.0.co_2.xml
https://journals.ametsoc.org/view/journals/apme/40/10/1520-0450_2001_040_1665_ctampr_2.0.co_2.xml
https://doi.org/10.1007/s13131-021-1705-6
https://doi.org/10.1007/s13131-021-1705-6
https://doi.org/10.1038/nature14986
http://www.nature.com/articles/nature14986
https://doi.org/10.1175/2009JTECHA1281.1
https://journals.ametsoc.org/view/journals/atot/26/11/2009jtecha1281_1.xml
https://cloudatlas.wmo.int/clouds-definitions.html
https://doi.org/10.1029/2019GL085782
https://onlinelibrary.wiley.com/doi/abs/10.1029/2019GL085782
https://doi.org/10.1029/2009JD012143
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1029/2009JD012143
https://doi.org/10.1016/j.atmosres.2014.05.023
http://www.sciencedirect.com/science/article/pii/S0169809514002324
http://www.sciencedirect.com/science/article/pii/S0169809514002324
http://www.sciencedirect.com/science/article/pii/S0169809514002324
https://doi.org/10.1002/2016JD026226
https://agupubs.onlinelibrary.wiley.com/doi/abs/10.1002/2016JD026226


mospheres, 124, 10 186–10 204, https://doi.org/10.1029/2019JD030673, https://onlinelibrary.wiley.com/doi/abs/10.1029/2019JD030673,

2019.

43

https://doi.org/10.1029/2019JD030673
https://onlinelibrary.wiley.com/doi/abs/10.1029/2019JD030673

